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Abstract

Surface-enhanced Raman scattering (SERS) has been extensively researched in
the past few years, with further research being done into the development of no-
ble metal substrates that have been shown to drastically increase the enhancement
provided by SERS. Noblemetals are exceptionally good at enhancing Raman signals
stemming from their innate optical properties. The innate enhancement factor of
these noble metals has been essential for SERS research, as without them, the ap-
pearance of SERS peaks will be indistinguishable from the background noise. Re-
search has shown that theRaman enhancement provided by noblemetals substrates
can be improved upon by using controlled, uniform nanostructures with sharp cor-
ners andedges insteadof standard substrates or heterogeneousmixtures of random
nanoparticles. Both silver and gold have been shown to adopt several unique nanos-
tructure shapes ranging from nanocubes to complex nanoflowers. This thesis dis-
cusses the synthesis and characterization of three novel silver nanostructures along
with the results of using the nanostructures in a variety of Raman spectroscopy ex-
periments. Thenanostructuresproducedwerenanocubes, nanoplates andnanowires
with all three being used as substrates in several solution basedRaman spectroscopy
experiments, which included conventional SERS, single molecule SERS, microflu-
idic SERS and Raman tweezers. The primary hypothesis of the project is that differ-
ent regions of the substrate will provide different degrees of enhancements due to
a difference in localized surface plasmon resonance (LSPR) intensity. In the case of
thenanostructuresused in thisproject, there shouldbeadifference inLSPRbetween
the face, edges and corners of the three structures, as each regionwill contain differ-
ent degrees of LSPR interaction. To test this hypothesis the data collected from the
SERS experiments was processed using several statistical analysis techniques, in-
cluding Euclidean distance mapping, principal component analysis (PCA) and self-
organizing mapping, to test the validity of the hypothesis. For this hypothesis to be
correct the data should fit into a discrete number of groups that represent the dif-
ferent regions of the substrate. The experimental data did not appear to support the
original hypothesis, indicating that amore nuanced explanationmay be required to
describe the generation of SERS signal from controlled substrates.
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Prologue

Hypothesis

Themain hypothesis of this project was concerned with determining if a SERS signal for

a dye molecule could be altered by the substrate providing the enhancement. As part of

testing this hypothesis a theory was formulated as to whether the region at which the

dye molecule adhered to on the substrate impacted the SERS signal produced. A uni-

form crystalline substrate will contain different regions which have greater LSPR inter-

actions thatmay influence the SERS signal of a dyemolecule depending onwhich region

it adhered to. This theory proposes that SERS spectra may be distinguishable from each

other based on the location of the dyemolecule on the substrate, based on this difference

in LSPR.The three nanostructures were chosen for their differences in crystal structure,

with each offering a different ratio of the three primary regions of interest, regarding

LSPR interactions. These regions of interest include crystal faces, edges, and corners,

with each of which having different amounts of LSPR intersections, faces having a single

LSPR, edges containing two, and corners containing three. As the project is focused on

specific nanostructure shapes, there were requirements around the nanostructures pro-

duced. The nanostructures need to be a constant size and shape to ensure that the SERS

data being collected can be equated to the properties of the nanostructure. The theory

posits that a dye molecule adhered to each of these regions will produce a SERS signal

that is different enough to become distinguishable from other signals. The difference in

signalmay be caused the expressionweaker vibrationalmodes of the dyemoleculeswhen

they are adhered to high energy regions on the substrate. This assumption should result

in the appearance of a discrete number of clusters in the spectra based on the number of

different regions available on the substrate, for SERS spectra collected within the single

molecule region, where only one dye molecule is present on a substrate. This hypothesis

1
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was supported bywork done by Jensen that investigated the shift in the LSPRwavelength

of Ag nanoparticles upon R6G binding.[1] This shift in LSPR was found to be dependent

on the relative spectral position between the AgNS LSPR and themolecular resonance of

R6G. It was found that the LSPRwavelength of Ag nanostructures had an extreme sensi-

tivity to small environmental changes in the bindingposition ofR6Gmolecules. This level

of sensitivity illustrates the possibility of detecting molecular level information, such as

structural changes in the adsorbents and the location at which they adsorb.[2]

An alternative hypothesis was a theory that proposed that the different regions of LSPR

intensity do play a role in enhancing different/weaker vibrational modes, but instead of

the formation of a discrete number of groupings, that instead a continuum of different

spectrawill be present. This continuumwould contain an array of spectra, each very sim-

ilar but with a constant change in which modes are enhanced, with one end of the ar-

ray containing spectra with only the most easily expressible modes being present, while

the other end contains spectra will all available modes expressed. Unlike the clustering

theory, the continuum theory should result in the spectra forming a long string of data

points when visualised, given the progressively small differences between neighbouring

spectra. The thinking behind this theory is like the clustering theory, where the differ-

ent regions of the substrate will provide different amounts of enhancement based on the

number of LSPR interactions at these regions. The difference between the theories stems

from the idea that there will be variance in the amount of enhancement provided at the

different regions, not a static amount which was assumed for the clustering theory. The

cause of this variance could be due to fluctuations in the LSPR present at the different

regions.

Research Aims

Thegoal of this research is to investigatewhetherdifferent nanostructures providediffer-

ent SERS signal based on the location at which the dyemolecule is adhered to. To achieve

this, several more specific aims were established to compartmentalise the project. These

include:

• The synthesis of a variety of Ag nanostructures that contain distinctly different
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crystal structures.

• Using said nanostructures as Raman substrates to collect both SERS and SMSERS

spectra.

• The development of plasmonic optical Raman tweezers to enable the collection of

SERS signal from a single molecule adhered to a single substrate crystal.



CHAPTER 1
Introduction

1.1 Raman Spectroscopy

Raman spectroscopy is a powerful, non-destructive chemical analysis technique that can

probe the vibrational fingerprints ofmolecules. This allows for the analysis of simple and

complex composite systems to determine chemical, physical, and biological aspects and

has been used for chemical detection and environmentalmonitoring.[3, 4]Theweakness

of Raman spectroscopy is that it suffers from low sensitivity, due to only a small por-

tion of light used in the collection of data undergoing any Raman scattering, resulting in

a very weak signal. When a scattering sample is irradiated with monochromatic light,

most of the light is transmitted with no change to its wavelength or energy, but some

scattering occurs as the light interacts with the sample. When analysing the wavenum-

ber component of the scattered portion of light therewill be components associatedwith

the incident light and components that have been shifted based on the rotational, vibra-

tional, and electronic levels of the sample being irradiated. Raman scattering can be ex-

plained in terms of an energy transfer system, between the sample and the incident light

source. When a scattering source is irradiatedwith incident light of a specificwavenum-

ber, there is a transition from a ground energy state to a virtual state. For this transition

to occur the incident radiation must have sufficient energy and be at a specific wave-

length. The energy requirement is regarded as the absorption of a photon from the in-

cident radiation with the simultaneous emission of a photon from the scattering system

at a smaller energy, resulting in the emitted photon having a lowerwavenumber than the

incident photon. The alternative to this can also occur, where the emitted photon is at a

4
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higher wavenumber than the incident photon. This situation occurs when the incident

radiation interacts with a scattering system that causes a net downward transition from

a higher energy level to a lower level. These scattering events occur roughly once every

million photons interacting with the scattering system, with most photons undergoing

Rayleigh scattering. Rayleigh scattering occurs when an incident photon is absorbed by

the scattering systemwhile simultaneously emitting a photon of equal energy, resulting

in no change in wavenumber between the incident and emitted photons. A Raman band

is characterized by the difference between the incident radiation and the emitted radia-

tion, and these shifts being knownasRaman shift. It is important to distinguish between

the lower energy emittedphotons (StokesRamanScattering) and thehigher emittedpho-

tons (anti-Stokes Raman Scattering) as the intensity of anti-Stokes compared to Stokes

Raman scattering decreases with the increase in Raman shift (Figure 1). This is because

the anti-Stokes Raman scattering must start from a vibrationally excited-state, with the

excitation being provided by thermal energy which causes the resulting Boltzmann dis-

tribution to have control over the relative intensities of both Stokes and anti-Stokes lines.

Raman scattering occurs for every vibrationalmode that generate a significant change in

the molecular polarizability. The scattering intensity can then be plotted against the Ra-

man shift to produce a Raman spectrum.

Figure 1:Diagram of the Stokes (left) and Anti-Stokes Raman (right) scattering
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1.1.1 Surface-enhanced Raman Spectroscopy

To overcome the inherit weakness of a normal Raman scattering signal, techniques were

developed to improve the intensity of Raman scattered light. Themost common of these

techniques is Surface-enhancedRamanSpectroscopy (SERS), which introduces a rough-

ened or nanostructuredmetallic surface, causing the formation of localized surface plas-

mon resonance fields when excited from a radiation source. These localized surface plas-

mons are enhanced electrical fields that are capable of enhancing the Raman signal of

molecules adhered to the surface close to where a surface plasmon is formed. This en-

hancement boosts the Raman signal to such an extent that detection ofmolecules at con-

siderably lower concentrations becomes possible, thus overcoming one of the limitations

of conventional Raman spectroscopy. It is believed that SERS enhancement is caused by

two underlying mechanisms, one being an electromagnetic mechanism and the other

being a chemicalmechanism.[5, 6] Both the electromagnetic and chemical enhancement

can be described as resonances with different electronic states of the plasmon-molecule

system.[7] The key feature of this model is its ability to account for interactions between

the plasmon andmolecule states which are required to correctly describe the wavelength

dependence of SERS.

The electromagnetic mechanism stems from the enhanced electric field caused by the

surface plasmons of the metallic surface used in SERS.[8] This enhanced electric field

increases the number of photons interacting with the target molecules and will in turn

increase the number of photons that undergo Raman scattering.[9] As SERS utilizes a

rough or nanostructured surface, which results in the collective oscillation of the metal-

lic substrates free electrons, causing a surface plasmon resonance which localizes and

concentrates the incident photons at the surface of the SERS substrate.[10] In tandem

with the electromagnetic mechanism is the chemical exchangemechanism that involves

the charge transfer between the target molecule adhered to the SERS substrate and the

metallic substrate. This charge transfer increases thepolarizability of the targetmolecules

on the SERS substrate, resulting in an increase in the Raman scattering experienced.[11]

This theoryhas sincebeenrefutedwithexperimental results showing that change-transfer
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does not provide a substantial contribution to SERS enhancement under most circum-

stances [12].

The choice of substrate plays a pivotal role in the degree of enhancement experienced,

as different metallic and dielectric surfaces will produce surface plasmons with differ-

ent degrees of intensity, impacting the polarizability the target molecules experience at

the substrate surface. Both metallic and dielectric substrates have been investigated for

their potential use as SERS substrates, with findings showing that metallic substrates

provide considerably higher enhancement factors, upwards of 107, than dielectric sub-

strates, but dielectric substrates do have other advantages, such as lower photothermal

heat generation and improved biocompatibility over metallic substrates. [13] Of the pos-

siblemetallic substrates, the noblemetals offer the greatest enhancement, which has led

to extensive research into their use as SERS and single-molecule SERS substrates, along

with research into how to optimise the surface to achieve the greatest enhancement.[14]

The unique properties of noble metals include optical field enhancements that result in

strong scattering and absorption of light. This optical enhancement stems from the res-

onant oscillation of free electronswhen radiatedwith light, i.e. the plasmon.[15] Outside

of noble metals, other metals substrates provide excellent SERS enhancement, but have

not received the sameamount of research asnoblemetals. These compounds include alu-

minium and titanium oxide, both of which have displayed enhancement comparable to

noble metals.[16, 17] Despite this, both titanium oxide and aluminium SERS substrates

are not as commonly used as noble metals as they are more difficult to synthesis, often

requiring complex reaction setups to achieve substrates close to those achieved with no-

ble metals, and their respective reactivity can cause issues during experimentation.

The localized surface plasmon resonance (LSPR) of metallic nanostructures occur after

the nanostructures are exposed to electromagnetic radiation, which causes the collective

oscillation of their conduction electrons. Noble metals contain the some of the largest

localized surface plasmon amplitudes and are often used in optical spectroscopy tech-

niques for this reason. The LSPR amplitude is directly correlated with the selective pho-

ton absorption, scattering and local electromagnetic field enhancement provided by the

metal when used as a substrate. The oscillation frequency of the conduction electrons
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is determined by several factors including the density of electrons, the effective electron

mass and the size and shape of the charge distribution.[18] It is for these reasons that

the size of the LSPR amplitude can be manipulated by changing the size, shape, and

structure of the metallic nanostructure. The LSPR of noble metals are also influenced

by the electrons outside of the conduction band such as d-orbital electrons. This can

lead to a larger LSPR amplitude for noble metals, as the inclusion of d-orbital electrons

will increase the density of the electron cloud oscillating. The largest LSPR amplitude is

found at sharp points on the nanostructures, such as edges and corners as they are the

location of junction points between LSPRs, and for individually isolated nanoparticles.

Strong LSPR intensity have been located at the edges and corners of nanocubes, with the

largest enhancement being observed at corners.[19] These findings explain why nanos-

tructured metals have such strong plasmon responses, as they are dominated by sharp

edges, corners, and junctions. The shape of the nanostructure has been shown to greatly

impact the LSPR intensity of the nanostructure, with large differences being measured

between commonly used shapes such as nanocubes and nanobipyramids.[20] Because of

the strong connection between SERS enhancement and the strength of a nanostructures

LSPR, the shape of the nanostructure will affect the quality of SERS enhancement pro-

vided by the nanostructure.

For a SERS signal to be produced a Raman scattering sample needs to be near the sub-

strate providing the enhancement, in the case of nanostructures in solution, ideally the

scattering samplewill be at a junctionbetween twoormorenanostructures. Thisposes an

interesting situation for uniform nanostructures, like the ones produced in this project,

as different regions on the crystal structure will have varying degrees of surface plas-

mon resonance, resulting in different levels of SERS enhancement. This situation has

been investigated for nanocubes and provided insight into the difference in intensity ex-

perienced for a dimer of nanocubes producing SERS signal while at different orienta-

tions, face-face, face-edge etc [21]. As a distinguishable difference in SERS enhancement

was recorded for nanocubes, it is plausible that other shapes, such as nanoplates and

nanowires, will also experience a similar difference in enhancement that is controlled by

their respective orientation. During the collection of SERS data using heterogeneous ir-
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regular AgNS, which is common for generic SERS experiments, the SERS signal is an

average of dyemolecules adhered to the uncontrolled crystal faces of the nanostructures.

Systems like these have a high degree of variance, as the lack of uniformity in nanostruc-

ture shape and sizes leads to an averaging effect caused by the dyemolecules adhering to

random positions on the nanostructures. The structures synthesised in this project re-

move a degree of variance, as the dye molecules can only adhere to a known number of

crystals faces or edges/corners for each of the structures.

1.1.2 SingleMolecule Surface-enhanced Raman Spectroscopy

Single-molecule SERS (SMSERS) has been an area of research that has seen significant

interest, as it offers analytical detection of compounds at incredibly low concentrations,

femtomolar toattomolar, that areunattainableusingconventionalRamantechniques.[22]

Thefirst recordedSMSERSstudywas reported in the 1990’s andsince this timehas caused

an influx in the development of new spectroscopic andnanoscience technology and tech-

niques to optimise the newly discovered phenomena with the hopes of making it more

readily accessible. Early SMSERSwasbelieved tobeobservedbyNie andEmorywhoused

SERS blinking inside of a colloidal solution as evidence.[23]This evidence has since been

refuted as studies found that the blinking may have been occurring due to the diffusion

of colloids in andout of the laser focus. Thefirst definitive evidence towards SMSERScol-

lection was provided by le Ru and Etchegoin.[24]The importance of conducting research

into SMSERS stems from the advantages it has over conventional Raman and SERS anal-

ysis. BothRamanandSERSanalysis canbe thought of as being anaverage signal received

fromall themolecules present inside the focal volumeof the laser. SMSERSeffectively re-

moves this averaging resulting in the ability to observe and experimentally verify the true

homogeneous and inhomogeneous broadening of Raman peaks.[25]The ability tomoni-

tor a singlemolecule viaSMSERS increases the rangeofSMSERSapplicationas real-time

monitoring of reactions at the singlemolecule level can now be achieved to better under-

stand the reactionmechanism.[26] SMSERS is capable of probing the vibrational modes

of single molecules adhered to the SMSERS surface, which provides high-content struc-

tural information about the individualmolecule, that are usually averaged in Raman and

SERS. During experimental SMSERS experiments there were observations of SERS in-
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tensity fluctuations that were thought to be partially due to the instability in the SERS

substrate surfaces. The movement and migration of SERS substrate surface molecules

has been shown to influence the intensity of the SMSERS signal.[27] When the concen-

tration of dye molecules reaches the single molecule regime it is believed that only one

molecule is present inside the focal volume of the laser used to initiate Raman signal.

SMSERS enhancement is caused by a combination of surface plasmon resonance based

electromagnetic field formation of hotspots and aπ−π∗ transition between the SMSERS

substrate and the dye chemical. Given the low concentration of target molecules at sin-

glemolecule concentration there is a probability that a singlemolecule canmove through

the measured volume without encountering a hotspot with sufficient enhancement. As

such if there is continuousmonitoring for SERS peaks inside themeasured volume there

would be an expected fluctuation in the SMSERS enhancement observed due to the dy-

namic motion of the single molecule as it travels through hotspots.[28]

1.2 Optical Tweezers

The trapping andmanipulation of small particles by lasers is based around the radiation

pressure forces provided by the laser that arises from the momentum of the light itself.

Lasers can produce forces large enough to manipulate the position and velocity of small

particles and even form stable traps for particles with optimal conditions. This forcema-

nipulation is a direct result of the high intensities and large intensity gradients available

whenusing continuouswave coherent light beams. Laser trapping andmanipulation has

been achieved with a diverse range of particles sizes and compositions and provides an

extra degree of control over the dynamics of the trapped particles.[29]

The optical trap is formed via the focusing of continuous wavelength laser through ami-

croscopeobjective,where thenarrowest point in the focusedbeamcontains a strong elec-

tric field which attracts the dielectric particles and keeps them in the centre of the beam.

The electric field contains two components, an axial component that acts to push the par-

ticle in the direction of the beam, and a gradient force that holds the particle at the focus.

For successful trapping to occur the gradient force needs to be strong enough to over-

come the effects of the axial force. The movement of laser light past the trapped particle
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also induces a force on the particles in the direction of beam propagation as photons are

absorbed/scattered by the particles, causing a change in their momentum. This propa-

gation force leads to the dielectric particles becoming trapped slightly downstreamof the

exact middle of the beam centre.

1.3 NobleMetal Substrates

Gold and silver nanocrystals have seen extensive use as substrates inRaman spectroscopy

experiments due to their optical transitions and surface plasmons in the visible region

that are so intense that they cause a change in the local electromagnetic field. As a re-

sult of this, the coherent elastic Rayleigh light scattering is significantly stronger than

larger non-noblemetal nanocrystals. This leads noblemetal nanocrystals to act as nano-

antennas as they focus incident light into neighbouringmolecules adhered to the surface

of the substrate. Asmetallic nanocrystals are conductive, they contain no band gap, they

can become extremely polarizable. Electromagnetic “hotspots” form at the intersections

between nanocrystals. Surface molecules are commonly physisorbed to the surface of

the nanocrystals, but chemisorption can occur if the nanocrystal and targetmolecule can

undergo favourable bonding.[30]This adsorption leads to the Raman intensity enhance-

ments being controlled by the coupling between the electronic transitions between the

metal substrate and target molecule. A charge-transfer interaction can occur between

the adhered molecule and the nanocrystal as the exchange of electrons between them

becomes available during chemisorption, but is only dominate if the adhering molecule

does not have a π − π∗ transition available.[11] This charge-transfer interaction can lead

to metal plasmon excitation, which can result in a high enhancement factor as the sur-

face of the nanocrystal dominates plasmonnonradiative relaxation. The surface plasmon

of the nanocrystal is dictated by the oscillation of free electrons when outside of an elec-

tric field. This oscillation can be controlled by manipulating the shape and size of the

nanocrystal, as well as the element the nanocrystal is made.[31] This can lead to the syn-

thesis of nanocrystals with a surface plasmon resonance that have been designed to fit a

certain region of the electromagnetic spectrum based solely off the physical characteris-

tics of the nanocrystal.[32] As Raman spectroscopy is a major component of this project,
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noble metals were selected as the substrate of choice as they fit best with the require-

ments of the project. Noble metals nanocrystals have been shown to have surface plas-

mon resonances in the visible region, meaning they can be excited using a visible laser

beam that are commonly used in Raman spectroscopy, and can adopt a variety of novel

morphologies, leading to fine control over the SPR by producing nanocrystals of specific

sizes and shapes.[33] Both these features, combined with the innate optical properties

of noble properties that are superior to most other transition metals, leads them to be

the ideal metals for this project.[34]The choice between using gold or silver as the target

substrate was resolvedwhen consulting the literature surrounding noblemetal SERS ex-

periments. Many experiments that were concerned with specific nanocrystal sizes and

shapes used gold as their metal as it was found to be more convenient than silver. Sil-

ver nanocrystals were found to be more difficult to work with, especially when both the

size and shape of the crystals were trying to be controlled simultaneously. [35] A com-

mon problem faced with this type of synthesis is a poor yield in the target nanocrystal,

with much of the product being amorphous, irregular nanocrystals. Conversely to this,

gold is more forgiving and can readily form specific sizes and shapes while not suffer-

ing any degradation in yield. Additionally, when comparing the Raman enhancement of

gold and silver, it has been shown that silver is a superiormetal substrate choice, despite

any difficulties thatmay be present in synthesis.[36] It is for these reasons that silver was

selected over gold for this project, as it would act to fill an area of literature that has not

been fully investigated.

1.3.1 Silver Nanostructures

To date, there has been considerable research into the synthesis of different shaped novel

nanostructures due to their increased usage over a range of applications. This interest

in silver nanostructures (AgNS) stems from silver’s unique properties, ranging from op-

tical,[37] catalytic,[38] and anti-bacterial.[39] It has been found that changing the size

or the available surface of a silver nanoparticle will result in a change in its physical and

chemical properties, leading to research being undertaken into forming new and differ-

ent shapes.[40] The properties of interest for this project revolve around AgNS’s large,

LSPR and excellent performance in SERS, that have been shown to be improved when
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the nanostructures contain sharp corners and edges.[41] To fully investigate the range of

possible uses of AgNS, extensive research has been undertaken to demonstrate the syn-

thesis of the many different types of AgNS. These range from spheres, nanocubes, and

octahedra, to longer nanorods and nanowires, with differentmethods of synthesis being

documented for each. There are additional challenges that arise when trying to produce

a solution of nanostructures with a small size-distribution and consistent shape. The

uniformity that is referred to during this report is concerned with the size-distribution

and shape parameters of the nanostructures, with a high uniformity indicating a small

size-distribution while maintaining the desired shape. Sharpness of features, including

edges and corners, were also considered when determining the effectiveness of a par-

ticularmethod of synthesis, with high degrees of sharpness being the target. These chal-

lenges include typical synthesis problemsof lowyields andpoor reproducibility but as the

exact structure is trying to be controlled, uniformity of the nanostructures also becomes

an issue, along with maintaining the shape of a nanostructure while trying to manipu-

late its size. The plasmon resonances of metallic nanostructures are strongly dependent

on the morphology of the nanostructure, as its size, shape and composition impact the

location and intensity of the surface plasmons that are required for SERS enhancement.

The electromagnetic field enhancement reaches amaximum at positions wheremultiple

surface plasmonsmeet, most commonly at corners or edges, and are commonly referred

to as “hot spots”.[42] When under resonance conditions, the electromagnetic intensities

found at these hotspots are orders of magnitude higher than the applied field intensity.

The strength of these hotspots has been directly linked with the geometry of the sub-

strate, leading to research into improvingupon the hotspot intensity by engineering sub-

strateswithprecise control over shape, size andmost importantly edgeandcorner sharp-

ness. Themost commonmetallic SERS substrates are made from noble metals that usu-

ally adopt a pseudo-spherical shape when their structure is not controlled. When their

structure is controlled, noble metals can adopt a range of shapes, including nanocubes,

nanoplates, and nanowires. Each of these structures have different proportions of edge

lengths, face sizes and number of corners, meaning that investigating them and com-

paring the results could provide evidence on the impact of the different structures on the
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SERS intensity and whether the SERS signal produced can be distinguished from one

another.

1.3.1.1 Nanocubes

Ag nanocubes (Figure 2) have been favoured over other Ag nanoparticle shapes due to

the equidistant sharp edges, high number of edges and faces.[43] Ag nanocubes are sin-

gle crystal Ag nanostructures that are capped by the [100] crystal facets, which leads to

intersecting surface plasmons at the edges and corners of the nanocubes, causing excep-

tional SERS enhancement at these locations (Figure 3). Due to this enhancement there

havebeen several studies concernedwithusingnanocubes forSERSandSMSERSexperi-

ments.[44]Tounderstand the importanceofhotspotgeneration, especially at corners, re-

search into truncated nanocubes has been performed to show the impact of having sharp

corners and the resulting hotspots that form at those locations.[41] The results of these

pieces of research, alongwithmany others, have shown the potential for nanocubes to be

used in ultrasensitive SERS research due to the intensity of the enhancement they pro-

vide.

Figure 2: TEM image of a Ag Nanocube
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Figure 3:Diagram of Surface Plasmon polaritons on Nanocubes. Sourced from [45]

1.3.1.2 Nanowires

Agnanowiresandnanorods (Figure4) are twoof theother commonly implementednanos-

tructures for SERS and can be used in comparison to other nanostructures, as their edge

to corner ratio is heavily in favour of edges due to their elongated shape. Both nanowires

and nanorods have been extensively researched and several methods of synthesis have

been developed that result in the formation of uniform nanowires and nanorods with

sharp corners and edges. Ag nanowires and nanorods are multiply twinned Ag nanos-

tructures that are capped by [111] crystal facets (Figure 5).[46] It is often difficult to distin-

guish between nanowires and nanorods, as there are currently no clear specifications for

differentiating them, but it is common practice to use the aspect ratio of the nanostruc-

ture’swidth to length ratio as a rough estimate as towhether the nanostructure is a rod or

a wire.[47] Nanostructures with an aspect ratio of 1:8 or less are generally considered as

nanorods while nanostructures above this aspect ratio are nanowires.[48]The high ratio

of edge length to number of corners makes nanowires unfavourable for ultra-sensitive

SERS research in comparison to nanocubes, but their extensive edge length ratio makes

them suitable for a comparative study to see the impact structural features have on SERS

intensity.[49]
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Figure 4: TEM image of Ag Nanowires

Figure 5: Conceptual diagram of Nanowire growth

1.3.1.3 Nanoplates

The final nanostructure type of interest are triangular nanoplates (Figure 6) that have

a closer edge to corner ratio to nanocubes than nanowires, with a similar distribution

between corners as seen in nanocubes. A feature that distinguishes a nanoplate from a

nanocube is the distance between edges. Nanocube edges are equidistant on the face of

every nanocube, while for the nanoplates the edge distance in the ‘vertical’ direction are
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very close, which may allow for the possibility of strong interactions between the plas-

mon edge nodes. Ag nanoplates are twinned crystals that are capped by both the [111]

and [100] crystal facets (Figure 7), resulting in the formationof sharp edges and corners at

the intersections of these crystal facets. [50] The largest concern when using nanoplates

as SERS substrates stems from their stability inside the collection SERS medium. The

nanoplates themselves are often thin and prone to folding onto themselves, which can

lead to them becoming damaged and possibly damage their SERS enhancement poten-

tial. This instability has led to nanoplates being less favoured compared with nanocubes

for ultra-sensitive SERS studies, but they are still viable for conventional SERS studies as

the corner and edge sharpness still produces substantial enhancement.[51]

Figure 6: TEM image of Ag Nanoplates

1.4 Silver Nanostructure Synthesis

Controlling the exact size and shape of nanoparticles is a complex anddifficult task as the

desired products are often kinetically stable and not thermodynamically stable, mean-

ing the structures being formed are only stable under specific experimental conditions.

The presence of even a minute amount of trace metal or unwanted reagent will lead to

the formation of an undesirablemorphology.[52] As ameans of overcoming these issues,
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several methods of synthesis have been developed and documented for the majority of

known AgNS. It is clear from a survey of the literature that identical results are rarely

obtained by following a published procedure, minor (or major) modifications are often

reported. Thesemodifications are, presumably, required to optimise the previously pub-

lished procedures for local laboratory conditions. To achieve results close to those seen in

the literature the methodologies needed to be adapted to fit the available lab conditions

and the reaction conditions needed to be held to extremely strict standards.

Literature has shown that the presence of trace metals, primarily Fe(II) and Fe(III), can

interrupt the formation of nanocrystals by acting as etching agents and causing side re-

actions, resulting in the formation of irregular nanocrystals.[35]The adaptationmade to

the literature methods revolved around eliminating these trace metal ions and control-

ling the reaction conditions to the highest possible level, with the largest source of trace

metal ion contamination found to be in the reagents. To overcome this, the reagents used

during synthesis needed to be of the highest purity available to eliminate as much of the

trace metals as possible.

In addition to this the other reactions conditions, mainly the glassware, reaction envi-

ronment and preparation of reagents, needed to be held to a high level to mitigate any

possible contamination. It was found, both through lab work and reviewing literature,

that some of the reactions undertakenwere sensitive to bothH2O andO2, as both can act

Figure 7:Nanoplate growth diagram
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as etching agents which will impact the final shape of the AgNS being produced. The im-

pact of H2O and O2 has been investigated using several experiments where H2O and O2

were selectively removed, either using anhydrous solvents and rigorous drying of glass-

ware or through the purging of the reaction vessel and running the reaction itself under

an inert atmosphere.[35] Oxygen’s impact on the final structure of AgNS was insignif-

icant compared to the impact of H2O, leading to all future reactions of this type being

conducted under anhydrous conditions.

The mechanism for AgNS synthesis is well documented and can be manipulated to pro-

ducedifferent structures throughaltering the reactantsused in the reactionand themedium

in which the reaction is undertaken. The range of AgNS morphologies developed has

expanded in previous years to include more intricate shapes that are often controllable

over a range of sizes. The synthesis of each of these differentmorphologies follow similar

methods of synthesis, with the biggest differences between themstemming from the ini-

tial structure of the seed crystals. The seed crystals are critical for nanostructure growth,

as they act as a initial building block for the nanostructure to grow from. Depending on

the desiredfinal structure the seed crystals need to have a specific structure, either single

or multiply twinned crystals. The available crystal facets of the seed crystals then dictate

the possible final shape through the selective growth and capping of the available facets.

The remaining reaction parameters, such as temperature, reagents, and reaction time,

will assist in dictating which of the available facets are capped and which are available

of further crystal growth. More complex nanostructures require more intricate reaction

conditions to achieve the desired final morphology, as a careful balance of reagents and

reaction conditions is required to force the formation of the typically uncommon mor-

phology. Anexample of this is in the synthesis ofAgnanoflowers that required theprecise

control of both temperature and reagent introduction into the reaction vessel to produce

AgNS with the desired complex shape.[53]

Tangential to the formationof complexAgNS is the synthesis of extremelyuniformnanos-

tructure. As with most chemical synthesis some variance in the total yield of product is

anticipated and is often accounted to inefficiencies in the transformation of one com-

pound to another. In nanostructure synthesis this variance in yield is most often seen in
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the final concentration of target nanostructure, as a successful synthesis would result in

a high concentration of the target nanostructure, 80%. To improve upon this yield often

requires similar stringent reaction conditions to the complexnanostructure synthesis, as

the diminished yield are often caused by the slightest discrepancies in either the reagents

or reaction conditions. Achieving yields above 95% are often impossible as improving the

yield of AgNS in particular has diminishing returns as the target AgNS are almost always

thermodynamically unfavoured and as a result the reaction systemwill always favour the

formation of irregular structures that are more thermodynamically favoured.[54]

Figure 8:Diagram showing how capping agents affect growth

The general mechanism for AgNS synthesis involves the reduction of a Ag source pre-

cursor from Ag(I) to Ag(0) before single and multi-twinned seed Ag(0) crystals begin to

grow. Depending on the target structure, an etching agent may be added to remove

multi-twinned crystals, etching them back down to Ag(0) atoms, allowing them to re-

form into single seed crystals. A capping agent is then added that selectively adheres to

a specific crystal facet/s on the Ag(0) seed crystals. The capping agent blocks the growth

of Ag on the facets being capped, resulting in the accelerated growth of Ag on the un-

capped crystal facets. Additional reagents are often used in the synthesis of more com-
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plex structures to help with improving the uniformity of structures being produced. The

exactmethods of synthesis adapted from literature used to produce the AgNSwill be dis-

cussed in more detail in later sections.

1.4.1 Polyol Reduction

For the synthesis of nanocubes and nanowires a method was sourced from a paper on

the synthesis of silver nanocubes using a polyol reduction.[55] This method involves the

reduction of silver trifluoroacetate using either ethylene glycol (EG) or diethylene gly-

col (DEG) as the reducing agent and solvent, polyvinylpyrrolidone (PVP) as the capping

agent, hydrochloric acid (HCl) as the etching agent and sodium hydrosulfide (NaHS) as

an additional reagent required to produce a higher yield of nanocubes. A systemic prob-

lem that plagues many polyol methods is the unexpected impurities contained within

commercial reagents, a prime example of this being EG, a solvent/reducing agent that

is often contaminated with Fe(II) or Fe(III) stemming from commercial production con-

tamination.[52] Both Fe(II) and Fe(III) influence the oxidative etching of the reaction by

interactingwithO2 in the air, whichnegatively impacts the reproducibility and scalability

of the reaction.[56] Variants of the polyol reaction have been extensively researched for

the development of uniform nanocubes over varies size ranges.[57]

To optimize the production of nanocubes, independent studies have focused on the im-

pact of each of the reactants that are used in the formation of nanocubes. The studies of

interest for thiswork focus on the solvent and reducing agent, often the same compound,

the impactof cappingagent and the influenceofCl–. Eachof these reagentswere found to

greatly impact the formation and reproducibility of nanocubes. The impact of Cl– on the

formation of nanocubes has been recently investigated,with the results of the studyfind-

ing that the formation of Ag nanocubes can be controlled through the slow release of Cl–

during synthesis, as Cl– actively adsorbs to, and stabilizes, the [100] facet. As Cl– favours

adsorption onto the [100] facet, it can be used to dictate the shape of the nanocrystal

as it forms. This theory has been backed up with ab initio thermodynamic calculations

that were consistent with the experimental results, which showed that as the concen-

tration of Cl– increased, the shape of Ag nanocrystals went from truncated octahedra to

nanocubes. [58] Upon the adsorption of Cl– to the unsaturated Ag [100] facet, the surface
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energies of the [100] and [111] facets are reversed so that γ[100] < γ[111], resulting in

the nanocubes becoming the thermodynamically favoured product.[59]The initial inter-

action between Ag+ andCl– is complex, with the two ions forming AgCl nanocubeswhich

quickly decompose to form a favourable Cl– chemical potential for the growth of reduced

Ag(0) nanocubes. These nanocubes were shown to be independent of the solid Cl– source

assuming the release of Cl– into the systemwas sufficient to maintain the favourable Cl–

chemical potential for reduced Ag cube formation.[54]

A pivotal step in the synthesis of AgNS is the initial production of the seed particles re-

quired for producing many AgNS. These seed particles can be single, twinned or mul-

tiply twinned crystals, and greatly impact the final morphology of the AgNS being pro-

duced. The process of using these seed particles during synthesis will be discussed in

more detail in a later section. The growth of a seed crystal is determined by the surface

free energies of its facets when under thermal equilibrium. In the case of face centred

cubic (fcc), metal nanocrystals are often a five-fold multi-twinned structure, where the

surface of the crystal is made up of [111] facets that have the lowest-energy of all avail-

able facets.[60] But, as most complex crystal growth is not occurring close to thermal

equilibrium, the final shape of the crystal cannot be solely determined through the min-

imisation of surface energy and is instead affected by the growth rate of each respective

crystal facet,meaning that the kinetics of the crystal growthneed to be taken into consid-

eration. The growth of kinetically stable crystals with morphologies containing multiple

facets with differing surface energies have been successfully synthesised through the ad-

dition of habitmodifying agents into the system during synthesis.[61] One of these habit

modifying agents is PVP,which has been shown to have a strong interactionwith the sur-

face of themetal nanostructures through coordination between the oxygen and nitrogen

atoms of the pyrrolidone ring.[62] PVP has been found to strongly favour the [100] facet

of the Ag crystal, leading to an increase in growth on the [111] facet, causing anisotropic

growth of the crystal.[48] As the [111] facets have the lowest surface energy, the addition

of Ag atoms onto these facets is considerably easier compared to higher surface energy

facets or those “capped” with PVP.

It is common inpolyol synthesis for the reducingagents to also act as the solvent for the
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Figure 9:Diagram of the growth process of nanocubes, showing the etching pathways of both
single and twinned crystals

reaction as they are often required in large quantities. The reaction kinetics can be ma-

nipulated through increasing the length of the hydrocarbon chain of the polyol solvent

being used. A direct connection has beenmade between the growth rate of AgNS and the

length of hydrocarbon chain of the polyol solvent, with observations being made on the

quality of the initial growth of seed particles when the polyol solvent is changed from EG

to tetraethylene glycol (TTEG).[35] As the length of the hydrocarbon chain increased, the

reducing power of the compound decreased leading to the formation of Ag seed parti-

cles with a broader size distribution compared to when EGwas used. [57] In conjunction

with this lowered reducing power, the time required to form Ag seed particles increases,

resulting in the formation of twinned seed particles as ameans of reducing the total sur-

face free energy.[63](Marks, 1994) In the case of nanocubes, single crystal nanocubeswere

produced using both EG and DEG as the reducing agents under their respective ideal

reaction conditions, but for longer chain polyol compounds, TEG and TTEG, nanocube

production of the same level of reproducibility and purity could not be achieved. When

comparing the results of the shorter chain polyol compounds, there has been separate

research into using both in the synthesis of nanocubes and other AgNS,with both achiev-

ing similar results. [35, 55] Considering the chemical differences between EG and DEG

there is an expected difference in the reducing power between them that appears to be

experimentally manageable, considering the depth of literature using both compounds



CHAPTER 1. INTRODUCTION 24

in nanocube synthesis.

The reducing agent has a secondary effect on the reaction by impacting the nucleation

and growth of Ag atoms during the production of seed particles. To force the production

of uniform seed particles, the concentration of free Ag atoms formed from the reduction

of the Ag salt precursor should increase steadily over the reaction time. Aggregation of

Ag atom clusters will begin to form via homogeneous nucleation once the reaction mix-

ture has become supersaturated with free Ag atoms. These clusters will then begin to

rapidly grow and cause the concentration of free Ag atoms to decrease below the level of

supersaturation. So long as the concentration of free Ag atoms remains below the level

of supersaturation, no additional nucleation will occur and the remaining free Ag atoms

in solutionwill be used in the growth of pre-existing clusters. If the concentration of free

Ag atoms exceeds the level of supersaturation, then additional nucleation will occur and

result in the formation of AgNS at different growth rates compared to clusters formed

in the initial stages of the reaction. The choice of reducing agent will greatly impact the

concentration of free Ag atoms available in the reaction mixture, as shorter chain polyol

compounds (EG) will reduce the Ag salt faster than a longer chain polyol, resulting in the

reactionmixture reaching Ag atom supersaturation faster and cause the formation of Ag

clusters faster. This will impact the final structure of the AgNS formed as rapid growth

of clusters is essential for homogeneous nucleation, and cluster growth over an extended

period will result in heterogeneous nucleation and the formation of multi-twinned seed

particles.[64]

As the product of the polyol synthesis is heavily dependent on the initial formation of

seed particles, forcing the formation of the desirable seed particle is critical to a success-

ful synthesis. For nanocube synthesis, selective oxidative etching agents were added to

dissolve twinned and multi-twinned seed particles and promote the formation of sin-

gle crystal seed particles. Cl– ions acted alongside O2 as the selective oxidative etching

agents, provided byHCl and the air.[55]TheCl– ions selectively bond to the twinned crys-

tal seed particles, selectively etching them, before the etched particles are reduced by the

reducing agent, EG.[55] This allows for them to reform into single crystal seed particles

or adhering to already nucleated single crystal seed particles depending on if the concen-
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Figure 10: Chemical structure of different polyol compounds often used in polyol synthesis.
From top to bottom: Ethylene glycol, Diethylene glycol, Triethylene glycol and Tetraethylene

glycol

tration of Ag(0) atoms in solution is below the point of supersaturation.

The polyol reaction is commonly used for the synthesis of nanocubes and nanowires,

both of which have been researched extensively.[65] The key difference between the syn-

thesis of nanocubes and nanowires resides in the initial growth of seed particles, with

nanocubes relyingonsinglenanocrystals as seedparticles andnanowires requiring twinned

and multi-twinned nanocrystals.[48] The growth of these seed particles can be manipu-

lated through the introduction rate of the Ag precursor and the capping agent into the

reaction vessel. For single crystal formation the introduction of Ag salt needs to occur

rapidly to ensurehomogeneousnucleationoccurs,whereas for twinnedandmulti-twinned

crystals, the rate atwhich the Ag salt is introduced is delayed, causing heterogeneous nu-

cleation of Ag clusters. These twinned crystals are cappedwith both [100] and [111] facets

that are both available for growth. In combination with this delay, the simultaneous in-

troduction of the capping agent with the Ag salt causes the immediate capping of the

[100] facet and insuring growth occurs predominately at the [111] facet. Conversely, most

nanocube synthesis involves the addition of the capping agent before the Ag salt, and

as single crystals are capped by [100] facets, PVP caps all available facets, resulting in a

uniform, slow growth on all facets of the single crystal simultaneously.
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Figure 11: Crystal facet diagrams showing the different facets (Left) and atom packing for a
face-centred cubic crystal (Right)

Figure 12: Space filling diagram of a face-centred cubic crystal structure

1.4.1.1 Ratio of Capping Agent to Silver

An important considerationwhenproducingcontrolledAgNS is the ratioof cappingagent

to Ag salt precursor. As discussed earlier the rate atwhich free Ag atoms are released into

the initial reactionmixture isdictatedby the strengthof the reducingagent andwill cause

the formation of either single or twinned nanocrystals that go on to act as seed particles.

Depending on which type of crystal are present, single or twinned, will greatly impact

the final shape of the AgNS, as different crystal facets will be available for capping and for

growth.[66] The most common capping agent is polyvinylpyrrolidone (PVP)(Figure 13a),

that favourably caps the [100] facet of the Ag crystals, leading to rapid growth of the [111]

facet as it has the lowest surface energy. Crystal growth will still occur on the [100] facet
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but it will be considerably slower compared to the [111] facet. An equimolar solution of

PVP and Ag salt is not sufficient to cause a homogeneous product, as there will be insuf-

ficient PVP surface coverage on the [100] Ag crystal facet to effectively force the formation

of a specific AgNS type. For consistent AgNS growth, the ratio of PVP to Ag atoms needs

to be in favour of PVP, with a ratio of 2:1 for cube formation and a ratio of up to 8:1 for

nanowires. This ratio needs to be carefully controlled as a lower ratio will lead to growth

occurring on all available facets as there is insufficient PVP coverage, leading to irregular

nanocrystal formation.[48] If the ratio is too high in favour of PVP then surface coverage

will extend to all available facets and will not be limited to just the [100] facet which will

also cause the formation of irregular nanocrystals.

1.4.2 Citrate Reduction

Thecitrate reactionswere exclusively targeted towardsnanoplate synthesis,with the cap-

ping agent, trisodiumcitrate (TSC)(Figure 13b), selectively binding to the [111] facet of the

Ag seed particles. Much like the polyol reaction, the citrate reactions require the addition

of seed particles to initiate the reaction and force the formation of the target AgNS. Cit-

rate reactions are often performed at room temperaturewhile under aqueous conditions

and have been adapted for the synthesis of different AgNS, but for this project they were

used for the synthesis of triangular nanoplates. [50] Unlike the polyol reaction, most cit-

rate reactions are two step reactions, where the initial step involves the formation of seed

particles in a separate reaction vessel, before either being left to grow in the original reac-

tionmixture or beingused as seedparticles in a separate reaction vessel. The reductionof

the Ag salt, inmost cases AgNO3, is achieved through sodium borohydride (NaBH4), pro-

ducing Ag(0) atoms that undergo nucleation after reaching supersaturation levels. TSC

then selectively binds to the [111] facet of the twinned Ag clusters, resulting in growth

on the [100] facet, while single crystal seeds are selectively reduced down to Ag(0) atoms

via the addition of hydrogen peroxide (H2O2). [67] These free Ag(0) atoms either adhere

onto already formed twinned clusters or formnew clusters if the concentration of free Ag

atoms is above the level of supersaturation. This process of growth and selective oxidative

etching is repeated until the majority of Ag atoms are formed into twinned seed crystals

and the supply of free Ag(0) atoms has been depleted. It has been theorised that the criti-
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cal reagent in this synthesis is H2O2, as it promotes the nucleation of nanoplates through

the removal of less stable single crystals and when used in turn with TSC the preferen-

tial binding to the [111] facet further promotes the formation of nanoplates by stabilizing

the twinned seed particles. The preparation of larger triangular nanoplates consisted of

producing a growth solutionmade of acetonitrile, TSC, ascorbic acid and AgNO3, before

the reaction is initiated through the addition of a solution of seed particles. Acetonitrile

acts as a coordinating agentwith theAg(I) atoms fromAgNO3, leading to the suppression

of any self-nucleation events that may have occurred during the growth of seed particles

into larger nanoplates. TSC acts as a capping agent that was effective in the selective

growth of nanoplates as well as acting in the suppression of othermorphologies, leading

to the formation of nanoplates with high purity.[68] Ascorbic acid is used to reduce the

Ag(I) ions fromAgNO3 to Ag(0) whichwere then used to grow the nanoplates. The control

of all these different aspects leads this reaction to be scalable through the manipulation

of seed particle volume. The reaction kinetics for the growth of nanoplates needed to be

tightly monitored tomaintain a slow reaction rate. This is achieved through careful con-

trol of the reagent concentration, specifically the reducing agent, to keep them below a

critical value, and by keeping the reaction temperature at 5°C. Outside of these reaction

conditions the product of the reaction quickly transitions fromnanoplates to nanoflower

type nanostructures, as the accelerated reaction rate leads to uneven deposition of Ag(0)

atoms onto the seed particles.[69] The selective binding of TSC on the [111] facet of the

nanoplate is sufficient to force the formation of platelike structures. Thus the growth

on the [111] facets is minimal as the binding of an organic compound on an inorganic

crystal facet cannot completely block crystal growth on the facet. As a result of this, the

nanoplates produced are often thin (approximately 7 nm) for a nanoplate with an edge

length of 150 nm. [50]

1.4.3 Aqueous Reduction

The polyol reaction suffers from many common drawbacks, primarily its hypersensitiv-

ity to chemical impurities, H2O content and reliance on specific amounts of O2, which

makes the synthesis difficult to replicate. [70] There has therefore been a search to find

a method of nanocube synthesis outside of the standard polyol-based reactions. Polyol
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reaction nanocubes can often become rounded at the corners and edges, which has been

equated to the high reaction temperature and high surface energy, leading to high diffu-

sivity of Ag atoms, high oxidative etching at corners and edges, and inefficient capping

of the [100] facets by PVP. [52] Several aqueous nanocube methods have been developed

to overcome the drawbacks of the polyol nanocube synthesis. The largest changes made

were the removal of the polyol solvent and replacing it with a reducing agent and using

H2O as the solvent for the reaction. A separate reducing agent is required, as H2O is un-

able to reduce theAg(I) toAg(0). Thenext adaptationwas the replacement of PVPwithCl–

as the capping agent. Lastly, the reaction temperature was lowered to 60°C, as conduct-

inganaqueous reactionathydrothermal temperatures introduces challenges inmonitor-

ing the growth of the Ag seed crystals and AgNS being produced. The growthmechanism

of the Ag seed particles produced initially in the aqueous nanocubes synthesis involves

the formation of AgCl octahedra seed particles after the addition of the Ag salt into the

reaction mixture. Alongside these octahedra are Ag(0) atoms which are the product of

Ag(I) ions being reduced by the reducing agent. These AgCl octahedra are slowly reduced

over the course of the reaction, while the Ag(0) atoms begin to form large clusters by ad-

hering to one another. The dissolved AgCl octahedra then act as a slow release source

of Ag(0) atoms that can adhere to the clusters and assist in forming the nanocubes.[59]

Much like the polyol reaction of nanocubes, an additional compound was added to se-

lectively dissolve any twinned seeds that may form during the initial stages of the reac-

tion. In this case FeCl3 was introduced and acted as an oxidative etchant to remove any

(a) (b)

Figure 13: Chemical structure of vinylpyrrolidone (a) and trisodium citrate (b)
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twinned crystals, dissolving them back to Ag(0) atoms, which allowed for the growth of

more single crystal seeds. The selective capping of the [100] facets in the aqueousmethod

was achieved through the release of Cl– ions from the CTAC added into the reactionmix-

ture before the Ag salt. The concentration of Cl– is lower than the concentration of Ag+,

leading to the majority of Ag+ will remain in the AgCl crystal form, enabling them to be

reduced by the reducing agent. Much like the polyol reaction, the ratio of capping agent

to silver atoms is critical in the formation of the desired product. For this method the

ratio of Cl–: Ag+ needed to be well below 1:1, otherwise the product of the reaction would

be large, irregular nanoparticles. [50]
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1.5 Summary

The three AgNS synthesis techniques have been discussed, including the reactionmech-

anisms, reaction conditions and the AgNS produced using these techniques (Table 1, 2).

The general reaction mechanism for the growth of controlled AgNS is similar in all three

of the techniques, with the Ag salt being reduced from Ag(I) to Ag(0) using a reducing

agent before the growth of Ag(0) clusters. This growth is controlled through capping and

coordinating agents to force growth to occur on specific crystal facets. Ag(0) clusterswith

unfavourable facets were oxidatively etched back down to Ag(0) atoms to enable the ref-

ormation of favourable Ag(0) clusters or deposit on the existing Ag(0) clusters. There are

obviously other experimental methods that have been used in the synthesis of AgNS but,

as the results presented in the following chapters will show, these three techniques were

the most consistent at producing the desired AgNS with the greatest reproducibility.

Table 1: Summary of how different reaction parameters effect the synthesis of AgNS

Effect on Synthesis
Seeding crystal Different seeding crystals will be capped by different crystal

facets, resulting in different facets being available for growth
Temperature The temperature directly effects the crystal growth rate, with

faster crystal growth leading tomore irregular crystals beingpro-
duced.

Reaction Time Longer reaction time will lead to more uniformity in the nanos-
tructures produced as more of the undesirable seeding crystals
will be transformed into desirable products.

Contamination Contaminationwithmetal ions leads to uncontrolled etching and
side reactions with other reactants

Capping Agent Capping agents adhere to specific crystal facets and passivate
them tominimise growth from these facets.

Reducing Agent The reducing agent reduces the Ag(I) ions supplied by the Ag salt
to Ag(0) atoms which then go on to become seeding crystals

Capping
agent:Seed
crystal Ratio

Excessive amounts of capping agent will lead to capping on all
available crystal facets, leading to poor growth on every facet. In-
sufficient amounts of lead to incomplete capping on the target
facet, which will not completely impede growth.
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Table 2: Summary of how the different reaction parameters impact AgNS growth

Summary of Reaction Parameters
Nanocubes/Nanowires Nanoplates

Seeding crystal Nanocubes require single
seed crystals that are capped
with [100] facets. Single seed
growth promoted with NaHS.
Nanowires require twinned
seed crystals that are capped
with [100] facets.

Nanoplates require twinned
seed crystals that are capped
with [100] and [111] facets.

Temperature Require high temperatures to
imitate the breakdown of Ag
salt into Ag(0).

Performed in an aqueous envi-
ronment so can be performed
at low temperatures to slow re-
action kinetics and slowcrystal
growth.

Reaction Time Average reaction time of 1
hour, can be altered to produce
AgNS of different sizes.

Slower reaction time of 30
minutes, can be altered to
produce AgNS of different
sizes.

Contamination Polyol reagents commonly
contaminated with Fe ions
that cause uncontrolled etch-
ing of both seed crystals and
AgNS.

Citrate reactions canhave trace
metal contaminants stemming
from the quality of reagent
used

Capping Agent PVP to selectively cap the [100]
facet.

Cl– provided by CTAC that
selective cap the [100] and TSC
selectively capped the [111]
facet.

Reducing Agent Cl– ions provided by HCl. Ascorbic acid
Capping
agent:Seed
crystal Ratio

Ideal ratio of PVP to Ag is 2:1
to achieve sufficient capping
for nanocubes. 0.5:1 ratio for
nanowires.

Need to achieve sufficient cap-
ping on both the [111] and [100]
facets to achieve the platelike
structure.

1.5.1 Thesis Outline

1.5.1.1 Chapter 3

This chapter introduces and discusses the different methods and characterisation tech-

niques used to produce and characterize the nanostructures used in this project. The

exact scientific methodology used to produce the nanocubes, nanowires and nanoplates

will be stated with sufficient detail to enable reproducibility in a different lab environ-

ment. Alongside these, the analytical methods and equipment used in the characteriza-

tion of the nanostructures will be stated and discussed to show the range of techniques

used to thoroughly characterise the structures alongwith themethods used in the collec-
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tion of Raman, SERS, and single molecule SERS data.

1.5.1.2 Chapter 4

This chapter discusses the theories behind the Raman experiments undertaken, includ-

ingSERS, singlemoleculeSERS,microfluidicRamanandplasmonicoptical trapping sin-

gle molecule SERS, as well as a discussion on the different statistical analysis techniques

utilized during the project to investigate the possibility of clustering occurring inside the

SERS data. Each of these SERS experiments and analysis techniques are discussed in

detail and with context to the project.

1.5.1.3 Chapters 5, 6, 7

These chapters discuss the characterisation, synthesis difficulties and results of using

the three nanostructures as SERS substrates in the experiments discussed in Chapter 2.

Each chapter beginswithdiscussing the synthesis process for eachnanostructure includ-

ing any difficulties faced, the quality of structures produced, and possible improvements

that could bemade. The results of the characterisation techniques were discussed which

included breaking down multiple TEM images and UV-vis spectra and relating them to

the overall quality of the structures produced. The SERS results using the nanostruc-

tures were then broken-down, beginning with discussing the initial and high intensity

SERS spectra, which included discussing peak position, intensity, and other trends. The

statistical analysis techniques were then discussed beginningwith the results of the PCA

analysis. This included commenting on the appearance of the Scree, Loadings andScore’s

plots,making assumptions on trends thatmay be present inside the data and relating the

PCA results to the observationsmade about the initial andhigh intensity spectra. The ad-

ditional clustering analysis techniques were discussed last, with plots of each technique

being displayed and discussed starting with the Euclidean distance map followed by the

self-organisingmap. Theresults of both these techniqueswere comparedwith eachother

and the PCA results to develop a greater understanding of trends inside the data before

a summary wasmade of the trends observed over the results and a conclusion wasmade

as to which of the prevailing theories best fits the data. Chapter 3 discusses nanocubes,

while nanowires and nanoplates are discussed in chapters 4 and 5 respectively.
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1.5.1.4 Chapter 8

This chapter discusses the additional SERS experiments undertaken, including contam-

inant peak experiments and extremely low concentration SERS experiments, along with

a comparison of the three nanostructures and a discussion as to which theory best de-

scribes the trends in the data. The contamination peak experiments consisted of dis-

cussing the pure PVP and TSC Raman spectra with SERS spectra collected for each of

the different nanostructures. These comparisons also included comparing the chemical

structure of PVP and TSC with the structures of the two dye molecules. The aim of this

experiment was to identify the cause of the outlier peaks present in all SERS data, with

the hypothesis being that the two nanostructure capping agents are responsible for these

peaks. Theextremely lowconcentrationdatadiscussed in this chapterwas collectedusing

nanocubes as the substrate for both dye molecules with the aim of collecting SERS with

the highest probability of there being a single dye molecule adhered to a single nanos-

tructure. The low concentration range used in these experiments guaranteed that any

SERS collected was single molecule SERS, and therefore can be used in investigating the

hypothesis that dye molecules on different nanostructure regions will result in differ-

ent SERS signal being generated. The results of the SERS experiments were tabulated,

and the rate of SERS spectra occurrence was calculated for each nanostructure. Similar

calculations were also made for the high intensity SERS spectra before both rates were

compared and conclusionsweremade. Finally, in this chapter each of the nanostructures

were compared and the results of the project were summarised.



CHAPTER 2
ExperimentalMethods and

Characterisation

2.1 Reaction Parameters

All reagents were sourced from Sigma-Aldrich (St Louis, Missouri, US) and were not pu-

rified further. All glassware was piranha cleaned using a 3:1 mixture of concentrated sul-

furic acid (H2SO4) and hydrogen peroxide (H2O2) before being thoroughly rinsed with

deionized water and dried in a 105°C oven overnight.

2.2 Synthesis of Nanocubes

The method of synthesis for nanocubes was modified from a paper by Zhang et al [55].

All reagents were prepared fresh before each synthesis. A clean, dry 100 mL glass round

bottomflaskwas placed in an oil bath before 5mLof anhydrousEGwas added andheated

to 150°C while under stirring. The flask was capped during the entire synthesis process

excluding during the addition of reagents. Once the flask reached 150°C it was left for 30

minutes to ensure the EG reached the required temperature. After 30minutes 60 µL of 3

mMNaHSwas added to the flask via autopipette. Twominutes later 0.5mL of 6mMHCl

and 1.25mL of 38mg/mLPVP (MW= 55000) was added. Twominutes after this 0.4mL of

282mMCF3COOAgwas added before the flask was capped and heated with stirring for 1

hour. After the reaction was completed the flask was removed from the heat and cooled

in an ice bath before being washed using the protocol discussed in section 3.6.1.

35



CHAPTER 2. EXPERIMENTALMETHODSANDCHARACTERISATION 36

2.3 Synthesis of Nanowires

Themethod of synthesis for nanowireswas amodification of the nanocube synthesis dis-

cussed in section 3.2. Excluding a change in reagent concentration, themethodologywas

identical to the nanocube synthesis. The reagents changed were HCl and PVP that were

changed from 6mM to 3 mM and 38 mg/mL to 10 mg/mL respectively.

2.4 Synthesis of Nanoplates

Themethod of synthesis for nanoplates was modified from a paper by Liu et al [50]. This

method involves the synthesis of smaller seednanoparticles that are thenused in the syn-

thesis of the larger triangular nanoplates. The synthesis of seedmoleculeswas as follows:

A mixture of 12 mL of 0.0075 M TSC, 200 µL of 0.1 M AgNO3 and 480 µL of 30 wt% H2O2

were added to a 250 mL clean, dry glass round bottom flask before 200 mL of deionized

water was added. Amagnetic stir bar was then added before themixture was stirred un-

til the reagents were fully dissolved. Under vigorous stirring 1.2 mL of 0.1 M NaBH4was

added quickly. The reaction mixture then undertook several colour changes as the silver

nanoparticles began to grow, with the original reaction mixture being colourless before

quickly changing to yellow, orange, red then dark purple to blue. The mixture was left

stirring for 10 minutes until the solution reached a dark blue colour. This solution acted

as the stock solution for the synthesis of nanoplates and a portion of the stock solution

was centrifuged down to concentrate the nanoplate solution to one-fifth the original vol-

ume. The synthesis of nanoplates was as follows: 10 mL of deionized water was added to

a clean, dry 100 mL glass round bottom flask before 5 mL of acetonitrile, 150 µL of 0.1 M

ascorbic acid and 100 µL of 0.075M TSCwere added. The reactionmixture was cooled to

5°C using an ice bath and amagnetic stir bar was added to stir the solution. Under vigor-

ous stirring 12mL of the concentration seed solution was added via autopipette followed

by 120 µL of 0.1MAgNO3 to begin to nanoplate growth process. The reactionmixturewas

left to react under stirring at 5°C for 30 minutes. After 30 minutes the reaction mixture

was taken from the ice bath andwashed using the washing protocol described in Section

3.6.1.
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2.5 Preparation of SilicaMicro-spheres Decoratedwith AgNS

1 µm and 1.85 µm diameter silica spheres were sourced from Sigma-Aldrich (St Louis,

Missouri, US) before being functionalized with an amino silane ligand using themethod

of Najafi et al. [71] Silica spheres (0.5 g) were refluxed in 25 mL of toluene containing

2.5mmol of 3-aminopropyltriethoxysilane for 2 hours, the solid product was filtered and

washed with toluene and ethanol before being transferred to a watch glass and dried in

a 100°C oven until completely dry. The functionalized silica spheres were then decorated

with either the previously prepared nanocubes, nanowires or nanoplates by adding 0.06

g of functionalized silica spheres to 0.4 mL of each of the nanostructures before diluting

with0.5mLofdeionizedH2O.Thismixturewas thensonicated for 5minutesbeforebeing

left for 24 hours to let the nanostructures have time to adhere to the silica surface.

2.6 Instruments and Equipment

Transmission electron microscopy images were collected using a FEI Tecnai G2 Biotwin

Transmission ElectronMicroscopewith tomography unit provided by theManawatuMi-

croscopy and Imaging Centre. UV-visible spectra were collected using a benchtop Shi-

madzu UV-1800 UV-vis spectrograph provided by the School of Fundamental Sciences.

Raman spectra were recorded under ambient conditionswith a custom-built Ramanmi-

croscope, consisting of a 532 nmexcitation laser (Laser QuantumTorus 532) focused onto

theSERSsample via aN.A.=0.65 (40xmagnification)microscopeobjective. Back-scattered

Raman and Rayleigh scattered light was collected by the same objective and the Rayleigh

component was rejected by a 532 nm Raman edge filter (Iridian Spectral Technologies)

and focusedonto the entrance slit of aTeledyne (Princeton) Instruments Isoplane81 (FER-

GIE) spectrograph. The laser power focused on the sample was between 1 – 10 mW de-

pending on the type of experiment being run. Spectral data were acquired using Light-

Field 6.1 software. No background removal was applied during data collection. The de-

tector exposure time was 0.1 seconds, and 600 exposures were captured and stored sep-

arately prior to data analysis.

All centrifugation steps were performed using a Sigma 1-14 Benchtop Centrifuge pro-

vided by the Massey University School of Fundamental Sciences.
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2.6.1 Centrifugation andWashing Protocol

Each of the nanostructures produced followed a protocol for separating the structures

from the reaction mixture, removing any excess unreacted reagents, and concentrating

the quantity of nanostructures in the final solution. The washing protocol was as fol-

lows: The reaction mixture was transferred from the reaction vessel to 2 mL Eppendorf

centrifuge tubes before being spun at 16162 xg for 20 minutes or until sufficient pellet-

ing occurred. The supernatant fluid was then removed from each of the tubes before the

pellet was resuspended in reagent grade acetone and spun at 16162 xg for 5minutes. This

processwas repeatedup to three timesusingdeionizedH2O insteadof acetone before the

final pellets were collected and suspended in deionized H2O inside a suitable container

for long term storage.

2.6.2 Transmission ElectronMicroscopy

Sample preparation for the collection of TEM images followed a simple protocol where

a droplet of sample was placed on a piece of parafilm before a Formvar coated copper

grid was placed on the droplet and left for 4-5 minutes to provide enough time for the

nanostructures to adhere to the Formvar surface. The copper grid was then dried before

being used in TEM imaging.

2.6.3 UV-vis Spectroscopy

When collecting UV-vis spectra, a 40 µL droplet of washed nanostructure solution was

placed in a glass cuvette before being diluted with 2 mL of deionized H2O.

2.6.4 Preparation of SERS Samples

Each of the samples used in the collection of SERS data were prepared using the follow-

ing methodology. A 2:1 mixture by volume of freshly prepared, washed and sonicated

nanostructures and dye molecules solution (concentration ranging between 1x10−9 M -

1x10−16 M) were mixed in a glass vial before being mixed using a sonication bath until

thoroughly combined. To ensure the dye molecules adhere to the surface of the nanos-

tructures, themixturewas then left inadarkplace for24hoursbeforebeingused inanaly-

sis. Without this agingprocess,most dyemolecules didnot have adequate time to adhere
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to the surface of the AgNS, leading to poor SERS spectra in comparison to sampleswhere

the aging process was utilized. This observation was made after trial and error of trying

to optimise the collection of SERS spectra. This ratio of dye molecules to nanostructure

appeared to result in sufficient surface coverage and lead tomost of the dyemolecules ad-

hering to the AgNS rather than staying in solution. Before the collection of SERS spectra,

the samples were sonicated in a sonication bath for 10 s to remove any possible aggrega-

tion that may have occurred. This was especially important for the nanowire samples, as

they are most prone to aggregation due to their size. For the collection of conventional

SERS spectra, excludingwhen using themicrofluidic chip, a 40 µL droplet of sample was

place onto a glass coverslip before the beam of the laser was focused on themiddle of the

droplet. Despite thehigher laserpowerusednocarbonizationwasobserved. Thiswasbe-

cause the AgNSwere able to shift out of the focal volume of the laser as the gradient force

they were experiencing didn’t have any external constraints to pin the AgNS against. The

glass coverslip was replaced with each new sample to remove any possibility of contami-

nation between samples. SERS samples produced using the functionalized silica spheres

decorated with each of the different nanostructures were prepared by mixing 0.2 mL of

the decorated silica spheres with 0.1 mL of 1x10−9 M R6G and then leaving the mixture

for 24 hours to achieve sufficient adsorption.

2.6.5 Microfluidic Chip Setup

The microfluidic chip system (Figure 14) consisted of a custom glass chip with three “Y”

shaped channels, each containing two input ports and one output ports. Polyether Ether

Ketone (PEEK) tubing was then attached to the input ports using a method designed by

RobWard,withMicroTightUnionAssemblies connecting the PEEK tubing to Trajan SGE

Microvolume Liquid Chromatography Syringes [72].

Whenusing themicrofluidic chip, two 100µLglass syringeswith silicon tippedplungers

were filled, one with deionized water and the other with SERS sample, before being in-

jected into themicrofluidic chipusing two syringepumpsvia the intakeports on the chip.

Before data collection the chip was flushed with deionized H2O several times to ensure

the main channel of the chip was clean and clear of any obstructions. To check the chan-

nel was clear of any contamination from previous experiments a background spectra of
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Figure 14:Diagram of the microfluidic chip channel and port layout

the channel was collected after it had been flushed with H2O. During data collection the

flow rate of both the syringes were set at 200 nL/s. The laser power used was 1 mW at 532

nm.

Figure 15: Image of the Microfluidic chip when used in tandemwith the confocal Raman setup
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2.6.6 Optical Tweezers

Theoptical tweezers setuputilizedwasprovidedby theWilliam’sGroup (School of Funda-

mental Science,MasseyUniversity) and consistedof a custom-made invertedmicroscope

using a 2W 1064 nm laser as the trapping laser and a 1mW532 nm laser as the probe laser

to initiate the Raman signal. The optical trapping samples were prepared by firstly dilut-

ing 10 µL of AgNS + dye solution in 10 mL of deionized water. This mixture was shaken

before 100 µL of this mixture was placed in the cavity of a single cavity glass coverslip. A

second coverslipwas placed over the cavity and sealed shut using nail polish. A portion of

the 100 µL of sample was trapped inside the cavity of the coverslip and remained inside

the cavity for several hours before beginning to degas.

2.7 Statistical Analysis

Thebasis for all statistical analysis undertaken on the Raman data collectedwas achieved

through code written in Python that was made up of original functions and packages

sourced from previous projects. Initially the raw spectral data is brought into the code as

individual spectra before being baseline corrected and normalized to minimise variance

in the data. Cosmic spikes that may have been collected alongside the Raman data were

also removed following this step.

Any spectrum that did not contain a peak over a selected threshold was then removed

from the data set and the remaining data was run through a standard Principal Com-

ponent Analysis (PCA) function. Using the principal components produced from PCA,

Scree, Scores and Loadings plots were produced for each of the sets of data. These were

critical in building an understanding for what trends are in the data and were used to

investigate clustering in data points. Secondarily to PCA, more specialized clustering

functions were implemented to investigate possible clustering in the collected data that

was theorised tobeoccurring. These functions includedEuclideandistancemappingand

self-organizing maps, which are statistical techniques used to find patterns inside data

sets based on distance differences between data points. The Euclidean distance and self-

organizing maps used the individual spectra as data points and compared them before

grouping together spectra that have similarities in peak position and intensity. These
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were then plotted as a 2D array of spectra vs spectra while showing the degree of differ-

ence/similarity through an intensity subplot.

2.8 Summary

Each of themethods of synthesis used in this project have been stated with sufficient de-

tail to allow them to be reproduced by others. Alongside the discussion of thesemethods

was a detailed discussion of all equipment and analytical techniques used in the charac-

terisation of the nanostructures and the collection of SERS data. To assist in summaris-

ing this chapter a table was generated that contained a brief summary of each analytical

technique that was implemented during the project (Table 3).
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Table 3: List of analytical methods implemented and the information they provide

Technique What do they measure?
TEM Physical composition and structure of AgNS
SEM Physical structure and surface detail of AgNS
UV-vis Spectroscopy Size and position of the AgNS LSPR peak inside the

UV-vis wavelength range.
SERS A SERS spectrum provides peaks at different

wavenumber positions based on the vibrational
modes of the dye molecule being investigated.

Scree Plot Plot of the variance vs principal component that pro-
vides detail into how the variance in SERS spectra are
being covered by the different PCs.

Loading’s Plot A plot of PC variance against the wavenumber range
used in SERS collection that results in the PCs being
displayed as a variance spectrum.

Score’s Plot A plot of a PC against another PC that provides in-
sight on how the spectra relate to both PCs and can
be used to identify clustering that may be occurring.

Euclidean Distance
Maps

A plot of spectra vs spectra that displays the dis-
tance value between the spectra using a colour gra-
dient scale bar. This distance value is calculated us-
ing Pythagorean theorem for the distance of a right-
angled triangles hypotenuse. Two data points act as
the ends of the hypotenuse and the distance value is
the length of the hypotenuse. The more similar the
spectra the lower the distance value.

Self-organizingMaps A plot made up of nodes that represent groups of
spectra that are separated based on how similar they
are. The similarity between spectra is determine by
comparing each spectra against a set of models that
is generated from the total set of spectra. The spec-
tra are then grouped based on how they related to the
different models.



CHAPTER 3
Raman Spectroscopy

3.1 Surface-enhanced Raman Scattering

The collection of all SERS data was achieved through the conventional and microfluidic

methodology discussed in the Methods and Characterisation Chapter. One of the hy-

potheses of this project is that the uniformity of these structures should result in the ap-

pearance of a finite number of SERS spectra based on the location of the adhered dye

molecule. Using nanocubes as an example, where all the capping facets are [100], there

is effectively three different regions where a dye molecule can adhere; to a face, an edge,

or a corner. Given the impact surface plasmon resonance has on SERS enhancement,

there should be a difference in the SERS signal produced if a dye molecule is adhered to

a face, edge, or corner as each of these locations contain different surface plasmon res-

onance environments. Each of the faces will have the same surface energy and will only

contain a single surface plasmon. Edges lie at the interface between two faces and as a

result will also be the interface between two surface plasmons. This should give rise to

greater enhancement compared to a face adhered molecule. Corners should therefore

provide the greatest enhancement as they lie at a junction between three faces and there-

fore three surface plasmons. Following this reasoning there should be a different SERS

signal produced if a molecule is adhered to each of these different locations. The num-

ber of possible binding sites for dye molecules will be different for each of these regions

however, as they will have varying amounts of available surface area. Crystal faces will

have the highest number of binding sites, while edges and corners will have substantially

less, given their lower surface area. As more binding sites are available for faces it would

44
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be expected that the largest portion of total SERS spectra collected would be generated

from face adhered dye molecules. The difficulty in verifying this theory is ensuring the

location that the dye molecules adhere to, as thermodynamically all three locations will

be favoured formolecule adhesion. As there is no control over the dyemolecule adhesion,

the resultingSERSsignal producedwill be anaverageover all dyemolecule locations. For-

tunately, this averaging can be removed by lowering the concentration of dye molecules

to the singlemolecule region so only one dyemolecule will be adhered to a nanostructure

duringSERSgeneration. This interactionbetween thedifferent regionsofnanocubeshas

been investigated and a difference in intensitywas recorded for the different interactions

between regions, which correlates to the predictions made during the project.[73]

The orientation of the nanostructure inside the focal volume of the laser may also im-

pact the SERS signal produced during optical trapping as the different locations have

stronger interactions with the incident beam depending if the face, edge, or corner is

orientatedwith the polarization and direction of propagation of the laser beam. Statisti-

cally there will bemoremolecules adhered to the crystal faces than the edges and corners

as the faces contain a larger surface area to fitmoremolecules. This is likely not an aspect

of any SERS experiment that could be controlled as the gradient force supplied by the

laser beam is high enough to force the rapid movement and rotation of the nanostruc-

tures as they travel through the focus of the laser. The small size of the nanostructures

causes them to be heavily influenced by both Brownian motion caused by thermal fluc-

tuations and gradient forces provided by the laser beam. When using the conventional

SERS experimental setup, there was no feasible way to control for this, because as the

nanostructures enter the laser focus, they are accelerated andmove out of the focus, only

remaining inside the focal volume for tenths of a second. The time inside the focal vol-

umes was estimated, assuming a roughly cylindrical focal volume, and it was calculated

that a cubic nanostructure with an edge length of 50 nm spent 0.22 s inside the focal vol-

ume of the laser (Table 4). These calculations were done using the parameters listed in

Tables 5 and 6 and followed Equations 1 and 2.

V = πr2h (1)
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Table 4: Parameters used in Stokes-Einstein Diffusion calculations

Stokes-Einsteins Diffusion Calculation
Boltzmann’s Constant/Kb (J.K

−1) 1.38E-23
Temperature/T (K) 293.15
Viscosity/ (Nsm2) 1
Radius of Nanocube (m) 3E-8
Diffusion Coefficient (m2/s) 7.15E-15
Time in Focal Volume (s) 0.22

Table 5: Parameters used to calculate the number of nanocubes in a sample

Number of Nanocubes in Sample
Ag Atom Radius (nm) 0.172 TEM Scale Bar (nm) 100
Atom Volume (nm3) 0.0213 TEM Scale Bar (mm) 15
Nanocube Volume (nm3) 60 Length of Cube (mm) 9
Ag Atom Packing Coefficient 0.74 Scale Bar:Cube Length Ratio 0.6
Number of Ag atoms per
Cube

2083.1 Length of Cube (mm) 60

Moles of Ag (M) 0.282 CF3COOAg (g/mol) 220.9
Avogadro’s Number 6.02E+23 Ag (g/mol) 107.9
Number of Total Atoms 1.7E+23 Ag:CF3COOAg 0.488
Number of Ag Atoms 8.29E+22
Volume of Sample (mL) 1
Cubes per Sample 3.98E+19

Table 6: Parameters used in laser focal volume calculations

Focal Volume of Laser Calculation
Spot Size (µm) 10
Spot Size Radius (µm) 5
Height (µm) 60
Focal Volume (µm3) 1570.75
Focal Volume (m3) 1.57E-15

D =
kbT

6πηr
(2)

The time estimation wasmade using several assumptions. The first assumptionwas that

the nanostructures were cubic and that the laser beam at the focus is roughly cylindrical

with a beam height of 20 µm. AgNS form in a face centred cubic formation, with a pack-

ing coefficient of 0.74,meaning there is a 26%void volumebetweenAgatomsas theypack

together. The number of Ag atoms was calculated using the number of moles of Ag pre-

cursor and the ratio of Ag atoms inside the precursor. The size of the cubic nanostructure

was known from the TEM images, so it was possible to calculate howmany Ag atoms are

required tomake up a single cube. As both the total number of Ag atoms and the number
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of atoms required tomake one nanocube are known it is possible to determine the num-

ber of nanocubes present inside a singlemillilitre of nanocubes. A secondary assumption

made during this calculationwas that all nanocubes were uniform shape and size, as any

difference in either of these physical parameters will change the calculated number of

nanocubes present. The focal volume of the laserwas estimated using the standard equa-

tion for the volume of a cylinder (Equation 1) using the assumptions that it has a height

of 20 µm and is a uniform cylinder of light. With a spot size of 10 µm the calculated focal

volume of the laser focus is 1.57x10−15 m3. The diffusion rate of the nanocubes in solu-

tion was then determined using the Stokes-Einstein diffusion equation (Equation 2) and

was found to be 7.15x10−15 m2s−1. With the diffusion rate and the volume of the focus

now known it was calculated that a nanocube would spend 0.22 s inside the focus as it

diffuses through the solution.

Given the assumptions, this value of 0.22 s can be considered an approximation of

the time for a nanocube to spend inside the focus as the beam focus is likely not per-

fectly cylindrical and the nanocubes contain variance in both their size and shape. This

value will also only be relevant for nanocubes, as the nanowires and nanoplates will dif-

fuse at different rates through the solution. Estimating the diffusion coefficients for the

nanowires and nanoplates was a more complicated task as there are larger variance in

the nanowires and for a non-spherical shape, and it was difficult to determine all the di-

mensions of the nanoplates. On average the nanowires are several orders of magnitude

larger than the nanocubes, meaning that the time they spend inside the focal volume

should be considerably longer. The height of the nanoplates is not easily determined, as

the TEM was incapable of imaging the structures at a high enough resolution to accu-

rately measure their height. This made determining the volume of the nanoplates dif-

ficult, which in turn impeded the ability to accurately estimate their diffusion coeffi-

cient. The nanoplates have a cross sectional area of similar size to the nanocubes, but

their lower height dimension could greatly impact their diffusion coefficient. The differ-

ence in height of the nanocubes and nanoplates is most clearly seen in the TEM images

of both structures. When adhered to the surface of the micron-sized silica spheres (Fig-

ure 20), the nanocubes protrude out from the surfacewhile the nanoplates lie flat against
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the surface. This theory was experimentally observed as all the SERS data collected us-

ing the conventional method display short periods of SERS signal, typically over two to

three frames. The exposure time for a single frame is 0.1 s, meaning that over two to

three frames the nanostructures producing the SERS signal were inside the focal volume

between 0.2 s and 0.3 s. Based on this it is likely that the nanostructures are diffusing

into the focal volume before being accelerated by the laser beam and escaping the fo-

cus. Without a method of trapping the nanostructures inside the focus of the laser, the

conventional method of collecting SERS data was deemed unsuitable for the collection

of optically trapped SERS data and for determining the impact that the nanostructure’s

orientation has on the SERS signal it produces.

(a) (b)

Figure 16: Chemical structure of Rhodamine 6G (a) and Crystal Violet (b)

It is difficult to compare the SERS spectra collectedwith literature spectra of bothRho-

damine 6G and Crystal violet as the literature spectra are collected with a long collection

time, and using an amorphous sample, meaning that the literature spectra is often an

average Raman spectra. The SERS spectra collected here were collected over a range of

concentrations, with amuch lower collection time and used a SERS substrate to enhance

theRaman signal. Thismeant that the SERS spectra collected are not average spectra and

are instead spectra collected from a small number ofmolecules or even singlemolecules,

leading to an increase in spectral variance. This variance stems from the position the

molecule is adhered to on the SERS substrate, as different conformations will lead to the

expression of different vibrational modes and produce a different Raman signal.
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3.1.1 Determining dyemolecule location based on SERS signal

As the nanostructures are likely tumbling through the focal volume of the laser due to a

combination of Brownianmotion and buffeting from the gradient force of the laser, it is

possible that some of the SERS signal collected was from a nanostructure that had a dye

molecule adhered to either a face, edge, or corner. The difficulty comes in distinguishing

between these SERS spectra. Fortunately several hundred SERS spectra were collected

for each sample, making it possible to use statistical analysis techniques to analyse the

SERSdata tofindevidenceof the expected clusteringoccurring inside thenanostructure.

Theoretically there should be a discrete number of clusters corresponding to the number

of unique positions a dye molecule could adhere to a given nanostructure. It is also pos-

sible that a string of clusters may be present, as it is unlikely for a single dye molecule to

be present when a SERS signal is collected, outside of a single molecule concentration.

Without performing the experiment at a single molecule concentration range while si-

multaneously trapping the nanostructures, it is impossible to tell whether a SERS signal

is beingproducedbya singlemolecule adhered toa singlenanostructure. It is for this rea-

son thatmore sophisticated experiments were attempted to collect SERS data of a single

molecule on a single nanostructure. The first of these experiments included the use of a

microfluidic chip to increase the amount of control over the position of the nanostruc-

tures and possibly enable some optical trapping experiments.

The most intense vibrational bands of R6G lie between 600 cm−1 and 1800 cm−1, with

bands being caused by aromatic C-C stretching, C-H bending and C-C-C bending. The

bands between 1300-1650 cm−1 are caused by the C-C aromatic stretch of the aromatic

ring of R6G (Figure 17a). The bands at 1120 cm−1 and 770 cm−1 arise from the C-H bend-

ing, both in-plane and out-of-plane bending. And finally, the peaks at 610 cm−1 are a

result of the C-C-C in-plane bending of the carbon aromatic ring of the R6G.[74, 75] The

vibrational bands of CV lie between 1650-600 cm−1, with these bands made up of C-C

aromatic ring stretching, in-plane C-O-C bending, both in-plane and out-of-plane C-H

stretching and bending along with C-C-C ring bending (Figure 17b). The C-C aromatic

stretching bands lie between 1650 cm−1 and 1360 cm−1 and consist of four bands at 1652

cm−1, 1576 cm−1, 1511 cm−1 and 1364 cm−1. The remaining vibrational modes are ex-
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pressed as single peaks at 1312 cm−1, 1180 cm−1, 780 cm−1 and 614 cm−1 respectively

for each of the in-plane and out-of-plane stretching and bending modes. C-N bending

modes may also be observed at 900 cm−1 and 420 cm−1.[76] Shifts in SERS peak posi-

(a) Sourced from [77] (b) Sourced from [78]

Figure 17: Resonance Raman Spectrum of Rhodamine 6G [77] (a) and Crystal Violet [78] (b)

tions are expected in the Raman spectra of both crystal violet and R6G, as the chemical

adsorption of the dyemolecule onto the nanostructurewill perturb the equilibriumbond

lengths and force constants of the dye molecules. It is important to consider that there

are other vibrational modes available inside both dye molecules that are often too weak

to be accurately recorded with conventional Raman setups. Thesemay be observed when

the dye molecules are at single molecule range and sufficient enhancement is achieved.

These and other vibrational modesmay also only be observed when the dyemolecule ad-

heres to specific, high energy areas of nanostructures such as the corners of nanocubes.

The difference between a shifted peak and an unexpected peak is difficult to determine,

fortunately the expected peaks for both dye molecules are known and have been exten-

sively researched. Labelling of peaks within an expected peak region can also be diffi-

cult, as Raman peaks can be shifted depending on the chemical environment of the dye

molecule during SERS collection. It is for these reasons that peaks within the literature

regionswill be considered peak shifted SERSpeaks, while peaks outside the literature re-

gions are considered unexpected peaks, that are being caused by contamination or other

sources.
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3.1.2 Microfluidic Raman Spectroscopy

When collecting SERS data using the microfluidic chip (Figure 18) the laser was focused

on the main channel of the chip and moved along its length in between data collection

runs to stop any build-up of nanostructures on the roof of the channel. After extensive

lasing in one location the dyemolecule/AgNSmixture began to carbonize and stick to the

glass roof of the channel. The gradient force caused by the focused laser beam caused the

movement of AgNS towards the roof of the channel, where they could become trapped

when the gradient force is strong enough to overcome any Brownian motion they expe-

rience while in solution. R6G was the target molecule of choice for all the microfluidic

channel SERSexperiments as it provided spectrawith the largest level of enhancement of

the dyemolecules available. Prolonged trapping against the glass will increase the rate of

carbonization, as the dyemolecules adhered to the surface of the AgNSwill begin to burn

due to the extended time inside the laser focus. This hypothesis was confirmedwhen the

SERS spectra being collected quickly shifted from the expected sporadic peaks of vary-

ing intensity and position, to increasingly intense Raman bands indicative of the D and

G bands for graphitized carbon. To overcome this problem, the chip was flushed mul-

tiple times with deionized H2O between samples and after each data collection session.

Whenever the appearance of the D and G persisted after flushing withH2O, the chip was

flushed with chloroform to dissolve any R6G that had stuck to the glass surface. Crystal

violet could be flushed from the chip with H2O alone and did not require flushing with

chloroform. The collection of SERS data using a microfluidic chip has been researched,

with some literature existing on the collection of SMSERS using a microfluidic chip.[79]

In the current research the collection of SERS data for each of the nanostructures was

achieved using a laser power substantially lower than used for conventional SERS data

( 1 mW vs 10 mW). If the laser power was unchanged, the dte molecules would rapidly

adhere to the glass chip and carbonisation would occur.

The enhancement achieved by using R6G as the dye molecule became problematic when

using the microfluidic chip as R6G became strongly adhered onto the sides of the chan-

nel. This led to an increased chance of carbonization occurring as theAgNSbecame stuck

inside the laser focus anddidnot travel further down the channel. This adhesionwasmit-
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Figure 18:Diagram of the microfluidic chip channel and port layout

igated by increasing the flow rate of the SERS sample into the microfluidic chip. Some

adhesion still occurredat the focus, but carbonizationwasminimisedbymoving the laser

focus along the length of the channel and cleaning the chip between samples. The col-

lection of SERS data was optimised by manipulating the flow rates of the SERS sample

and the deionized H2O and optimizing the laser power to minimise surface adhesion of

AgNS, while still enabling the collection of SERSwith enough enhancement to overcome

any baseline signal-to-noise. The optimal parameters were found to be a low laser power,

1 mW, with relatively high flow rates for the sample and H2O, 200 nL/s each which is

approximately between 1.2 million and 12 thousand molecules per second for samples

between 10−11 M and 10−13 M. A higher laser power greatly increased the rate of car-

bonization while increasing the flow rate of the SERS sample forced the AgNS out of the

focus of the laser faster than the exposure time of the spectrometer, meaning the SERS

signal will be diminished. Increasing the flow rate also increased the risk of damaging

the chip, as the dimensions of the chip are on the micrometre scale, and an increase in

flow rate causes the formation of pressure strong enough to break the walls of the glass

channel.

Thedegree of control providedbymicrofluidic chips has enabled themtobeused for plas-
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monic optical trapping of metallic nanostructures, often using multiple lasers to assist

in the trapping process.[80] During the collection of microfluidic SERS data some opti-

cal trapping may have been observed as an identical SERS signal was recorded over an

extended period, roughly 1 seconds or 10 spectra (Figure 19). SERS signal often occurred

over 1-3 spectra of 0.1 s exposure time and varied in intensity and peak expression in each

of the spectra. The spectra shown in Figure 19 have consistent Raman peak expression,

indicating that the AgNS are trapped in the laser focus for an extended period. Unfortu-

nately, it is unclear whether the AgNS are trapped in free space inside channel or if they

have been forced against the roof of the channel and are pinned there by the gradient

force of the laser.

Figure 19: Plot of consecutively collected spectra displaying prolonged uniform SERS
enhancement of R6G using the nanocubes substrate using a 3 mW 532 nm laser power with an

exposure time of 0.1 s.

When comparing the SERS data collected using the microfluidic chip setup and the

conventional SERS collectionmethod the difference is negligible, with similar degrees of

enhancement observed using both setups. Given this negligible difference, all SERS data

for the samples were collected using the conventional method, as it was easier to set up

and collect samples, there were no washing or cleaning protocols required and the con-
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ventionalmethodwas less prone to contamination. Alongside this, themicrofluidic chip

failed to provide the consistent trapping required for single molecule/single nanostruc-

ture SERS spectra. It is for these reasons that the microfluidic chip was deemed unsuit-

able for continued experiments and the focus was shifted to the utilization of the optical

tweezers setup available at Massey University to develop a Raman tweezers system that

has the potential of collecting the desired SMSERS signal.

3.1.3 Plasmonic Optical Trapping

Thefirst challenge facedwhenattempting to collectSERSspectra fromanoptically trapped

AgNS is achieving sufficient trapping of metallic nanostructures. Optical trapping is of-

ten restricted to dielectric particles as the large gradient electric field formed in themid-

dle of the beam focus is unfavourable for small metallic nanostructures and causes them

to accelerate out of the trap. Trapping small metallic nanostructures, such as AgNS, is

their small size and reflectivity results in the gradient force, typically used to trap parti-

cles in the laser focus, to accelerate the AgNS through the laser focus and out of the trap.

Recent research surrounding the trapping of metallic and plasmonic nanostructures in-

volve complex optical setups in order to overcome the inherent difficulties of trapping

metallic nanoparticles. Despite this, 3D optical trapping of metallic nanoparticles has

been achieved for gold nanoparticles.[81] Other common applications of optical trapped

metallic nanoparticles involve the collection of analytical data from the trapped nanopar-

ticles such as the collection of a LSPR spectra of a single isolated nanoparticle.[82]The so-

lution attempted to overcome the difficulties of trapping metallic nanoparticles for this

project was to deposit the nanocubes, nanowires and nanoplates onto micron-sized sil-

ica particles before applying the optical trap on the silica particles rather than the smaller

AgNS.Thedecorationof the silicaparticlesneeds tobeapartial coverage, as complete cov-

erage would result in complications during trapping, and the particle would begin to act

as a core-shellmetallic particle rather than a decorated dielectric particle. Thedecoration

process involved the functionalization of micron sized silica particles with an amino lig-

and before introducing the controlledAgNS. TEM images of the decorated silica particles

(Figure 20) showed that partial coverage of AgNSon the silica particles had been achieved

for each of the nanostructures. Stable trapping was achieved using the decorated silica
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particles, but the optical tweezers setup needed to be modified to collect a SERS signal

from the trapped particles. The original optical tweezers setup contained a 675 nm dye

laser that was used in fluorescence experiments. Unfortunately, this laser was not suit-

able for the SERS experiments, as the wavelength was too far above the LSPR peak of the

nanostructures, leading to poor energy transfer between the dye molecule and the sub-

strate, resulting in poor SERS enhancement. A problem arosewhen attemptsweremade

to switch out the 675 nm to a 532 nm laser that was better suited for the collection of

R6G SERS spectra. The optical tweezerwas built using customparts and optics that were

optimised for a 675 nm probe laser. This meant that several of the optical components

were wavelength specific and limited the laser power throughput for any laser that was

offwavelength. Adirect replacement of laserswas attemptedbybringing the 532nm laser

into the optics table via the samefibre optic port but led to poor laser power at the sample

and low throughput to the spectrometer, even when using an excellent SERS scattering

sample such as sulphur. The 532 nm laser power at the source was 50 mW and was di-

minished down to 1mWat the sample. The culprit for this rapid reduction in laser power

was a dichroic filter that had been designed to allow 675 nm light to pass through it while

transmitting any light below this wavelength. This filter does not have a 100% efficiency,

meaning someof the 532nm lightwas able topass through it and reach the sample. As the

optical tweezer setup is custommade, the replacement of any components was not avail-

able as the setup was used by other people and its alignment needed to bemaintained. A

work around was attempted, where the optical components of the tweezers were main-

tained, and the 532nm laser beamwasbrought to the objective via a separate laser path to

avoid the dichroic filter and any of the other optical components thatmay be diminishing

the laser power. Unfortunately achieving sufficient laser throughput at the sample was a

more complicated task than originally thought. Multiple work arounds were attempted,

including changing the laser pathway multiple times and using different optical setups

with the spectrometer, but a solution to the lower laser power at the sample was not dis-

covered. Due to the time constraints of the project the focus was shifted away from es-

tablishing the Raman tweezers apparatus and placed instead on the finishing the SERS

experiments and the writing of this thesis. If more time were available the completion
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of the Raman tweezers apparatus should be viable as a Raman signal was collected using

an initial setup,meaning it should be possible. A Raman signal was collected from sulfur

using one of the initial Raman tweezers setups and optical trapping was achieved using

the AgNS decorated silica micron size spheres, indicating that both processes required

for Raman tweezing was achievable and that with more time a working setup could be

established.

3.1.4 Single-molecule Surface-enhanced Raman Scattering

The SMSERS experiment was conducted using the Raman optical tweezers setup which

involved the establishment of two optical traps on two decorated silica particles before

bringing them close to each other to enable the generation of SERS signal (Figure 20).

SMSERS trapping relies on several principals already discussed in this section, includ-

ing SERS and plasmonic trapping. The adhesion of the AgNS to the silica surfaces was

achieved through the surfacemodificationof the silicawithanaminosilane linkingmolecule.

By controlling both the concentration of dyemolecules and the concentration of AgNS, a

SERS signal can be collected from a single dye molecule adhered to a single AgNS. This

level of precision would theoretically enable the collection of SERS data of a single dye

molecule adhered to different positions on a single AgNS. This change in dye molecule

position is suspected to be detectable, given the difference in LSPR at different regions.

Combining this with the plasmonic optical trapping would enable the precise control of

AgNS location and position during SMSERS collection. These types of experiments were

of interest for this project as they were suspected to provide the data required to investi-

gate whether the region a dye molecule is adhered to can be isolated and identified.

3.2 Multi-variate Analysis of SERS Spectra

The aim of this analysis was to use a variety of statistical techniques to determine what

clustering, if any, occurred within the processed spectral data. The interest in possible

clustering was to investigate the hypothesis that there was a discrete number of SERS

spectra for each dye molecule based on its position on the AgNS substrate. To observe

any clustering, the processed spectral datawas analysed further using bothPCAandded-

icated statistical clustering techniques. It was important to ensure that any clustering of
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(a) (b)

Figure 20: TEM Images of Nanocubes (a) and Nanoplates (b) adhered to the surface of
micron-sized silica spheres.

data points observed could be directly related to the processed spectral data, otherwise

the clustering observed may only be observed in the output of the different statistical

techniques. Several statistical clustering techniques were compared with each other to

get a comprehensive understanding of the patterns and trends thatmay be occurring in-

side the processed spectral data.

3.2.1 Principal Component Analysis

Thefirst step of themulti-variate analysis was to process the individual spectra collected

using a baseline and normalization function built into the custom Python code. Each

SERS experiment consisted of the collection of 600 spectrawith an exposure time of 0.1 s

per spectra per sample. Theoccurrence of a SERS signal inside these 600 spectrawas low,

andmost of the spectra only contained the background spectral pattern, usually consist-

ing of two peaks, one for H2O and the other from the glass coverslip. The baseline and

normalization function removed all non-SERS spectra from the list of total spectra by

first using an Asymmetric Least Squares Smoothing algorithm to correct for any base-

line signal. A normalization algorithm was then utilized to shift the y axis values of the

data to fit between 0 – 1 to minimise the impact of maxima and minima peaks on later

data analysis techniques. This normalization step was especially crucial as the range of y

axis values was large enough to make accurate baseline removal challenging. After both
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the baseline and normalization algorithms have been implemented the baseline spectra

can be removed by removing all spectra that do not contain a peak with a maxima above

a given threshold value. The impact of each of these steps can be visualised in the (Figure

21).

(a) (b)

(c) (d)

Figure 21: Spectral plots of the different stages of data preprocessing including raw spectral data
(a), Baselined data (b), Baselined Normalized data (c), Baselined Normalized data above

threshold (d).

Thebaselined andnormalized spectrawere then plotted to visualize the data andmake

preliminary conclusions on the appearance of any trends in the data and to see which

Raman bands are being commonly expressed. With pre-processing complete, Principal

component analysis was undertaken to reduce the dimensionality of the data into a form

that is more interpretable, while still maintaining the spectral information. PCA creates
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uncorrelated variables that successively maximise the variance of the data. The creation

of the new variables, aka principal components, are defined with the data set available,

making the creation of successive principal components are made up of smaller portion

of the total data set. This makes PCA an adaptive data analysis technique, that can be

thought of producing principal components that best represent the total data. Finding

the optimal number of principal components (PCs), i.e., the smallest number of princi-

pal components that make up for the most variance, is often achieved using the “elbow”

method where a plot of principal component number vs total variance. As the creation

of more principal components results in the maximisation of variance, the plot of PCs

vs variance results in a logarithmic trend line, so to find the minimum number of PCs

responsible for the most amount of variance can be determined through finding the PC

nearest to the beginning of the linear portion of the trend line. Anothermethod of deter-

mining the suitable number of PCs is by plotting a Scree plot (Figure 22), that shows the

variance represented by each of the successive PCs generated. A suitable number of PCs

can then be selected based on howmuch variance is being displayed with them.

Figure 22: Example of a Scree plot produced using PCA

The baselined normalized spectra were then plotted to visualize the data and make

preliminary conclusions on the appearance of any trends in the data and to see which
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Raman peaks are being commonly expressed. With pre-processing complete, PCA was

undertaken to reduce the dimensionality of the data into a form that was easier to in-

terpret, while still maintaining the spectral information. PCA created uncorrelated vari-

ables that successively maximised the variance of the data. The computation of the new

variables, a.k.a. principal components (PCs), was defined by the data set available. The

creation of successive PCs was achieved using smaller portions of the total data set. This

makes PCA an adaptive data analysis technique, that produces PCs that best represent

the total data. Finding the optimal number of PCs i.e., the smallest number of PCs that

represent most of the variance, is often achieved using the “elbow” method, as shown

by a plot of the number of PCs vs total variance covered (Figure 23). As the creation of

more PCs results in the maximisation of variance, the plot of PCs vs variance forms a

logarithmic trend line. To find theminimum number of PCs responsible for the greatest

amount of variance, the PCnearest to the beginning of the linear portion of the trend line

will have coveredmost of the total variance. Anothermethod of determining the suitable

number of PCs is by plotting a Scree plot which shows the variance represented by each

of the successive PCs generated in bar graph form. A suitable number of PCs can then be

selected based on how much variance is being displayed with them. Another method to

show this is by plotting the inertia value against the number of clusters. The inertia value

used as the y axis of Figure 23 is the sum of the squared distances to the nearest cluster

centre. This type of plot shares similarities with the Scree plots produced using PCA and

provides an indication of how the variance changes as the number of clusters increases

(Figure 22).

The generated PCs, Score’s, and Loading’s plots for each of sample were used to give a

better understanding how the data is being represented by the PCs. The Loading’s plot

provided a representation of the contribution the original spectral variables to each PC

by plotting each of the PCs against the wavenumber range of the Raman data collected.

Score’s plots were generated by plotting PCs against each other to show how each of the

datapoints inside thePCswere related. This allows for a two-dimensional representation

for any possible clustering in the data points thatmay be occurring. A three-dimensional

Score’s plot can also be generated by using a third PCs as the z axis, enabling a three-
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Figure 23: Plot of the variance coverage vs. number of PCs that is used in the Elbowmethod

dimension view of any clustering that may be occurring. Any clustering present was not

clustering between the raw spectral data and instead were similarities between the data

points based on how they relate to the PCs. As PCA is an adaptive data analysis tech-

nique, it was beneficial to use the first three PCs generated in the formation of a three-

dimensional Score’s plot, as most of the variance would most likely be represented by

these PCs. Five PCs were chosen as they accounted formost of the total variance without

requiring an excessive number of PCs. Using toomany PCs will greatly reduce the valid-

ity of any clustering observed via the Score’s plots, as theremay bemore PC than clusters

present, meaning the clusters will be split up to fit the number of PCs. For this reason it

is better to initially use the minimal number of PCs that still make up most of the total

variance of the system before adapting the number of PCs based on the initial outputs.

3.2.2 Clustering Algorithms

In the hopes of observing clustering inside the processed spectral data several clustering

techniqueswere investigated includingk-means clustering, Euclideandistancemapping

and self-organizingmapping. Each of these techniques are readily available as functions

insidePython, so eachwere fed the spectral data thathadbeennormalizedandbaselined,
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and the results were collected and compared. During the initial processing of the raw

spectral files into the individual spectra a plot is made for each individual spectra and is

then saved as an image. These image files were used in the direct clustering, based solely

on the appearance of the spectral images and not on the value of the data points.

3.2.3 EuclideanDistanceMaps

A Euclidean distance mapping function was investigated to determine whether any evi-

dence of clustering was present in the resultant mapping plot. Euclidean distance map-

ping produces a distance label for each of the data points inside a given data set based

on the distance between each data point. The distance calculation is made using the

Pythagorean theorem (Equation 3) for a right-angle triangle, with the two data points

acting as the end points of the hypotenuse (Figure 25b). These distances can then be vi-

sualised by making a two-dimensional plot with the data points on both axis (Figure 25)

and using a separate intensity scale to indicate the distance between data points. As the

data points for this project are the processed spectral data, each of the data points seen in

the axis of Figure 25 are individual spectra, so the distance value seen between two data

points is indicative of how similar the two spectra are to each other.

Figure 24:Diagram showing how the Euclidean Distance is calculated between two spectrum;
using only two intensity values

d(2, 1) =
√

((X2 − X1)2 + (Y2 − Y1)2) (3)

Where 1 and 2 are the data points at the end of the hypotenuse with X1, X2 and Y1, Y2

being the Cartesian coordinates of spectrum 1 and spectrum 2.[83]
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(a) (b)

Figure 25: Euclidean distance example plots showing spectra with large distance differences (a)
and spectra with low distance differences (b)

3.2.4 Self-OrganisingMaps

The creation of self-organising maps (SOM) is an automatic process which is commonly

used in the processing and transmission of digital signals.[84] SOM outputs represent a

distribution of input data based on a finite set ofmodels that have been establish prior to

the input of data. This distribution is automatically associated with nodes on a 2D grid

that are organised so that similar models are represented by nodes that are adjacent to

each other, while models that share no similarities are placed at nodes distant from each

other. Representing the data in this way offers insight into any trends inside the data set

and the occurrence of any clustering in the data.[85] If there is already a known number

of clusters expected inside the data, then the models can be calibrated to fit this known

value. As there is an unknown number of clusters, if any at all, present in the SERS data,

no calibrationwasmade to themodel. To generate theSOMsused in this project a Python

module was used that was sourced from Vettigli.[86]
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Figure 26: Example of a Self-organizing map



CHAPTER 4
Nanocubes

4.1 Synthesis and Characterisation

Thenanocube synthesis followed themethoddiscussed inSection 3.2 andunderwent sev-

eral iterations while attempting to optimize it. The largest difficulty that needed to be

overcome was the identification and removal of unwanted etching agents that were be-

lieved to be the source of inconsistent results that were originally being observed. Excess

amounts of both oxygen and water were originally suspected to be the primary cause of

theunwanted etching, so initial testing involved the selective removal of both compounds

and observing the effect on the nanocubes produced. Oxygenwas found to haveminimal

impact on the nanocubes formed while the removal of water had a greater positive im-

pact on the nanocubes. The removal of either of these compounds did not however result

in the production of nanocubes resembling the literature, meaning an additional com-

pound was responsible for the unwanted etching.

After consulting the literature, it was discovered that the polyol compounds commonly

used innanocube synthesis are often contaminatedwith tracemetals such as Fe3+, which

could be responsible for the unwanted etching, because Fe3+ is a strong oxidant. The

polyol solution, EG, was replaced with an anhydrous equivalent, which appeared to re-

solve the problems of excessive etching as the nanocubes produced closely resembled the

literature nanocubes. The use of anhydrous polyol solvents removes the water from the

reaction vessel, which will remove a large portion of unwanted etching. Removing trace

metals such as Fe3+ is a more complex problem, as the source of these trace metals stem

from the synthesis of the polyol solvents, which often involves using metal reaction ves-

65
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sels and lead to metal ions leeching into the polyol solvent.[56] Further attempts at opti-

mizing the synthesis revealed that the quality and quantity of nanocubes produced could

be simultaneously improved by completing the synthesis with regents of the highest pu-

rity. The best results were accomplished using anhydrous polyol solution and when all

reagents used were of the highest possible purity. The best example of this was in the Ag

source reagent, silver trifluoroacetate (CF3COOAg), as the most uniform nanocube syn-

thesis was observed after the switch from the original 98% purity sample to a 99.999%

sample. Obviously nanocube synthesis is an incredibly nuanced process and is affected

by a range of factors, so it is unlikely that just the removal of H2O or trace metals im-

pacted the quality of nanocube produced. It is likely a combination of both these fac-

tors as well as other factors that were not fully realized. Another factor to consider is my

improved understanding in both the reaction mechanism and synthesis in general that

occurred during the project. After the changes to eliminate H2O and trace metals were

implemented, the quality of products produced were greatly improved in both the uni-

formity of nanocubes produced and thequality of thenanocubes themselves (sharp edges

and corners). Any changes made after this point were made solely to optimise the edge

and corner sharpness of the nanocubes being produced and involved minute changes in

reagent concentrations.

4.1.1 Transmission ElectronMicroscopy

The TEM images collected after the optimization of the nanocube synthesis showed a

mixture of nanostructures that were dominated by nanocubes with a low concentration

of other nanostructures. The optimization process consisted of maximising the yield of

nanocubes, whilemaintaining their size, shape, and sharpness. This progressive optimi-

sation was followed using TEM as the primarymethod of characterisation, as it gave the

greatest insight into the physical structure of the nanostructures produced. TEM only

provided a one-dimensional view of the nanostructures, as the images produced are ef-

fectively a projection of the top face of the nanostructures present. Fortunately for this

nanostructure, all faces should be identical, so the projection of the top face should be

sufficient to determine the overall structure of the nanostructure. The nanocubes shown

in the TEM images show some variance in edge length, ± 10% (Figure 27 and 28).
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(a) (b)

(c) (d)

Figure 27: TEM Images of Ag nanocubes synthesised using the polyol reaction discussed in
Section 3.2

Thisunfortunately appears tobeapersistentproblemthat is difficult toovercome, as sev-

eral of the literature images appear to have a similar problem.[55]The overall concentra-

tion of nanocubes produced was lower than literature but considering the complexity of

this type of synthesis this observation was expected.[35]The appearance of other irregu-

lar nanostructures present in these TEM images was consistent with literature, although

the concentration of irregular nanostructure present in this work was larger than that of

the literature. Due to the kinetics of the reaction, some thermodynamically favourable

products were expected to be formed, even allowing for the introduction of reagents to

force the formation of the kinetically stable nanocubes. The thermodynamically stable
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Figure 28: Bar graph showing the size distribution of nanocube diameters

product of AgNS synthesis are often spherical nanostructures, that form over a large size

distribution, and are favoured as they minimise surface energy on the available crystal

facets. The limitations of using TEM as a characterisation technique arose from the poor

resolution of the technique at higher magnifications. Combining this with the metallic

compositionof thenanostructures, and the thickness of thenanocubes, itwas impossible

to gain any detailed insight on the surface structure of the nanocubes and the sharpness

of their corners and edges. Unfortunately, the scanning electronmicroscope (SEM) avail-

able was also not designed for high resolution imaging, making it impossible to image

the nanocubes, let alone inspect their surface structure.

The quality of nanocubes shown in Figure 27were deemed to be of a suitable quality, with

high uniformity and concentration, to act as substrates in subsequent Raman experi-

ments. The final concentration of nanocubes could be improved upon, given a reason-

able timeframe, but the results would likely be diminishing due to constant compromise

against the formation of the thermodynamically favoured products. As this project was

not focused on optimising the synthesis of nanocubes or any AgNS, it was decided that

these nanocubeswere of high enough quality and uniformity to act as Raman substrates.

The separation of the nanocubes from the irregular structure is a difficult task as the ir-
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regular structures often have similar sizes and weights. The larger structures were re-

moved via centrifugation, but the structures closer in size to the nanocubes are often

impossible to remove completely, as filtration or dialysis are incapable of distinguish-

ing between nanocubes and irregular AgNS.Thedistribution of nanostructures shown in

Figure 29 were determined using themany TEM images collected of the polyol nanocube

solution.

Nanocubes
79%

Nanowires
1%Nano-bipyramids

8%

Irregular Shapes
12%

Other
21%

Distribu�on of Shapes inside Nanocube Samples

Nanocubes Nanowires Nano-bipyramids Irregular Shapes

Figure 29: Pie graph showing the distribution of nanostructures present in polyol nanocube
samples

4.1.2 UV-visible Spectroscopy

TheUV-vis spectra collected of the nanocubes (Figure 30a) showed a single, sharp peak at

approximately 450nmwavelength that had several shoulders below400nm.These shoul-

der peaks have been theorised to be linked with the sharpness of the corners, with the

larger the intensity being indicative of the sharpness of the cube’s corners.[35] The posi-

tion of the peak seen in Figure 30a is controlled by the LSPRof thenanostructures in solu-

tion, which in turn is controlled by the physical dimensions of the nanostructure. Large

nanostructures will have large (or long) wavelength surface plasmons, leading to a red

shift in their respective UV-vis peak, while smaller nanostructures will be blue shifted.

The uniformity of the nanostructure also impacts the shape of the LSPR peak, as a wide

diversity in nanostructure sizewill lead to a broadening in the LSPRpeak, as therewill be
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a range of surface plasmons present. The sharpness of the LSPR peak for the nanocubes

indicates a low range of nanostructures sizes present in the nanocubemixture andwhen

comparing the position of the LSPR peak to the literature, it is indicative of nanocubes

with edge lengthsbetween50-70nmand is similar inoverall appearance.[55] For compar-

ison, Figure 30b shows the UV-vis spectrum for a sample of Ag nanostructures that were

produced early in the project. The sample was dominated by irregularly shaped nanos-

tructures with a large size distribution. The spectrum only displays one sharp peak at

approximately 300 nm and a large broad peak over the remaining spectral range. The

broad peak between 400 nmand 1000 nmwas likely indicative of a large size distribution

in the nanostructures as amultiple LSPRpeaks of differentwavelengthswill result in this

type of inhomogeneous peak broadening.

(a) (b)

Figure 30:UV-visible spectra of Ag nanocubes (a) and irregular Ag nanostructures (b)

4.2 RamanAnalysis

4.2.1 Surface-enhanced Raman Scattering of Rhodamine 6G

TheprocessedSERSspectraofRhodamine6Gusingnanocubesas the substrate are shown

in Figure 31a. They show the consistent enhancement of several Ramanbands, alongwith

somebands being enhanced in single spectra. Therewas a baseline peak present between

the 1200-1600cm−1 range thatwasdominatedby theDandGbandofgraphitizedcarbon.
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This indicated that there was probably some carbonation occurring during the collection

of the signal. The sharp peaks between 1100-1600 cm−1were caused by theC-C stretching

of the aromatic rings of R6G. The peaks between 1000-800 cm−1 were the in-plane and

out-of-plane bending of theC-Hbonds,while the peaks around 600 cm−1were due to the

C-C-C in-plane bending. The variance in the peak position within these ranges wasmost

likely a result of the change in the chemical bond strength inside R6G as strengthening

of bond strength will cause a shift in their respective peak to a higher wavenumber and

vice versa. Another factor that will influence the frequency is exposure to solvents, and

molecules at the edges or corners will be more affected than molecules on the faces. The

solvent will perturb the electronic structure of the molecules and thus affect the bond

strength. The bond strength of R6G may be fluctuating based on their location on the

nanocubes, as a R6Gmolecule adhered to a corner is exposed to substantiallymore LSPR

energy than amolecule adhered to a face. Thisminor fluctuation in bond strength would

result in a slight shift in Raman peak position.

From Figure 31a there appeared to be several regions with high peaks density that were

each within a region of interest for R6G, with outlier peaks surrounding these regions.

Given the enhancement provided by the nanocubes, the other peaks that are distant from

others and only appear in a small number of spectra are likely from dust or other con-

taminants. At the extremes of the enhancement provided by the nanocubes, some typi-

cally weak Raman bands, such as in-plane C-H bending, become strongly enhanced. The

amount of variance seen in the peakposition and thenumber of additional peakswasdif-

ficult to account for, as the amount of peak shift variance in some cases was significant

enough to be caused by bond strength changes and was more indicative of other com-

pounds being present during SERS collection. Given the sensitivity of this SERS collec-

tionmethod itwaspossible that the contaminant concentration could be as lowas 1x10−15

Mand still appear in the collected SERS spectra. 1x10−15Mwas the lowest concentration

that SERS spectra was successfully collected at for R6G. Contaminants at these concen-

trations are impossible to control as they are often present in and around the Raman in-

strument used for SERS collection and as residue on glassware. Fortunately, any spec-

tra that were dominated by contaminant peaks are minimal in comparison to the total
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spectra collected, whichwill greatly reduce their impact on any analysis conducted using

them.

(a) Spectral plot of R6G nanocubes SERS spectra
made up of 526 spectra

(b) Spectral Plot of R6G nanocube high intensity
SERS spectra made up of 261 spectra

Figure 31: Spectral plots of nanocube R6G SERS spectra for both normal (a) and high intensity
spectra (b).

During the data processing step a secondary threshold cut off was applied to isolate

spectra that containpeaks that are close to themaximumintensity. Theplot of these spec-

tra (Figure 31b) provide insight into the extent of Raman band enhancement provided by

the nanocubes. This plot of the high intensity spectra had a higher signal-to-noise ra-

tio than the initial SERS plot and showed the extent of band expression achieved when

the enhancement at a maximum. Several of the spectra shown in the high intensity plot

have a high number of peaks between 1200 cm−1 and 1600 cm−1 which was considered

the region of interest for C-C and C-H bending and stretching modes. Many of these

peaks were weak enough that they could be considered background noise, or they could

be the expression of bending or stretching modes that are typically too weak to be ob-

served with normal Raman or other SERS experiments. It is currently uncertain which

of these is themore likely reason for these peaks’ appearance. The enhancement provided

by thenanocubeswas seen over the entire spectral range anddidnot appear to be isolated

to specific Raman peaks. Given the high number of spectra used to construct Figures 31a

and 31b, 526 and 261 respectively, it was difficult to elucidate the appearance of individ-
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ual spectrum inside the plots. To overcome this a grid of spectra was produced (Figure

32), all of which were present in the high intensity spectral plot, and showed the range

of different spectra present. The difference in band enhancement is clearly shown in this

grid, with a range of bands being enhanced over all the spectra shown in the grid. A pos-

Figure 32: Grid plot of high intensity R6G nanocube spectra

sible explanation for the appearance of unexpected peaks was the capping agent used in

the production of the nanocubes. PVP is Raman active but due to its size and structure it

would have a different Raman spectrum to R6G. Despite being Raman active a SERS sig-

nal for PVP was not obtained when collecting Raman data from a sample of nanocubes

with no dye molecule present. This means that PVP is a weak Raman scattering com-

pound and/or is of low enough concentration to not show any peak enhancement above

the background noise. PVP cannot be removed from the nanocubes, as it was required to

maintain their shape, and without it the nanocubes would rapidly breakdown and form

irregular structures. Due to the size of the nanocubes, the concentration of PVP during

SERS collectionwould bewithin the same concentration range asR6G, and althoughPVP
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is not a strong Raman analyte like R6G, it is possible that the sharp edges and corners of

the nanocubes result in some PVP band expression.

4.2.1.1 Principal Component Analysis Data

Principal component analysis was conducted using the SERS spectra isolated after the

first threshold cut off was introduced. The Scree plot (Figure 33) produced showed the

variance inside the spectra was maximised using 5 principal components, with the first

principal component making up around 19% of the variance. The large drop in variance

between PCs 1 and 2most probably indicated that the spectral data was being covered in

large part by the first component, while the remaining components covered the remain-

der of the spectral data variance. The threshold filtering was achieved by running the

spectra through a customPython code that searched each spectrum formaximumpeaks

and sorted them into two groups depending on if the spectrum contained a peak above

a predetermined value. This value was determined based on the strength of the baseline

noise of each set of spectra. Only the spectra that contained a peak above this threshold

value were used during data analysis.

Figure 33: Scree plot of R6G nanocube SERS data

A Loadings plot (Figure 34a) was produced to visualise the appearance of the PCs pro-
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duced using PCA. In the Loadings plot the weight of each variable in that PC is plotted

against the wavenumber range of the spectra, and if a single component maximises the

variance then its respective Loadings plot will have the appearance of an average spectra

(Figure 34b). The weight of the variables inside each PC are determined by the variance.

The Loadings plot for nanocubes and R6G bore little resemblance to the spectral data,

implying that all the componentswere required to achieve sufficient variancemaximiza-

tion. Along with maximising variance, the Loadings plot also provided information into

thedegreeof variance inside the spectral range,with theheight of theLoadingsplot being

indicative of thedegreeof variancepresent at agivenwavenumber. Theareasofhighvari-

ance were different between all the components with PC1 showing a high variance area

between 1100 cm−1 and 1600 cm−1, while the areas of high variance were at 800 cm−1 for

PC2 andPC5, and 1600 cm−1 for PC2 andPC4. These areas of high variancewere expected

as they appeared over the same wavenumber range as the SERS peaks, and there was an

expected difference between the baseline of the spectra and regions where a SERS peak

occurred. Variance also occurred atwavenumberswhere SERS peaks occur overmultiple

spectra, as the intensity of the SERS peak differs considerably between spectra.

(a) (b)

Figure 34: Loadings plot (a) and average spectrumwith standard deviation curves (b) for R6G
nanocube SERS data

To gain an understanding of how the spectral data’s variance was being maximised, a
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series of Scores plots were produced using the principal components as axis and plotting

the spectra against the respective components (Figure 35a). This produced a 2D plot that

showed how related the spectra are to each other based on howwell the components rep-

resent them. This 2D plot was not enough to develop a complete understanding for how

the spectra relate to one another as multiple components were needed to maximise the

variance of the data. To improve upon the information provided by the 2D Score’s plot

array, a 3D Score’s plot (Figure 35b) was generated using the first three PCs as the x, y and

z axis.

(a) (b)

Figure 35: Scores scatter plot (a) and 3D Scores plot (b) of R6G nanocube SERS data

When reviewing the 3D Score plot array, the spectra appeared to form a single, large

cluster when plotted against each of the different component permutations. There were

also outlier spectra that surround the cluster in each of the Score’s plots. The appearance

of a single large cluster of spectra was expected in the SERS spectra plots (Figure 35a), as

most of the spectra share similarities. Thesmall clusters, especially in theScore’s plotsus-

ing component 1 as one of the axis, could be a result of different spectra being collected of

R6G with the target molecule being located at different regions on the nanocubes. Com-

ponent 1 accounts for the single largest amount of variance of the components used, so

Score’s plots produced using component 1 as one of the axiswould be expected to bemore

informative on the relationship between the spectra than plots that do not contain com-

ponent 1. Unfortunately, the information provided by these Score’s plots was insufficient
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to determine if clustering was occurring inside the spectral data, so a three-dimensional

Score’s plot was produced using the first three PCs to better visualise the data points. The

clustering observed in the 2D Score’s plot was also present in the 3D plot, with a tight

cluster of data points surrounded by both random outlier points and what appeared to

be a trail of data points adjacent to the primary cluster. The tightness of the primary

cluster, together with theminimal number of outlier peaks, suggested that theremay be

discrete clusters inside the primary cluster and that these could not be separated by PCA.

Another possible explanation was that an observation bias is being applied and no clus-

ters are present. The trail of data pointswas an interesting occurrence as it indicated that

a continuum of spectra was present, with each successive spectra being slightly different

from the last. Another possible explanation for the appearance of the Score’s plots could

be the ratio ofmolecules adsorbed on the faces, edges, and corner sites. If the hypothesis

that molecules adhered to a face, edge, or corner produce distinguishable SERS signal,

then the surface area available for molecules adhere to will also impact the amount of

SERS spectra produced. Crystal faces have a larger surface area than edges and corners,

so the chance of a molecule adhering to it should be larger than edges or corners. This

idea would mean that the large cluster of data points in the Score’s plots would corre-

spond to molecules adhered to faces, while any outlier data points would correspond to

molecules adhered to edges or corners. Outside of these observations, it was difficult to

garnermore information from the plots produced using PCA, as the primary cluster was

tightly packed and did not appear to contain any secondary clusters.

To better understand how the PCA programwas organizing the spectra, the spectra cor-

related to the outlier peaks observed in the 2D and 3D Score’s plot’s (Figures 36b and 35a)

were isolated and plotted in a grid plot (Figure 36a. From this plot it appeared that the

largest similarity between the spectra was the large baseline noise in 5 of the 6 spectra.

The first spectra appeared to contain a cosmic spike that was not removed during data

processing. Peak enhancement was observed in the remaining spectra, withmany peaks

occurring at the expected Raman shifts for R6G. The large background noise is possi-

bly the reason for the separation of these spectra from the rest of the spectra. This idea

is somewhat supported by the Loadings plot of the nanocube R6G data, with the outlier
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spectra being significantly different tomost of the PCs. It appeared thatmany of the out-

lier spectra displayed in the various Score’s plots also related to large Euclidean distance

values, which could be indicating that the perceived separation of spectra shown in the

PCA outputs is supported by the corresponding Euclidean distance plot.

(a)

(b)

Figure 36: Spectral grid plot of outlier spectra (a) and Scores plot of PC1 and PC2 (b) for R6G
nanocube SERS data

4.2.1.2 ClusteringData

TheEuclidean distance is the straight line distance between two points inside a 2Dplane.

The formula (Equation 4) used to calculate this distance is derived from the Pythagorean

theorem for the hypotenuse of a right angle triangle, where the twodata points sit at each

end of the hypotenuse and the length of the hypotenuse is the Euclidean distance. This

equation is used to calculate the value that corresponds to a single point in the Euclidean

distancemap shown below (Figure 37). For data sets such as the ones investigated in this

project, eachdata pointwill represent an individual spectrum. Given the range of spectra

present inside a given data set, best seen in the Crystal Violet section of this chapter, the

data points will likely be spread across the entire 2D plane, with some possible clustering

occurring for data points that are similar, such as the spectra displayed in Figure 19. The
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Euclidean distance between the data points will then represent the degree of similarity

between two data points, where a low distance value will be indicative of a large amount

of similarity.

d(2, 1) =
√

((X2 − X1)2 + (Y2 − Y1)2) (4)

TheEuclideandistancemap (Figure 37) plot producedusing theR6Gnanocube spectral

data offered greater insight into the possibility of clustering suspected inside the data by

directly comparing the spectra and determining the Euclidean distance between them.

The larger the Euclidean distance, the larger the difference between the spectra, with this

distance being represented through the colour gradient scale seen beside themap. As ex-

pected from the Score’s plotsmost spectra have a low Euclidean distance, indicating that

they are very similar to one another. Unlike the Score’s plot however, the Euclidean dis-

tancemap indicatedwhichof the spectra are veryunlike theothers. Thecolourof the lines

on the distancemap represent the distance between spectra based on the colour gradient

scale to the right of themap. The best example of a high distance spectra is the bright line

beginning at the 112 spectra number on the y axis running across all other spectral num-

bers. Thebright colour of this line indicates that spectra 112 has a Euclidean distance of at

least 2.5 away from all other spectra. This is the major improvement of using Euclidean

distance mapping, as it allows for the exact isolation of spectra that are distinctly differ-

ent from the other spectra. Another interesting feature is the appearance of bands inside

the Euclidean distance matrix plot. These bands may suggest that certain sections of se-

quential spectra have larger Euclidean distances than the average.

An additional observation from the distance map is the large number of spectra with a

distance below 1, indicating that they are spectrally similar. These spectra aremost prob-

ably reasonable for the primary cluster observed in the PCA given the lowest distance be-

tween them,while the spectrawith large distance values are likely to represent the outlier

data points from the PCA plot.

The outlier spectra observed in the Score’s plots were linked with the Euclidean distance

map output, as they often correlated with high distance values. The spectra that made

up Figure 36a, spectra numbered 0, 30, 105, 115, 129 and 149, all appeared to have large
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distance values, often above 1.5. Given the appearance of spectrum 0, shown top left of

Figure 36a, it was expected that this spectrum would have an extremely large distance

value, due to how dissimilar it is from the other spectra. But it appears to have a value

similar to the other spectra shown in Figure 36a, possibly indicating that PCA and Eu-

clidean distance mapping discriminate the spectral data differently, leading to different

spectra being isolated by the different techniques.

Figure 37: Euclidean distance map of R6G nanocube SERS data

The self-organisingmap (Figure 38) confirmed the existence of both the large primary

cluster and the trail of data points that was neighbouring the cluster in the 3D Score’s

plot. The primary cluster was most probably being depicted by the yellow nodes in the

bottom right corner of the self-organising map, while the trail of data points was most

probably the light green nodes neighbouring yellow cluster nodes and the green nodes

travelling towards the centre of the map. The green nodes at the top right of the map are

possibly another cluster of data points that are neighbouring the primary cluster, given

the greenish blue nodes between the primary cluster and this cluster.

From the evidence provided by the PCA, Euclidean distance map and Self-organising

map the initial hypothesis of there being a discrete number of clusters inside the spectral

data that correspond to SERS signals from R6G molecules adhered to different regions
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Figure 38: Self-organizing map of R6G nanocube SERS data

on nanocubes appears to be incorrect, as the data seems to form a continuum, where

spectrally distinct spectra are at the extremes and most other spectra fit between these

points, with neighbouring spectra being slightly different from each other. Another pos-

sible explanation for the possible clusters observed in the Euclidean distance map stems

from the idea brought up in the discussion of the Score’s plot where the largest cluster of

data points correspond to molecules adhered to the crystal face given the large surface

area. In this case instead of a clear distinction between the molecules adhered to faces,

edges, or corners, there is some degree of variation between the locations to the extent

where some of the spectra appear to be similar but belong to a different location.
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4.2.2 Surface-enhanced Raman Scattering of Crystal Violet

TheSERS spectra collected of CVusing the nanocube substrate (Figure 39a) showed some

consistency with the expected peak positioning, with obvious peaks at 1580 cm−1, 1300

cm−1 and 800 cm−1 as best seen in the high intensity spectra. There appeared to be a

much larger spread in peak position and/or a larger number of unexpected peaks in-

side the spectra compared with the R6G spectra. There are several possible explanations

for this, such as the chemical shift of peaks could be due to chemical adsorption of dye

molecules to the nanocubes decreasing the bond strength of CV.

The high intensity spectra plot (Figure 39b) provided similar insight into the distribu-

tion of peaks and clustering that may be occurring inside the spectra compared to the

initial SERS spectra. There appeared to be several large clusters of peaks at 1600 cm−1,

1300 cm−1 and 800 cm−1 with each of these regions having a broad peak distribution of

roughly ± 20 cm−1 from the centre of each cluster. The cluster at 1600 cm−1 corresponded

to the C-C aromatic stretching mode, and is expected to have some variance in peak lo-

cation due to the difference in chemical environment of the different aromatic carbons

inside CV.The cluster at 1300 cm−1 corresponded to the C-C centre stretchingmode, and

the800cm−1 cluster canbeascribed toC-Hbendingmodes. Theremainingpeaksoutside

these clustersweremoredifficult to assign, asmanyof themappeared toonly occurover a

(a) Spectral plot of CV nanocube SERS spectra
made up of 706 spectra

(b) Spectral plot of CV nanocube high intensity
SERS dpectra made up of 298 spectra

Figure 39: Spectral plots of CV SERS spectra for both normal (a) and high intensity spectra (b).
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small percentage of the total spectra. This suggested that these peaks could be additional

stretching and bending modes of CV that are often not expressed, or they could be from

an external source such as contaminants. I suspect that some of the peaks between the

1600 cm−1 and 1300 cm−1 clusters are causedby chemically shiftedC-CorC-Hvibrational

modes but given the poor signal-to-noise ratio in this region, it was difficult to discern

much information from either of the spectral plots. There are other vibrational modes

expected for CV SERS that were not seen in either of the spectral plots with the same in-

tensity as the already discussed modes. These modes included the radical-ring skeletal

vibration and C-N bending vibrationmode that should be observed at 900 cm−1 and 420

cm−1. Some peaks were observed at the 900 cm−1 range but not to the same extent or in-

tensity as the other bands. Only two spectra displayed any peaks at the 420 cm−1 range,

whichwas somewhat expected. Thiswas presumed to be because asCVundergoes chem-

ical adsorption onto the nanocubes via the lone-pair of electrons of the nitrogen atom,

there is a change in the bond strength of the C-N bond, resulting in a shift in the C-N

bendingmode to a lower wavenumber, outside the spectral collection range.(Upender et

al., 2012)

Much like the R6G nanocube data, the CV nanocube spectral plots (Figures 39a and 39b),

which were made up of 706 and 298 spectra respectively, were too densely overlapped to

identify trends inwhich peaks are being enhancedmost often. The spectral grid plot pro-

duced for the CV nanocube data (Figure 40) provided the greatest degree of insight into

which peaks are most readily enhanced, and also showed the diversity in which peaks

were enhanced. There appeared to be some similarities between the spectra present,

namely plots 4,5 and 8, but there did not appear to be any obvious trends in the other

plots.
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Figure 40:Grid plot of CV high intensity spectra showing the difference in bands being enhanced

4.2.2.1 Principal Component Analysis Data

Much like the nanocube R6G SERS data, the Scree plot (Figure 41) produced using the CV

SERS spectral data showed that the first PC contained a significant portion of the total

variance at roughly 23%, with the remaining PCs experiencing a drop off in the variance

with each successive PC. This variance coverage by the first PC was expected and was

also seen in the R6G nanocube SERS data, as many of the spectra used in PCA will have

similar peakpositions and intensity. Thevariance shown in the subsequent PCswasmost

probably derived from spectra that contain chemically shifted peaks and/or unexpected

peaks.

Both the Scree and Loadings plots (Figure 41 and Figure 42a) produced using the CV

SERS data had similar trends to those of the R6G SERS data. The Loadings plot had ar-

eas of high variance near thewavenumber areas of interest that contain a large density of

peaks, much like the Loadings plot for the R6G SERS.The distribution of variance in the

Loadings plots matched the results from the R6G nanocubes, as the different PCs con-
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Figure 41: Scree Plot of CV nanocube SERS Data

tained different areas of high variance, many of which do not contain high variance in

the wavenumber regions of interest for the CV SERS peaks. As the Loadings plots were

effectively spectral representations of the PCs, they do provide information on what the

average spectra will look like for a given cluster. Outside of this there wasn’t any addi-

tional information that can be gathered from the Scree and Loadings plots regarding any

possible clustering that may or may not be occurring inside the spectral data. Alongside

the Loadings plot an average spectral plot (Figure 42b) was produced to show how the

Loading’s plot weights correlate to the average spectra. Standard deviation curves are

plotted alongside the average spectra to show the range of intensity experienced across

all spectra collected.

The Score’s plots (Figure 43a) produced for the CV SERS provided more information

than the Scree and Loadings plots, especially when inspecting the Score’s plots produced

using the first PC. Unlike the Score’s plots for R6G, these Score’s plots showed less clus-

tering within the spectral data, with a much greater spread and separation between the

data points. Some clustering was observed for the Score’s plots constructed using PC4,

but the remaining plots showed very little clustering, with most of the data points being

spread across both axis.
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(a) (b)

Figure 42: Loadings plot (a) and average spectrumwith standard deviation curves (b) for CV
nanocube SERS data

The 3D Score’s plot of the first three PCs provided some additional information on the

large cluster of data points observed in the 2D Score’s plots (Figure 43b). There appeared

to be a large grouping of data points surrounded by outlier points that span the rest of the

plot. There does seem to be someminor separation in themain group at around themid-

point, but as there was overlap of data points in this region it may suggest that this per-

ceived separation may be caused by the orientation of the plot. Outside the main group

the data points were widespread and showed no signs of clustering or grouping, appear-

ing as a diverse spread of points over all three axes. There were also some outlier peaks

that sat at the extremes of the axes and were separate from the groups and other data

points in some cases.

Theoutlier spectral plot for theCVnanocube data (Figure 44a) displayed similar results

to the R6G nanocube data, with all of the plots having broad strong peaks that did not fit

with the Loading plot outputs, likely leading towhy theywere plotted outside of the other

data points on the Score’s plots. From these plots there did not appear to be any obvious

trends as to which peaks were being enhanced, but given how isolated each spectra was

on the Scores plots (Figure 63), this was expected, as similar spectra would be grouped

together even if they were outliers from the main group of spectra. When comparing

the outlier spectra with their respective Euclidean distance value, it appeared that the
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(a) (b)

Figure 43: Scores scatter plot (a) and 3D Scores plot (b) for CV nanocube SERS data

majority of them contain values lower than expected given the apparent differences that

existed between them and the other spectra. It appeared that spectra 58 had the largest

distance value of approximately 4, well the remaining outlier spectra had much lower

values.

(a)

(b)

Figure 44: Spectral grid plot of outlier spectra (a) and Scores plot of PC1 and PC2 (b) for CV
nanocube SERS data
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4.2.2.2 ClusteringData

The Euclidean distance map for the CV data provided more evidence that no clustering

was present inside the data (Figure 45). The number of spectra with a Euclidean distance

above 2 occurred more often, with several spectra having a distance around 5. The spec-

tra with high distance values are likely to be the outlier data points seen in the 3D Scores

plot, while the spectrawith a distance above 2 are the data points that are spread out sur-

rounding the twopossible cluster of the 3DScores plot. An additional, andpossibly larger

piece of evidence against the presence of clustering, was a lowEuclidean distancewas in-

dicative of spectra therewere similar. In comparison to the distancemap of theR6G cube

data, there was considerably less low distance spectra present in the CV data, indicating

that the spectra are more disperse and spectrally different from one another, unlike the

R6G distancemap that indicated a significant portion of the spectra were spectrally sim-

ilar, as indicated by the large number of spectra with a Euclidean distance below 1.

When comparing the outlier spectra, seen in Figure 44a, with the spectra identifiedwith

Figure 45: Euclidean distance Map of CV nanocube SERS data

large distance values in the Euclidean distancemap, there did appear to be some overlap.

The outlier spectra plotted in Figure 44a were linked to high value spectra on the distance

map, namely spectra number 42, 58, 208 and 290, all of which appear to have distance



CHAPTER 4. NANOCUBES 89

values above 3. Surprisingly, the spectra with the largest value, spectra 495-7, were not

displayed on either of the Score’s plots as outlier peaks. As Euclidean distance mapping

and PCA involve different mathematical methods of separation it is possible that several

spectra could have been separated from the main group using one technique and clus-

tered together with themain group in another. Nevertheless, the outlier peaks that were

present in theScore’s plotswere identifiedon theEuclideandistancemap, indicating that

the techniques did share some similarities how they discriminate between spectra.

The self-organizing map constructed with the CV data (Figure 46) partially validated

the theory of a large cluster existing inside the data as it showed a single, large grouping

of points (blue nodes). This cluster is dispersed over several nodes that progressively get

more spectrally different, indicated through the change in colour from blue to green to

yellow. The green nodes inside the blue cluster have a distance difference, indicating that

instead of a discrete number of clusters existing inside the data set, it was more likely

that a continuum of spectra existed, similar to the R6G nanocubes data, but with amuch

larger spread and variance. The yellow nodes probably represent the outlier peaks, given

the large distance values compared to the surrounding nodes.

Figure 46: Self-organizing map of CV nanocube SERS data

This theory would be consistent with the evidence provided by both the PCA and the

clustering algorithms, as the PCA and self-organising maps showed the existence of a
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large,wide-spreadcluster,while all threeoutputs effectively refuted the existenceofmul-

tiple, discrete clusters, which was the original hypothesis.

Unfortunately, linking the clusters observed in the self-organizing map with the exact

spectra they represent was more complex than with the Euclidean distance map. This

was because during the generation of the self-organizing map the spectrum number la-

bels are separated from the spectral data anddiscarded, resulting in the final outputmap

of the spectral data becoming disconnected from the spectral labels. During the gener-

ation of the Euclidean distance map these labels are maintained, which lead to precise

links being possible between the map and the PCA outputs, which also maintain their

labels.
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4.3 Summary

After reviewing the data collected using the nanocubes over both dye molecules, it ap-

peared that the R6G adhered to nanocubes produced the greatest SERS enhancement

with the highest uniformity and consistency with respected to which Raman bands were

beingexpressed. Despite this excellentSERSenhancementhowever, thenanocubes failed

to replicate this enhancementwhenadhered toCV.Alongside this, theSERSdata for both

dyemolecules did not provide conclusive evidence in favour of the clustering theory, and

insteadprovidedpossible evidence towards the continuumtheory. Theoverall uniformity

of the nanocubes may have been a limitation to the collection of quality SERS spectra/-

data. I suspect that the appearance of irregular nanostructures inside thenanocube solu-

tion impacted the quality and consistency of the SERS signal collected, resulting inmore

variation in the SERS spectra collected. This would account for the large number of out-

liers in both the R6G and CV data and could also be the reason behind the loosely packed

cluster observed in the CV Score’s plot. Improving the uniformity of the nanocubes was

theoretically possible and has been shown to be experimentally possible in literature but

would require a greater time commitment than was available for this project. Neverthe-

less, the data collected using the synthesised nanocubes provided considerable insight

into the quality and enhancement of SERS collected, and what patterns and trends may

be present inside the SERS signal.



CHAPTER 5
Nanowires

5.1 Synthesis and Characterisation

During the optimisation of the nanocube synthesis, a product of one of the methods in-

cluded an abundance of nanorods and nanowires. At the time nanorods and nanowires

were not the target structure, so the observation was noted, and work continued into

the optimisation of the nanocubes. After themethod of nanocube synthesis was deemed

suitable for this project, the focus was shift to other structures that could act as compar-

ative surfaces to the nanocubes in Raman experiments. Nanowireswere chosen as one of

these structures due to their shape, size andmore importantly their edge to corner ratio

being larger thannanocubes. Thanks to theobservationofnanorodsandnanowires, their

synthesis was easier to isolate and replicate. The only difference between the synthesis of

nanocubes and nanorods/wireswas a slight change in the concentration of etching agent

and a shift in the PVP:Ag atom ratio to favour the formation of larger structures by min-

imising the degree of surface coverage and facet pacification that PVP had on the Ag(0)

clusters. These changes were both easy to implement and optimise, making the forma-

tion of nanowires relatively straightforward. The difficulty in nanowire synthesis arose

when attemptsweremade at controlling the length of the nanowires formed. Theetching

agent was responsible for this, as when in excess it would actively inhibit the formation

of longer structures, while too little etching agent result in the formation of irregular

structures. The interest in controlling nanowire length was to ensure a large difference

between the physical dimensions of the nanocubes and the nanowires, so a comparative

study could be run with guarantees that any differences observed were being caused by

92
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these physical differences. Fortunately, a method was developed that lead to the forma-

tion of long nanowires with consistent width distribution. The lengths of the nanowires

produced were more widely distributed than the nanowire width. Growth on the facets

responsible for the width of the nanowires are controlled by actively capping the facets

with a capping agent. Controlling the length of the nanowires was more complex than

controlling the width, as the facets located at the ends of each wire are uncapped, al-

lowing for growth to occur unimpeded. It was for these reasons that the length of the

nanowires was not actively controlled for, while attempts weremade to control thewidth

of the nanowires.

Much like thenanocube synthesis, the formationof irregular structures alongside thede-

sired product was prevalent in the nanowire synthesis. A review of the literature found

that this was found that this problem is systemic in all Ag nanowire synthesis, and that

a yield of under 80% nanowires was common for these types of synthetic methods.[87]

Unlike the nanocube synthesis however, this problem was easily mitigated through cen-

trifugation, as the nanowires were often 10-15x larger than the irregular structures and

rapidly pellet out of solutionwhen spun,making it possible to isolate the nanowires with

minimal effort.

5.1.1 Transmission ElectronMicroscopy

TheTEM images shown below (Figure 47) of the nanowires were collected after the wash-

ing procedure (discussed in Section 2.6.1) had been completed. Most of the smaller struc-

tures formed during nanowire synthesis were easily removed using centrifugation, but

some did remain, possibly adhered to the surface of the nanowires, or were stuck to one

another via an interaction between thePVPmolecules cappingboth structures. Given the

ratio of nanowires to irregular structures after centrifugation wasmassively in favour of

the nanowires, the adhesion of these irregular structures should not have a large impact

on anyRaman experiments. When investigating the quality of nanowires produced there

was some variance in the width of the nanowire, ±10% on the average width of 50 nm,

and a large variance in the length of the nanowires. Thegrowth of the nanowireswas only

haltedwhen the concentration of freeAg(0) atoms reaches 0 and each available site on the
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growingnanowires has equal surface energy,meaning adistributionof nanowire lengths

was expected. The width distribution was probably caused by some of the nanowires re-

ceiving insufficient surface capping by PVP, resulting in unwanted growth on the capped

(111) facet. The appearance of this nanowires width distribution should not impact the

Raman signal produced, as many of the nanowires are similar enough to dominate any

Raman enhancement observed.

Themulti-twinned crystal structure of the nanowires can be clearly seen in Figure 47a,

with the ends of the nanowire being the meeting point of the many facets capping the

nanowire, resulting in a rounded appearance. Unlike nanocubes which are capped by

identical facets, the nanowires are capped with multiple facets, which leads to the end

of the nanowires forming into a point where all these facets meet. These facets run the

length of the nanowire and are observed through the contrast shown in the TEM images,

as there was clearly an edge facing in the direction the imagewas collected, resulting in a

dark line running the length of thewire. Thenanowirewasprobably restingwith the edge

facing towards the electron beam, with this edge being the point of focus for the TEM,

causing the facets beyond the point of focus being less affected by the electron beam. As

these nanowires were produced using a method developed during the project it was dif-

ficult to accurately compare their appearance with other literature images. Many of the

literature methods were attempted during this project, with the hopes of reproducing

their results, but none were as successful as the method developed from the nanocube

synthesis. Many of the most cited nanowire synthesis methods required the simultane-

ous addition of the silver salt solution and capping agent via a dual channel syringe pump

system,which unfortunately was not available,making it difficult to accuately reproduce

the methodology and results.
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(a) (b)

(c) (d)

Figure 47: TEM Images of Ag nanowires synthesised using the modified polyol method
discussed in Section 3.3

Given the impact that sharp edges and corners have on the SERS enhancement, at-

tempts were made to produce nanowires with sharp edges and corners, like nanocubes.

A change in seed particle structurewas experimentedwith to try and force the formation

of single crystal nanowires rather than multi-twinned nanowires. While this was par-

tially successful the concentration of cubic nanowires (Figure 48) was not high enough to

be used in Raman experiments and no optimisation could be achieved to improve their

concentration. Determining the distribution of nanowires in solution based on the TEM

images is more difficult than with the nanocubes as the nanowires which much more
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tightly packed, leading to a high density of overlapping structures. This made distin-

guishing between overlapping nanowires complicated and even impeded accurately de-

termining the amount of non-nanowire structures present.

Figure 48: TEM image of cubic based nanorods
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5.1.2 UV-visible Spectroscopy

The UV-vis spectra collected for all the nanowires samples (Figure 49) always produced

a broad, weak spectrum with no clear peaks. This was unfortunately a known weak-

ness of using UV-vis spectroscopy as a method for characterizing large structures such

as nanowires as they contain LSPR peakswell beyond the collection range of UV-vis spec-

trometers. Also, due to the large variance in nanowire length, the strength of these LSPR

will be variable, leading to the peak broadening seen over the entire collection range. It

was for these reasons that little information could be gathered from the UV-vis spectrum

collected. A slight peak was observed around the 400 nm range, which was probably

caused by the small irregular nanostructures and their weaker LSPR peaks, indicating

that even after centrifugation there were still some remaining in the nanowire mixture.

Themost likely cause of the peak broadening observed in Figure 49 is the large length dis-

tribution of the nanowires, which leads to each different length generating a new peak

with amaxima at differentwavelength. These peakswill overlapwith one another and re-

sult the formation of a single broad peak over the entire wavelength range with no clear

peak maxima.

Figure 49:UV-vis spectrum of Ag nanowires collected in water
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5.2 RamanAnalysis

5.2.1 Surface-enhanced Raman Scattering of R6G

TheSERS spectra collected using theR6Gadhered to nanowires (Figure 50a) showed sim-

ilar vibrational mode enhancement to the R6G-bound nanocubes, although most of the

modes enhanced appeared to be between 1200-1600 cm−1, with minimal enhancement

over the rest of the spectral range. This region between 1200-1600 cm−1 is associated

with C-C aromatic bending and stretching modes. There appeared to be some spectra

that contained strong sharp peaks below 1200 cm−1, butmany of these spectra consisted

of only peaks in the C-C aromatic range. R6G SERS spectra should contain some peaks

below 1200 cm−1, such as C-H bending and stretching modes, but these peaks were not

present in most of the nanowire SERS spectra, this is possibly because the nanowires

lack the required edge sharpness to enhance these weaker modes to a point where they

become noticeable above the noise of the spectra. The high intensity spectra (Figure 50b)

(a) Spectral plot of R6G nanowires SERS spectra
made up of 903 spectra

(b) Spectral plot of R6G nanowires high intensity
SERS spectra made up of 264 spectra

Figure 50: Spectral plots of Ag nanowire R6G SERS spectra for both normal (a) and high
intensity spectra (b).

were isolated and analysed in a similar fashion to the nanocubes to determine if any clus-

tering in the spectra could be observed. There appears to be some evidence of clustering,

given the intensity and overlap of peaks around 1600 cm−1, but any clusteringwas proba-
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bly quite weak as there seemed to beminimal consistent peak overlap over the rest of the

spectral range. The signal-to-noise ratio of both the initial and high intensity plots are

poor, making it difficult to distinguish between the noise of the baseline and the weaker

peaks that were expected below 1200 cm−1. It was unlikely that the nanowires were to-

tally incapable of providing enhancement to the weaker peaks below 1200 cm−1, while

also providing extensive enhancement to the peaks above 1200 cm−1. Theseweaker peaks

were probably receiving some enhancement but not enough to overcome the baseline

noise of the spectra. It was confusing as to why such a large enhancement was observed

for the C-C stretchingmodes, while the C-H bending and stretchingmodes receive such

poor enhancement. A possible explanation was that the lack of sharp edges and corners,

resulted in poor LSPR intersections at the corners and edges, lowering the enhancement

potential of the nanowires. Given the structure of R6G (Figure 16a) it was expected that

even a SERS substrate with a weak enhancement potential would cause the expression

of C-C aromatic stretching modes as a large aromatic system makes up most of R6G’s

structure. The C-H and C-C-C modes are inherently weaker modes and would require a

larger enhancement to become visible above the noise.

A possible explanation for the difference in chemical shift and the appearance of unex-

pected peaks may be the capping agent used to produce the nanowires. Both nanowires

and nanocubes were prepared using a PVP as a capping agent which is Raman active and

could be the source of this difference in chemical shift and the cause of some unexpected

peak appearances. Other factors that could be responsible for the difference in chemical

shift and appearance of unexpected peakswas the solvent exposure tomolecules adhered

to corners and edges becoming solvated and perturbing their electronic structure. This

combination of dull corners and edges and solvatedmolecules adhered to these locations

could be the cause of the unexpected peak location and intensity.

Much like thenanocubedata, a gridplot of several high intensityR6Gnanowire spectra

(Figure 51) was produced to better understand what Raman band enhancement may be

occurring. There appeared to be some consistent band enhancement patterns occurring

within the spectra plotted, with many of the plots sharing similarities, such as plots 4, 5
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and6, andplots 9, 12 and 13. Theoccurrenceof thesepatternsmaybe evidence supporting

the idea that different regions on the nanostructure produce different SERS signals, as

there appears to be several distinctly different SERS spectra present in the grid plot.

Figure 51: Grid plot of high intensity R6G nanowire spectra
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5.2.1.1 Principal Component Analysis Data

TheScree plot (Figure 52) for the nanowireR6Gdatawas dominated by thefirst PC,which

constituted 24% of the total variance of the system, while the subsequent PCs made up

progressively less of the total variance. The drop off in variance covered by the later PCs

was similar to the trends observed in the R6G nanocube data, with the second PC mak-

ing up approximately 15% of the total variance and the later PCs covering below 4% of the

remaining variance. Thehighdensity of the peaks and the lack ofmany outlier peaks sug-

gested that the large variance coverage of PC1 was reasonable, as the spectral differences

between these spectra would be less than those seen in the nanocubes data. This expla-

nation would also account for the rapid decrease in variance coverage by the subsequent

PCs, asmost spectra contained peakswithin a narrowwavenumber range and the lack of

outlier peakswould lower the total variance between the spectra. When investigating the

Figure 52: Scree plot of R6G nanowires SERS data

Loadings plot of the R6G nanowire data (Figure 53b), the representation of the first PC

showed a region of largest weight between 1200 – 1600 cm−1, while the remaining PCs

displayed a range of weighted regions. The Loadings plot for PC5 was interesting as it

contained numerous strong sharp peaks across the entire spectral range, rather than the

usual smooth baseline of the other Loadings plots. This could be indicative of there be-
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ing too many PCs used during the analysis, leading to the later PCs containing minimal

weight. The low weight accounted by PC5 shown in the Scree plot supports this explana-

tion although the difference in the weight covered by PC3, PC4 and PC5 was not signifi-

cant enough to completely validate this idea. Thiswouldmean that the appearance of the

PC5 Loadings plot were caused by an unknown variable. Comparing the Loadings plot

to the average spectra plot (Figure 53b), both appear to share areas of spectral intensity.

Outside of this observation, the appearance of both the Loadings and Scree plots were as

expected and followed similar trends to the nanocube plots.

(a) (b)

Figure 53: Loadings plot (a) and average spectrumwith standard deviation curves (b) for R6G
nanowire SERS data.

Theprimary observationmade from the 2DScore’s plot array (Figure 54a) was the large

spread in the data points over most of the plots, excluding the PC1 vs PC2 plots. This is

possibly evidence of this data displaying similar trends to the nanocube data and con-

taining a continuumof different spectra. As therewas extensive spread over all the plots,

especially over the PC1 plots, it is difficult to determine if any clustering was present in

the data using the PCA outputs. Much like the R6G nanocube data, there did seem to be

some clustering present in the plots, but the clusters were not consistent over the differ-

ent plots, making it difficult to identify trends inside the data.
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The 3D Score’s plot (Figure 54b) provided some insight into the data point clusters ob-

served in the 2DScore’s plots for the PC1 andPC2plots. Thedata points fit a shape resem-

bling a cone, and the bulk of the data forming a tight string that runs the length of the

group, with the remaining data points spreading out from the string. Outside of these

observations there did not appear to be any trends in the data, as the remaining data

points were sporadically spread across all three axis. The overlapping of data points in-

side the bulk of the data points was a promising observation, as theoretically the SERS

spectra should be identical, but the low number of overlapping occurrences suggested

that the experimental data does not fit this idea.

(a) (b)

Figure 54: Scores scatter plot (a) and 3D Scores plot (b) for R6G nanowire SERS data.

Theexperimental datamore closely fitted the continuum idea given the connected string

of data points, and there was a continuous slight change in spectra from one end of the

string to the other. Also the data set did not fit the clustering idea, as multiple discrete

clusters were not present in either of the outputs, as would be expected for a data set

fitting this idea. Much like the other data sets, the primary data point cluster was sur-

rounded by several outlier peaks that span the entire plot, across all three axis.

The outlier spectra for the R6G nanowire data displayed weak broad enhancement be-

tweenapproximately 1250 cm−1 and 1700 cm−1. Theredidnot appear to be any semblance
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of patterns inside the outlier spectra. All of the outlier spectra were identified using the

same methodology as the nanocube data, with the outlier spectra being linked with the

outlier data points of the Score’s plots (Figures 54a and 55b). Comparing these outlier

plots to the spectra to those displayed in the high intensity grid plot (Figure 51) it appears

that the PCA was successful in separating and isolating the spectra, as the outlier spec-

tra appear to share very little similaritieswith those shown in Figure 51. Comparing these

outlier spectrawith thosedisplayed in theEuclideandistancemap for this data set(Figure

56) with large distance values, it appeared that there was some correlation. Some of the

outlier spectra displayed in Figure 55a did appear to have large distance values, spectra 96

and 215, while the remaining spectra (282, 286, 285, and 321), all of whichwere the largest

outlying spectra, appeared to have distance values below 1. This is possiblymore evidence

that PCA andEuclidean distancemapping do not separate the spectra in similarmanner,

making it difficult to determine which spectra are distinctly different from others.

(a)

(b)

Figure 55: Spectral grid plot of outlier spectra (a) and Scores plot of PC1 and PC2 (b) for R6G
nanowire SERS data
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5.2.1.2 ClusteringData

The disparity of the data observed in the PCA results were also observed in the cluster-

ing technique results, with the Euclidean distance map (Figure 56) showing a number of

spectra with a distance above 2, and a cluster of spectra above 4. Most spectra appear to

have distance values below 2, whichwas expected as the Score’s plots indicated thatmost

of the data pointswere inside the cluster and the string. The spectrawith a distance value

above 4 were probably related to the outlier peaks observed in the Score’s plots. When re-

Figure 56: Euclidean distance map of R6G nanowires SERS data

viewing the PCA and clustering results with respect to the appearance of raw spectra, the

lack of outlier peaks observed in the raw spectra appeared to correctly represent the anal-

ysis output, as the Score’s plot contains very clear outlier data points at the extremes of

the axes and the Euclidean distancemap contained several spectra with a distance above

4.

The self-organising map (Figure 57) contained a group of yellow nodes with a larger

distance difference to the neighbouringnodes,which could correlate to the outlier peaks,

given their difference to themain cluster of spectra. Theblue andgreennodes, that corre-

spond to groups of spectrawith a distance value below 1.5,make up the largest portion of
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themap and, given their low distance values, probably relate to the spectra that make up

the cluster and string observed in the Score’s plots. These observations appear to fit with

the results of the Euclidean distancemap and Score’s plot, as themain grouping and out-

lier peaks seem tobe correctly represented in all three outputs. The spreadof the greenish

blue nodes across the left-hand side of the self-organizing map possibly represents the

spread in themain group and the string of data points observed in the 3D Score’s plot, as

they should contain progressively different spectra across a large amount of spectra.

Figure 57: Self-organizing map of R6G nanowires SERS data
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5.2.2 Surface-enhanced Raman Scattering of CV

TheCVSERSspectra (Figure 58a) collectedusing thenanowires substratewere consistent

with both the literature and the nanocube CV SERS. The initial spectral plot displayed

two regions of high peak intensity, one at 800 cm−1 and another between 1100 cm−1 and

1600 cm−1. Thehigh peak intensity in these regions fitswith the theoretical peak location

of CV’s vibrational modes. The peaks at 800 cm−1 have been related to the C-H bend-

ing vibrational mode, while the peaks between 1100-1600 cm−1 probably correspond to

the aromatic C-C bending and stretching vibrational modes, although it was difficult to

identify specific modes given the density of peaks in these regions. An expected band

that was not expressed as intensely was the C-N bending vibrational mode that should

be at 914 cm−1. Some spectra do contain amode at this wavenumber, but themajority do

not. Research has found that the C-N band shifts from 423 cm−1 to 214 cm−1 due to the

decrease in bond length as the nitrogen atom is involved in the coordination of molecule

to the Ag surface ([88]). The peaks at 900 cm−1 are often associated with the aromatic

ring skeletal vibrations, but it was unusual that they are not being expressed as intensely

as the other vibrational modes associated with the aromatic ring. This mode may be in-

herently weaker than the other aromatic modes and could be getting suppressed by the

more intense peaks, leading to the skeletal peaks being lost in the baseline noise. Much

like the previous nanostructures the same vibrational frequency shiftsmay be occurring,

with solvation of edge and corner molecules being the primary cause of the changes in

vibrational frequency. The high intensity spectral plot (Figure 58b) allowed for the iden-

tification of the peaks that were being enhanced within the 1100-1600 cm−1 region, as

the removal of the lower intensity spectra improved the signal-to-noise in these regions.

Unlike the peaks at 800 cm−1 there did not appear to bemuch consistency inwhich peaks

were enhanced between 1100 cm−1 and 1600 cm−1. There was a high peak density at 1650

cm−1 which appeared to be only one side of several overlapping peaks, as the same peak

density was not present on the opposite side. The sharp narrow peak distribution at 1170

cm−1 was similarly intense in both the initial and high intensity spectral plots, indicat-

ing that a proportion of the spectra contained a peak at this position. These peaks were

associatedwith C-H bending vibrations andwas expected to be present in all SERS spec-
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(a) Spectral plot of CV nanowires SERS spectra
made up of 790 spectra

(b) Spectral plot of CV nanowires high intensity
SERS spectra made up of 344 spectra

Figure 58: Spectral plots of Ag nanowire CV SERS spectra for both normal (a) and high intensity
spectra (b).

tra, given the large number of C-H bonds inside the molecule. This C-H bending mode

contained two peaks, one at 800 cm−1 and another at 1170 cm−1, so it was possible that

the 1170 cm−1 peakswas theweaker of the two bands andwas only expressed sporadically

and with less consistency than the 800 cm−1 peak, which seemed to occur with a much

higher frequency.

Much like the nanocube and previous nanowire data set, the grid plot of the high inten-

sity spectra for the CV nanowire data (Figure 59) appeared to show some spectra that

shared similar band enhancement and intensity, plots 0 and 1 and plots 11 and 12, with

the remaining plots displayed spectra containing a larger distribution of peak enhance-

ment and intensity. Excluding plots 0-2, the plots appeared to contain either one or two

strongly enhancement peaks over a narrow Raman shift, with minimal peak enhance-

ment over the remaining spectral range. It was difficult to determine what conclusions

could bemade from these spectra, as there did not seem to be any clear trends or patterns

inside between them.
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Figure 59: Grid plot of high intensity CV nanowire spectra

5.2.2.1 Principal Component Analysis Data

The Scree plot (Figures 60) fit the trends established in the nanocube and R6G nanowire

data, with the first PC containing a significant portion of the total variance while the

remaining PCs covered progressively less. When comparing this Scree plot to previous

plots, the percentage variance being covered by the first PC was higher than that of the

previous plots, with approximately 29% of the total variance being covered. The variance

drop-off in the remaining PCs is nearly identical to the previous datasets, with the sec-

ond PC covering between 10-15% and the remaining three PCs covering approximately

5% each. The large variance coverage achieved by PC1 probably means that a significant

portion of the data was spectrally similar and can be effectively covered by a single PC.

This degree of coverage could correspond to a large cluster of peaks in the Score’s plot,

while the coverage of PC2 possibly indicates the presence of either a secondary cluster or

other pattern inside the Score’s plot. The coverage provided by PC1, whichwasmore than

any other PC in this entire study, implied an increased uniformity in the spectra when
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analysing the nanowires, as a greater portion of the total spectra are being represented

by thePC.TheLoadings plot (Figure 61a) for PC1 looked very similar to the average spectra

Figure 60: Scree plot of CV nanowires SERS data

of the CV data (Figure 61b), with highly weighted regions at 600 cm−1 and a broad region

between 1100 cm−1 and 1600 cm−1. PC1 also appeared to have lowweight at the 800 cm−1

region, which should be a highly weighted region based on the spectral plots. PC2 looked

to be composedprimarily of highlyweighted areas at 500 cm−1, 800 cm−1 and 1700 cm−1.

The appearance of the PC1 and PC2’s Loadings plots, suggested that during the PCA pro-

cess the variance at 800 cm−1 and the variance between 1100-1600 cm−1 were split into

separate PCs to maximise the total variance over the number of PCs available. The plots

of the remaining PCs consisted of highly weighted regions over numerous wavenumber

ranges, that accounted for the remaining peaks present in the spectral plots. The Score’s

plot array (Figure 62a) results were consistent with the predictions made from the Scree

and Loading’s plots, as the plots produced using PC1 and PC2 displayed a single large

cluster of data points neighbouring each other, with some separation inside the cluster

that could mean that the cluster was made up of multiple smaller clusters. Excluding

these plots, the major trend observed in the remaining plots was a single large cluster

of data points, surrounded by outlier data points. This observation was prevalent over
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(a) (b)

Figure 61: Loadings plot (a) and average spectrumwith standard deviation curves (b) for CV
nanowire SERS data

the other data sets investigated using the other nanostructures. The cluster observed in

the PC1 vs PC2 Score’s plots appeared to consist of two areas of large data point density

neighbouring each other. Surrounding both clusters were outlier data points that did

not conform to either of the clusters. The separation inside the cluster was less apparent

than the previous data sets as there was a large amount of overlap that was difficult to

interpret given the 2D nature of this plot. As the plot is only 2D the data points at the

intersection between clusters may be further from the clusters than originally thought.

Theoutlier data pointswere probably representative of the outlier spectra observed in the

spectral plots, given their significant difference compared to the rest of the data. The 3D

Score’s plot (Figure 62b) provided greater insight into the possible clustering observed in

the 2D Score’s plot, showing that therewas someweak separation in the data points. Un-

fortunately, both suspected clusters had high overlap, making it difficult to isolate their

shape. The clusters appeared to contain strings of data points that neighbour each other.

This could be indicative of the continuum idea, as these strings of data points showed

that the spectra contained progressively minor differences from one end of the string to

the other, while still containing enough similar spectral data to be grouped together by

PCA. The separation between the suspected clusters was not clear enough to form any

conclusions into which idea, if any, were responsible for the appearance of the Score’s
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(a) (b)

Figure 62: Scores scatter plot (a) and 3D Scores plot (b) of CV nanowire SERS data

plot output.

The outlier grid plot of the CV nanowire data (Figure 63a) shared similarities to the

R6G nanowire data, with many of the spectra displaying broad enhancement over large

regions of the spectra and no patterns between the plots. All of the outlier spectra dis-

played in this plot were far spread, from both themselves and other spectra, in both the

Score’s plots (Figures 62a and 63b), possibly indicating that the PCA deemed them to be

distinctly different from one another and the rest of the spectra collected. The Euclidean

distance values correlated to these outlier spectra did not appear to share these level of

separation, as none of the PCA outlier spectra had a distance value above 3. These spec-

tra were 77, 256, 327, 588, 589 and 619. This observation matched the observations made

about the R6G nanowire data, with the majority of those outlier spectra having surpris-

ingly low distance values for how separated they were inside the Score’s plots. The spec-

trumwith the largest distance value in the CV nanowire data, spectrum 650 with a value

of approximately 7, appeared in the large cluster of spectra in all PCA outputs, and as a

result was not considered an outlier.
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(a)

(b)

Figure 63: Spectral grid plot of outlier spectra (a) and Scores plot of PC1 and PC2 (b) for CV
nanowire SERS data

5.2.2.2 ClusteringData

The quality of information provided by the Euclidean distance map (Figure 64) of this

data set was relatively weak, as many of the spectra were similar enough to not produce

a large distance difference in the distance plot. There was only a small portion of spectra

with adistance value of 5 and 7, and thesewerepossibly the outlier peaks observed inboth

the spectral plots and the Score’s plots. This observation simply provides more evidence

towards the confirmation that a small portion of the total spectra are outliers. The Eu-

clidean distance map does allow for the identification of which spectra are outliers, but

because only a small portion of the spectra are outliers, their impact on the analysis was

minimal. A secondary observation was the remaining spectra appeared to be split into

spectra with a distance above 3 and spectra with a distance below 1. It is possible that

this separation in the data was evidence of the clustering observed in the Score’s plots, as

one cluster of data points should be spectrally different to the other cluster, resulting in a

distance difference between in the spectra that make the clusters. Like in the Euclidean

distance map, the outlier spectra are likely being displayed in the self-organising map
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Figure 64: Euclidean distance map of CV nanowires SERS data

via the 3 high distance nodes, coloured yellow and light green, as they have the largest

distance difference compared to the other nodes. This trend was common in all the data

sets and made sense as the outlier spectra should have a larger distance difference than

the other spectra. The green nodes neighbouring the central yellow node were difficult

to identify, as they should theoretically correlate to data points inside one of the clus-

ters, but the spread of the green nodes was counter to this theory. In contrast to this, the

blue nodes should correlate to the data points inside the other cluster. The spread in both

the green and blue nodes could be indicative of the strings of data points observed in the

3D Score’s plots. The green nodes were connected and appeared to fit the string of data

points idea, but it was difficult to draw definitive conclusions using just this plot. The

overall distance difference was onlymarginal considering the largest difference is only 3,

which in comparison to other plots with a difference of 6-7, was relatively low.
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Figure 65: Self-organizing map of CV nanowires SERS data

5.3 Summary

The data collected of both R6G and CV adhered nanowires did not provide the same level

of insight into the patterns and trends present in the SERS spectra as obtained for the

nanocubes. The R6G data displayed no clear signs of discrete clustering, with the clus-

tering outputs showing a single, large, widespread cluster of data points, and no obvious

trends or patternswere present. The amount of vibrationalmode enhancement provided

by the nanowires for R6G was notably worse than the nanocubes, as several of the lower

wavenumber modes were not expressed to the same extent as the nanocubes, or even

expressed at all. The CV data was more promising, as the nanowires managed to pro-

duce similar enhancement to the nanocubes, with a more tightly packed cluster of data

points being observed in the clustering outputs. Some evidence of multiple clustering

occurring inside the CV data was observed, but the clustering theory will require more

evidence before being validated. It is possible that thephysical structure of thenanowires

was the cause of the poor enhancement quality, as the low concentration of sharp edges

and corners should diminish the enhancement quality they provide. The edge and corner

sharpness of the nanowires were inconsistent and worse than the nanocubes, which in

combination with the large crystal face surface area, was probably the reason behind the

poor enhancement of the weaker vibrational modes in the R6G spectra. Improvements
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could be made to the quality and uniformity of the nanowires, which in turn should im-

prove theSERSspectraproducedusing them, butmore timewouldbe required toachieve

this. If it were possible to produce the cubic nanowireswith higher uniformity then theo-

retically the SERS enhancement provided should be greatly improved, as the sharp edges

and corners should enable the enhancement of the weaker vibrational modes of both dye

molecules.



CHAPTER 6
Nanoplates

6.1 Synthesis and Characterisation

Of the three nanostructures produced, the nanoplates were the easiest structure to pro-

duce, as a documented method of synthesis was replicated with only minor changes re-

quired to producenanoplates similar to those shown in literature. In termsof optimizing

the production of nanoplates, very little changeswere required tomaximise the yield and

quality of nanoplates produced. During testing itwas discovered that therewere twopiv-

otal steps during nanoplate synthesis, the first being in the growth of seed particles and

the secondbeing the temperature control duringnanoplate growth. During the synthesis

of seed particles if the reagentswere not carefully prepared and precisely introduced into

the reaction vessel, then the seedparticles producedwill formover a larger size and shape

distribution, which in turn will lead to more irregular nanoplates. Additionally, during

the nanoplate growth portion of the reaction, if the reaction temperature exceeded 5°C

than the reaction kinetics will increase and nanoplateswill begin to form rapidly, leading

to increased growth on all crystal facets and resulting in irregular nanostructures form-

ing. No major changes to the literature method were made and the method appeared to

be easily reproducible, as the reactionwas repeated several timeswith consistent results.

6.1.1 Transmission ElectronMicroscopy

The TEM images (Figure 66) collected of the nanoplate samples showed an abundance of

plate like structures, with minimal irregular structures. The quality of the nanoplates

appeared to vary slightly in edge and corner sharpness, while the size and shape of the

117



CHAPTER 6. NANOPLATES 118

nanoplates was consistent, with an average edge length of 100 nm. Truncation of the

cornerswas observed,whichwas possibly caused by slight variations in the etching agent

concentration or the reaction kinetics. The nanoplate reaction was temperature depen-

dent, so a slight change in the reaction temperature will also impact the growth of the

nanoplates, as the reaction kinetics will increase with temperature resulting in nanos-

tructures forming faster and with less control over their size and shape. Some other

physical properties of the nanoplates were also observed including the thinness of the

nanoplates, the folding and overlapping of nanoplates and the structure of the seed par-

ticles used in the synthesis of nanoplates. The thinness of the nanoplates was discussed

in the literature where they estimated an approximate depth of 6 nm. The TEM used

in this project did not have the resolution required to accurately measure the thinness

of the nanoplates synthesised, but the thinness of the nanoplates could still be observed

and used to compare with the other nanostructures. The overlap of nanoplates shown

in Figure (66c) gave the best example of how thin the nanoplates are, as it was easy to

see the outline of one plate underneath another. The TEM relies on an electron beam

to generate images, making it difficult to determine the depth of metallics structures as

they dissipate the electrons as their depth increases. The contrast seen on the face of the

nanoplates could be indicative of a slight variation in thinness or a more probable rea-

son is the trapping of solvent under the nanoplates. An unexpected consequence of the

thin nature of the nanoplates was their apparent flexibility and their ability to fold onto

themselves, without any noticeable damage to the plate. This could have unexpected re-

sults on theSERSdata collectedusing the foldednanoplates, if itwerepossible toproduce

a sample of folded nanoplates. It is currently unclear whether this folding process can be

controlled or how it was caused, so it is unlikely to be possible to investigate the SERS en-

hancement of folded nanoplates. This folding could introduce an addition surface plas-

mon resonance junction, that may cause a change in both the Raman enhancement and

the position of the LSPR seen in its UV-vis spectrum.

The TEM images collected of the nanoplate seed particles show amuch greater disper-

sity inboth the sizeandshapeof structurespresent. Someplate-like structures are clearly

visible in the seed particle TEM images alongwith smaller, spherical irregular structures.
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(a) (b)

(c) (d)

Figure 66: TEM images of triangular Ag nanoplate synthesised using the citrate reduction
method discussed in Section 3.4

Many of these irregular structures are removed via oxidative etching, but some remain

in solution and grow during the growth step of the nanoplate synthesis, leading to larger

irregular structures seen in Figure 66d. These irregular structures are of low enough con-

centration to not impact the SERS enhancement quality. Like nanocubes, the removal

of these irregular structures would be difficult, if not impossible, due to the similari-

ties in size and shape impacting the effectiveness of using separation techniques such

as centrifugation or filtering. If more time were available or it was deemed essential,

the method of synthesis for the nanoplates could be optimised to lower the concentra-
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tion of irregular structures further. As the growth of the structures was dictated by the

initial structure of the seed structures, the first step in optimising the reaction would be

to minimise the concentration of irregular seed structures and establish stricter control

over the reaction kinetics during the growth stage of the nanoplate reaction tominimise

unwanted rapid growth.

6.1.2 UV-visible Spectroscopy

The UV-vis spectrum collected of the Ag nanoplates (Figure 67) contains a strong, sharp

peak at the 400 nm range with a secondary weaker broad peak at the 500 nm range. The

peak at 400 nm was assumed to be the LSPR peak from the nanoplates, as their surface

plasmonswill be comparable in size to the nanocubes, leading them to absorb at a similar

wavelength. The strength and sharpness of this peak was indicative of the high mono-

dispersity of the nanoplates, showing that there wasminimal variance in the nanoplate’s

size and shape. The secondary peak at 500 nmwas probably caused by larger nanoplates

and other nanostructures, as the broadness of the peak indicated a higher dispersity of

structures, while the longer wavelength indicated a larger LSPR was responsible for the

peak.

Based on the TEM collected it was possible that this peak was caused by larger plate-like

structures that have probably undergone some folding or other changes to their struc-

ture. The nanoplates have several surface plasmon resonance junctions at both the edges

and corners, where the surface plasmons on the top and bottom faces meet. The ra-

tio of edges to faces was comparable to nanocubes, although given the somewhat two-

dimensional nature of the nanoplates, the corner plasmon junctions are made up of two

plasmons rather than three plasmons for the nanocubes.
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Figure 67:UV-visible spectrum of Ag nanoplates collected in water

6.2 RamanAnalysis

6.2.1 Surface-enhanced Raman Scattering of R6G

The first observation of the SERS spectra of R6G adhered to the nanoplates (Figure 68a)

was the abundance of SERS peaks over the entire spectral range that all have very similar

normalized intensities. Given the low density of these peaks they appeared to stem from

single spectrum, making it difficult to discern much from the information they provide,

as they were only present for one spectrum out of the several thousand collected. Fortu-

nately, only the peaks above 1700 cm−1 were unexpected peaks, as the remaining peaks

occurring in or around the wavenumber regions where SERS excitationwas expected for

R6G, so the peaks above 1700 cm−1 can be considered outlier peaks, likely stemming from

contaminants present during SERS signal collection. When reviewing the other trends

present in the spectra, the regionsofpeakdensity are clearly seenabove thebaselinenoise

of the spectra, with high peak density at 600 cm−1, 800 cm−1, 1150 cm−1, 1400 cm−1,

1500 cm−1 and 1650 cm−1, all of which are expected for R6G SERS signals. Apart from the

extreme enhancement of the peak at the 800 cm−1, the remaining SERS peaks appear

to have undergone a consistent degree of enhancement. This could have been possibly
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caused by both the high degree of uniformity of the nanoplates and the low concentra-

tion of irregular secondary structures, which were both higher and lower respectively

than those observed in the nanocube and nanowire analysis.

Surprisingly, the high intensity spectral plot (Figure 68b) did not provide any additional

insight in the trends in the data over the initial spectral plot. A possible reason for this

was the signal-to-noise ratio of the initial spectral plot was not large enough to discern a

significant amount of information. With the decrease in spectra that makes up the high

intensity plot, the trends observed in the initial spectral plot became harder to see. The

most useful trend for understanding what was occurring inside the data was the strong

baseline peak regions that clearly show which wavenumber regions are most readily ex-

pressed. The aromatic C-C stretchingmodes at 1364 cm−1, 1512 cm−1, 1576 cm−1 and 1652

cm−1 are all present and readily expressed, alongwith the in-phaseC-O-CandC-Hbend-

ing at 1312 cm−1 and 1183 cm−1 and the C-H andC-C-C out-of-phase bending at 779 cm−1

and 614 cm−1 respectively. This was possibly indicating the degree and quality of SERS

enhancement that the nanoplates provide.

(a) Spectral plot of R6G nanoplates SERS spectra
made up of 734 spectra

(b)High intensity spectral plot of R6G nanoplates
SERS Spectra made up of 168 spectra

Figure 68: Spectral plots of Ag nanoplates R6G SERS spectra for both normal (a) and high
intensity spectra (b).

Excluding theextremely strongpeaksat 800cm−1 and 1400cm−1, theSERSpeakswere

surprisingly consistent in both intensity and peak shape. Most of the peaks were sharp,
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narrow, and had a normalized intensity of approximately 0.4 intensity. Comparing these

results to theRamandata collectedwith theothernanostructures, thisuniformity inpeak

shape and intensity was only seen in the nanoplate SERS data.

The high intensity spectra, plotted in the grid plot (Figure 69), followed the trends from

the previous nanostructure data sets, with some of the spectra sharing similarities in

peak enhancement, location and intensity. Many of the spectra shared these similar-

ities, with plots 0-2 sharing being the most similar, with the remaining spectra being

made up of a distribution of peak enhancement and intensity. Several plots, 4, 5, 6 and

14, appeared to only contain a single strongly enhanced peak, often neighbouring aweak,

broad secondary peak. These plots were the most dissimilar from the other plots. There

did not seem to be any other clear patterns or trends, whichmade it difficult to draw any

further conclusions from the spectra displayed.

Figure 69: Grid plots of high intensity R6G nanoplates SERS spectra
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6.2.1.1 Principal Component Analysis Data

The Scree and Loadings plots (Figures 70 and 71a) showed similar trends to the previous

nanostructures, with the first PCmaking up a large portion of the total variance, with the

subsequent PCs comprising progressively less. Noteworthy observations about the Scree

plot includePC1 constitutingapproximately 25%of the total variance,which is larger than

previous nanostructures, and PC2making up a significant portion of the variance ( 15%).

The expected drop off variance coverage was still observed in the later PCs, with the drop

off being consistent with previous nanostructures. The relatively high variance covered

by PC2 could be indicative of clustering as there were two different PCs that covered a

significant portion of the total variance. The Loadings plots showed similar trends to the

previous nanostructures, with PC1 and PC2 having highly weighted regions similar to

those seen in the spectral plots. The weighted regions differed between PC1 and PC2,

which was expected as they were representing different amounts of variance. PC1 had

two large regions, onebetween600– 1000cm−1 and theother between 1200– 1600 cm−1,

while PC2hada regionbetween800– 1600 cm−1. Given the largenumberof peakswithin

these wavenumber regions, having high variance over two principal components in the

same wavenumber range was theoretically possible. The drop-off in variance covered by

Figure 70: Scree plot of R6G nanoplates SERS data
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the each of the PCs follows the trends seen in the other sets of data, with the primary and

secondary PC containing a large portion of the total variance, while the remaining PCs

made up around 5% of the variance each.

(a) (b) .

Figure 71: Loadings plot (a) and average spectrumwith standard deviation curves (b) for R6G Ag
nanoplate SERS data.

TheScore’s plot (Figure 72a) for the R6G nanoplate data displayed interesting patterns,

ranging from clustering to long streams of data points, to combinations of both. Score’s

plots producedusingPC1 exhibitedmainly clustering,while PC2plots displayed patterns

closer to the ones seen in the R6G nanocube data, where a stream of data points leads to

a cluster of data. The difference between the PC1 and PC2 plots was another promising

piece of evidence suggest the existence of two distinctly different types of spectra present

inside the data set. The plots produced using the remaining PCs showed loosely fitting

clusters, like those seen in the PC1 plots.

The 3D Score’s plot (Figure 72b) clearly shows the stream of data points connecting to

the large cluster of data points. The bulk of the data points made up the cluster, with a

small portion used in the creation of the streamwhile the remaining points were outlier

points existing at the extremes of the axis. The cluster appeared to be tightly packedwith

a low number of extreme outlier points.

It was possible that the distribution of data points shown in the 3d Score’s plot could be

representative of two or more different spectra existing inside the data. The outlier data
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(a) (b)

Figure 72: Scores scatter plot (a) and 3D Scores plot (b) for R6G Ag nanoplate SERS data.

points were probably spectra that contain contaminant peaks and/or the spectra with

the extreme enhancement. The data points that made up the cluster were tightly clus-

tered suggesting that they should be spectrally similar, while the data points that made

up the streamwere somewhat similar to the clustered data points but grow progressively

different as they travelled away from the cluster. This sort of trend does not fit with the

clustering theory hypothesis andwas possibly evidence of the continuum theory instead,

as this progressive change in spectral data was more consistent with the data shown in

previous nanostructures data sets.

The outlier spectra displayed in the Score’s plots produced using the R6G nanoplate

data set were plotted and displayed in the grid plot seen in Figure 73a. These outlier spec-

tra followed the trends observed in the nanocube and nanowire data sets, with a range of

spectra being displayed, all of which contained a different distribution of peak enhance-

ment and intensity. Unlikemanyof theotherdata sets theredidnot appear to be any clear

patterns or trendswithin these spectra, as none of themshared any clear similarities. Af-

ter referring back to the Score’s plot (Figure 73b) used to identify the outlier spectra, all

6 spectra displayed in Figure 73a were clearly separate from the main cluster of spectra.

When comparing this separation to the Euclidean distance for the respective spectra, it

appeared that only one of the outlier spectra, spectra 57 displayed in plot 5 of Figure 73a,
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had a distance value that matched the separation observed in the Score’s plot. All other

outlier spectra (1, 25, 26, 27 and 249) did not appear to have distance values close to what

would be expected given the separation observed in the Score’s plots, as all their distance

values were below 2. Given the huge difference in distance value of spectra 57 compared

to other spectra, the distance value of the other outlier spectra may have been dispro-

portionally represented or suppressed, resulting in them not be accurately represented

in the Euclidean distance map. Excluding this observation, it appeared that the trend of

the PCA separation not matching the Euclidean distance value continued for this data

set.

(a)

(b)

Figure 73: Spectral grid plot of outlier spectra (a) and Scores plot of PC1 and PC2 (b) for R6G
nanoplates SERS data
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6.2.1.2 ClusteringData

The Euclidean distance map (Figure 74) appeared to correlate with the Score’s plot, as

many of the spectra were similar, as shown in the high number of spectra with a dis-

tance value of approximately 2 or lower. There was some diversity within these spectra,

with some spectra having a distance within the 2-3 distance range. These aremost prob-

ably the spectra that make up the string of data points observed in the Score’s plot. The

outlier data points seen in the Score’s plots were also present in the distance map, with

several spectra containing a distance value above 5, indicating a large difference between

those spectra and their neighbours. The dark regions inside the distance map relate to

the spectra inside the cluster, as their distance values are below 1, indicating a high de-

gree of similarity between them. These observations matched the appearance of Score’s

plot and act as possible evidence towards validating the theory that a continuum of spec-

tra was present inside the spectra.

The lowdistance between the spectra is also displayed in the self-organizingmap (Figure

Figure 74: Euclidean distance map of R6G Ag nanoplates SERS data

75) generated from this data set, as unlike previous data sets, the distance scale bar on the

right of the map showed a maximum distance of 1.25, in comparison to other data sets

which had amaximumdistancewell above this. A single cluster of nodeswith a large dis-
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tance difference in comparison to neighbouring nodes was present inside the map and

was probably due to the outlier peaks. The reason for this assessment stems from the evi-

dence provided by the Euclidean distancemap, that showed only a few spectra had a high

distance value and the appearance of outlier peaks shown in the Score’s plots. The spectra

that make up the cluster and stream of data points in the Score’s plots were probably not

being represented by the cluster in the self-organisingmap, as they had very lowdistance

differences and were quite tightly clustered. For this reason, it was more likely that the

yellow node was the outlier peaks, while the greenish blue nodes were the spectra inside

the cluster and stream. TheEuclidean distance and self-organisingmaps did not provide

any additional information into the validity of either of the leading theories.

Figure 75: Self-organizing map of R6G Ag nanoplates SERS data
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6.2.2 Surface-enhanced Raman Scattering of CV

TheSERS spectra collected of the CV adhered to the nanoplates (Figure 76) displayed sev-

eral strongpeaks over the entire spectral range. Within thesepeaks are some that are only

present in a single spectra and occur at wavenumbers that are uncommon in comparison

to both the other spectra aswell as the literaturewavenumber values forCV.Much like the

SERS spectra of R6G that was collected using the nanoplates, the peak positions with the

highest density were clearly visible in the baseline of the spectral plot, making it easier

to distinguishwhich peak positionswere being regularly expressed during a SERS event.

Unlike the R6G nanoplate spectral plot, the signal-to-noise in the region between 1100-

1600 cm−1 was improved and allowed for better identification of peaks positions inside

this region. The expected peaks for CV all appear to be present within the spectral plot,

with some minor shifts in wavenumber that may have been due to fluctuations in bond

length given the very slow exposure time used during SERS data collection. The peaks

between 1500 cm−1 and 1650 cm−1 appear to have undergone the largest peak shifting,

which was possibly being caused by the fluctuation of aromatic C-C bond lengths inside

the aromatic rings. This peak shifting was especially prominent because of the very low

Figure 76: Spectral plot of CV Ag nanoplates SERS spectra made up of 572 spectra

exposure time of the spectrometer, as bond length fluctuation would be easier to detect
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in comparison to literature values that are collectedwith long exposure times. Within the

1500-1650 cm−1 range there is expected to be two peaks, one at 1590 cm−1 and the other at

1622 cm−1, both of which correspond to the C-C aromatic stretch. The peaks at 1371 cm−1

correspond to the C-C centre stretching vibrational mode, while the peaks at 1178 cm−1

and 806 cm−1 were C-H bending vibrational modes. The peaks at 914 cm−1 are typically

associatedwith radical-ring skeletal vibrationalmodes. Theonly unidentifiedpeakswere

at approximately 1200 cm−1 and could possibly be attributed to either a shift of the 1178

cm−1 peaks or they could correspond to another vibrational mode that is unaccounted

for in the literature. The peaks at this position were strong and frequent, indicating that

they were unlikely to be caused by contaminants and are possibly either peak shifted C-C

centre stretching or C-H bending vibrations, although their origin was unclear.

As observed with the R6G nanoplate data, the high intensity spectral plot (Figure 77a)

showed the consistency in the bands being enhanced. Many of the outlier peaks were

removed in the high intensity spectral plot, with most of the peaks fitting with the ex-

pected peak positions. The high intensity plot had an improved signal-to-noise, which

further enabled peak identification and showed the amount of peak shifting that occurs

between SERS spectra. This improvement made the identification of outlier peaks, such

as the peak at 1900 cm−1, much easier. Similar to the R6G nanocube data set, there was a

distinct group of spectra that contained identical peaks across the entire spectral range,

although unlike the nanocubes data, the signal-to-noise for this data set was consider-

ably worse. The identical spectra present in the high intensity spectra were isolated and

plotted to improve the signal-to-noise ratio. Ten spectra made up the isolated spectral

plot with only one of these spectra appearing to contain peaks that did not fit the trends

of other spectra (Figure 77b).

Thehigh intensity grid plot for theCVnanoplate data set (Figure 78) showed the largest

amount of similarity between the spectra plotted. The grid plot consisted of 16 spectra, 12

of which shared a high degree of similarity with regard to their peak enhancement and

intensity. There did not appear to be much variance with regard to which bands were

enhanced and how intense the enhancement was between these spectra, possibly indi-

cating that this was themost dominant spectra generated during SERS signal collection.
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(a)High intensity spectral plot of CV nanoplate
SERS spectra made up of 215 spectra

(b)High intensity spectral plot of CV nanoplate
SERS spectra made up of 10 spectra

Figure 77: Spectral plots of Ag nanoplates CV SERS spectra for both high intensity (a) and
maximum spectra (b).

Excluding this pattern the only observation of note was in plot 4, which appeared to con-

sist of two strong sharp peaks with no other peak enhancement. This is possibly caused

by a cosmic spike not being removed during the statistical analysis portion of the data

processing protocol.
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Figure 78: Grid plots of high intensity CV nanoplates SERS spectra

6.2.2.1 Principal Component Analysis Data

The Scree and Loadings plots (Figures 79 and 80a) for the CV nanoplate data set followed

the trends established from the previous data sets, with PC1 and PC2 covering large por-

tionsof the total varianceeachwhile the remainingPCscoverprogressively loweramounts

of variance, with the last PCs covering approximately 5% each. The coverage provided by

PC1 was comparable to previous data sets, with it making up approximately 23% of the

total variance. The drop-off in variance between PC1 and PC2 is approximately 7%, which

was lower when compared to other data sets. The Scree plot is similar in appearance to

the Scree plot produced using the CV nanowire data set, as both contain PC2 peaks that

were responsible for a large variance coverage. In the CV nanowire data set, the vari-

ance covered by PC2 was related to the peak density at 800 cm−1 and correlated to the

C-H bending vibrational mode. The Loadings plot of the CV nanoplate data set did not

appear to continue this trend, as the PC2 plot showed high weighted regions at multi-

ple wavenumber regions that coincided with peaks on the spectral plot. Unlike the CV
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nanowire data set, the Loadings plots of PC1 and PC2 for the CV nanoplate data shared

several regions of high weight over the entire spectral range. These regions of variance

do coincide with peaks in the spectral plot, but it was curious that there was such a large

overlap in high variance areas, especially in the peaks in the region between 600-1000

cm−1. Some overlap had been observed in other data sets but was usually confined to re-

gions that coincided with high peak density, such as the peaks between 1200-1600 cm−1

in the spectral plot. Both PC1 and PC2 have Loading plots that could be representative

of different spectra inside the data set, as both contain peaks in all areas of interest for

CV SERS. This could mean that PC1 represented one subset of spectra, while PC2 was

representative of another, both of which were sufficiently different to be distinguished

by the PCA. Correlating this explanation to the spectral plots it was possible that one of

the PCs was representative of the spectra displayed in the isolated high intensity spec-

tra, while the other PC represented the remaining spectra. The spectra displayed in the

isolated high intensity plot only made up a small portion of the total spectra used in the

PCA, 10 spectra out of a 300, and could possibly have been represented by one of the PCs

with a low weight coverage, leaving the larger PCs to represent the non-identical peaks.

Outside of these observations the Loadings andScree plots followed the same trends pre-

Figure 79: Scree plot of CV Ag nanoplates SERS data
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(a) (b)

Figure 80: Loadings plot (a) and average spectrumwith standard deviation curves (b) for CV Ag
nanoplate SERS data.

sented in all the data sets investigated in this project. The Score’s plot (Figure 81a) of the

CVnanoplate data provided the greatest evidence of clustering inside any of the data sets

investigated, as there was clearly a separation in the data points observed inmany plots,

especially in the plots containing PC1 and PC2. Plots with PC1 show the greatest separa-

tion and clustering in the data, with two obvious clusters, one more tightly packed than

the other, while PC2 plotswas dominated by a single cluster surrounded by outlier peaks.

Some of the trends observed in previous data sets such as the strings of data points did

not appear to be present in these plots. The clusters shown in the PC1 plots had the great-

est separation observed in any of the data sets, but it appeared that one of the clusters

present was tightly packed, while the other wasmore loosely fit, with its packing density

depending on which other PC it was being plotted against. As PC1 and PC2made up the

largest portion of the variance of all the PCs, the plots produced using these PCs were

probably a better indication of any separation in the data. The separation between the

data point clusters was even more apparent in the 3D Score’s plot (Figure 81b) as there

was a clear separation between the two groups of data points. Despite this separation

the secondary group of data points did not appear to be as tightly packed as originally

expected based on the 2D Score’s plot. The introduction of the additional dimension re-

vealed that the data points making up the less packed cluster were merely overlapping
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with each other along the additional axis. Both clusters contained some spread, espe-

cially theweakly packed cluster, thiswas suspected to be causedby small variations inside

the spectra. The tightly packedcluster couldbe representative of spectra shown in the iso-

lated spectral plot, given the low spread in the cluster and the uniformity of the spectra.

The separation in the clusters potentially meant that there were two or more groups of

spectra present inside the data, each of which were different enough to be distinguish-

able using PCA. Given the obvious separation in the clusters, it was safe to assume that

at least two groups of spectra were present, but determining if additional groups were

present becomes difficult, as the spread around both clusters may be representative of

this, but it was not as obvious. It was possible that the data points surrounding both

clusters still belonged to their respective group, but contained slight differences in peak

position or intensity, resulting in their separation from the centre of the cluster. The out-

(a) (b)

Figure 81: Scores scatter plot (a) and 3D Scores plot (b) of CV Ag nanoplates SERS data

lier spectra for the CV nanoplate data set (Figure 82a) showed an interesting collection

of spectra that did not appear to follow the same trends shown in the previous data sets,

as the majority of the spectra contained sharp consistent peak enhancement, with plots

0, 3, 4 and 5 are very similar to the spectra displayed in Figure 78. The suspected cosmic

spike spectra, shown in plot 2, matches the spectra displayed in Figure 78 which was ex-

pected given its differences to the other spectra. The addition of plots 0, 3, 4 and 5 to the

list of outlier spectra could suggest that the high intensity spectra, displayed in Figures



CHAPTER 6. NANOPLATES 137

77b and 78, make up a very small portion of the total spectra, leading to them being iso-

lated by PCA and segregated from the main cluster of spectra. Another observation that

was made about the outlier spectra was found after consulting the Score’s plot used for

the identification of the outliers. Another observation for the outlier spectra stemmed

from the Score’s plot used to identify them (Figures 82b), as the outlier spectra were in a

sequential order. All other data sets contained outlier spectra that were spread through-

out all SERS spectra and not in any sequential order. Given the similarities in the outlier

spectra and the fact that they are in sequential order, it was possible that these spectra

were collected from the same nanoplate + dye molecule combination that could possi-

bly be trapped within the focus of the laser, similar to the spectra displayed in Figure 19.

Comparing the outlier spectra (spectra 91-100) with their corresponding Euclidean dis-

tance values, it appeared that the similar trend observed in the previous data sets was

present inside the CV nanoplate data, as all of the outlier spectra had low Euclidean dis-

tance values, between 0.5-1. None of the high distance value spectra, 360-370, were all

located within themain clusters of the Score’s plots, while all outlier spectra displayed in

theScore’s plots had lowcorrespondingdistance values. Given that this trendwaspresent

through the majority of the data sets, it appears that the outlier spectra displayed in the

PCA outputs were not supported by the Euclidean distance evidence, making it difficult

to accurately determine which spectra are truly different from others.
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(a)

(b)

Figure 82: Spectral grid plot of outlier spectra (a) and Scores plot of PC1 and PC2 (b) for CV
nanoplates SERS data

6.2.2.2 ClusteringData

The Euclidean distance map (Figure 83) appeared to follow the trends seen in the Score’s

plots, with a large portion of the spectra having a distance value of 0.5, another portion

having a distance value of 1.5 and a small portion having a value above 3.5. The spec-

tra with values of 0.5 and 1.5 fitted with the two clusters observed in the Score’s plots, as

most spectra observed in the Score’s plots were grouped together into one of two groups.

The outlier peaks sitting at the extremes of the Score’s plot were represented by the spec-

tra with distance values above 3.5, which both fits the trends established from previous

data sets and makes sense given the distance between the outlier points and the other

data points in the Score’s plots. It was difficult to determinewhich cluster was being rep-

resented by the 0.5 and 1.5 distance spectra, as the point of reference for the distance

measurement is unknown. As the difference in spread between the two cluster was dras-

tically different, it was probable that the spectra with a distance value around 1.5 are the

loosely packed cluster, while the 0.5 spectra made up the tightly packed cluster. The self-

organising map output (Figure 84) was not as easy to interpret as, excluding the yellow
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Figure 83: Euclidean distance map of CV Ag nanoplates SERS data

nodes which possibly represent the outlier peaks, there did not appear to be an obvious

trend inside the remaining nodes. Assuming the conclusions drawn from the PCA and

Euclidean outputs were correct, then the self-organisingmap should show three regions

with difference distance values, two correlating to different clusters and one correlating

to the outlier peaks. The outlier peaks appeared to be represented by the yellow nodes, as

they have the highest distance difference, but there did not appear to be two distinct re-

gions that could be associated with the two clusters observed in the Score’s plots. Based

on the results of previous data sets it would be reasonable to assume that one cluster

would be represented by blue nodes and the other by greenish blue nodes, as there should

be a distance difference between them. There were some regions of blue and green-blue

nodes, but they did not fit the expected pattern derived from the PCA and Euclidean out-

puts. It was plausible that the yellow nodes represent the clusters, but this assumption

does not appear to fitwith the other evidence, as it would imply that the nodes surround-

ing the yellow “cluster” nodes have a lower distance difference than the spectra inside the

clusters. As these spectra are outliers, their distance values should be large and varied,

whichwas observed in the PCA and Euclidean outputs andwould not fit the idea that the

yellow nodes represent the clustered spectra.
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Figure 84: Self-organizing map of CV Ag nanoplates SERS data

6.3 Summary

The nanoplate data appeared to offer the greatest evidence towards the clustering the-

ory, as both the R6G and CV data displayed patterns that were consistent with this the-

ory, as seen in their respective Score’s plots. The spectra for both dyemolecules contained

consistent, strong enhancement across all regions of interest for both dyemolecules. Al-

though the strength of the enhancement was weaker compared to the nanocubes, the

consistency in theenhancementoverall vibrationalmodeswas superior toboth thenanocubes

and nanowires. This consistent enhancement can be linked to the superior uniformity

of the nanoplates compared to the other structures, while the decreased enhancement

strengthmost probably stems from the comparative dullness of the edges and corners of

the nanoplates. These theories would fit the outputs of both the nanoplates and the other

nanostructures, as the structures with the weakest enhancement also contained the low-

est uniformity and quality. The output of the CV data set showed a distinct separation

between two sets of clusters, while the R6G data set showed a single cluster with a string

of connected data points. The difficulty in making conclusions as to which theory fits

the data outputs better stems from the inconsistency in results between the different dye

molecules. The R6G outputs appeared to favour the continuum theory, as the connected

string of data points indicated only slight differences separated the spectra from each

other, while the CV outputs ran counter to this, with two isolated groups of data points
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that favoured the cluster theory rather than the continuum. Despite all Scree plots dis-

playing a sharp drop-off in variance coverage after PC3, five PCswere still investigated to

gain a more complete understanding of the trends inside the data. Using five PCs over

three did not change the outputs of any plots used to make any conclusions (3D Score’s

plot, Euclidean distance map or self-organizing map) as the two maps did not use the

PCA data and the 3D Score’s plot only used the first three PCs.



CHAPTER 7
Additional Experiments

7.1 Contaminant Peaks

One consistent trend present in all nanostructures was the occurrence of outliers SERS

peakswithinwavenumber ranges not typically associatedwith either dyemolecules. Sev-

eral assumptions weremade to account for these peaks, with themajor assumptions be-

ing contaminations and peak shifting. After considering what contaminants could be

present in all nanostructures, the obvious culprits were the capping agents used in the

synthesis of all three structures. Each of the structures required a capping agent tomain-

tain their respective shape long-termas theywould become irregularly shaped if the cap-

ping agent was removed or was not present. Unfortunately, both capping agents used

were Raman active and contained vibrational modes similar to the vibrational modes of

the dye molecules. The capping agents in question were PVP, used for the nanocubes

and nanowires, and TSC used for the nanoplates. Both PVP and TSC (Figures 85a and

85b) contained several vibrational modes, including the C-C bending mode, C-H bend-

ing and stretching modes, and the C=O stretching mode. All of these modes could be

present in the spectrum collected at similar wavenumber regions as both dye molecules,

andmay have been responsible for the enhancement provided by structures. Fortunately,

both PVP and TSC are considered weak Raman scattering compounds, meaning that de-

spite containing Raman active vibrational modes, they would only undergo weak en-

hancement over these bands. When combined with a strong Raman scattering com-

pound, such asR6GorCV, the vibrationalmodes fromPVPandTSCwould still be present

but would most probably be suppressed. An important difference between the capping
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agents and the dye molecules used for SERS is the intrinsic resonance enhancement of

the dye molecules. This intrinsic enhancement stemmed from their π − π∗ transitions

that are in the visible region and close to the wavelength of the laser. This enhancement

can be several orders of magnitude and is not present inside the capping agents, result-

ingwould likely dominate any SERS signal stemming from the capping agents. Attempts

were made to collect SERS spectra of TSC and PVP experimentally by collecting just the

signal from the nanostructures in solution, absent a dye molecule, but no obvious peaks

were present for any of the nanostructures. This could mean that PVP and TSC are ei-

ther too weak of scattering compounds for their signals to be observed, or not enough

SERS events were occurring for a consistent signal to be produced. The concentration of

the capping agents during these experiments would be approximately 1 mM, making it

unlikely that a Raman signal would be observed from such weak scattering compounds,

especially given the very low excitation power. A possible theory forwhy the PVP and TSC

modesmay only be presentwhen a dye compound is presentmay be due to the charge ex-

change component of SERS theory, as the dye molecule will readily undergo this charge

exchange and enable the capping agent, that were bonded to the Ag atoms, to also under

this charge exchange interaction. Having the capping agent bonded to the Ag atomsmay

be negatively impacting the SERSmechanism for PVP or TSC if the dyemolecule was not

present to facilitate that interaction.

(a) (b)

Figure 85: Chemical structure of vinylpyrrolidone (a) and trisodium citrate (b)
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7.2 ExtremeConcentration SERS

To determine the limitations of the techniques used to characterise the nanostructures,

SERS experiments were performed using both R6G and CV at extremely low concentra-

tions and adhering to all three nanostructures. The experimental setup was unchanged

with the exception of a change in the dye molecules. The reason for undertaking these

experiments was twofold, firstly to test the concentration limit for SERS collection using

the different structures, and secondly the decreased concentration would mean that any

SERS signal collected was caused by a single dye molecule adhered to the structure. This

should eliminate the suspicion that multiple dye molecules could be adhered to a struc-

ture duringSERS collection,meaning that anySERS signal collected should be generated

from a single molecule adhered to either a face, edge, or corner. This may also provide

some validation of the clustering idea, where differences in SERS signal can be related

to the position at which the dye molecule adhere. Unsurprisingly, the amount of SERS

spectra collected using the nanocubes was substantially lower than any of the previous

concentration ranges, while the nanoplates and nanowires failed to provide the required

enhancement to produce a SERS signal strong enough to be observed over the baseline

noise of the spectrometer. The 3D Score’s plots (Figure 86) for each of the dye molecules

and concentrations were plotted and compared to determine if any trends were present.

As each of the experiments contained a small number of spectra, approximately 30, the

3D Score’s plot provided the best insight into how the spectra relate to one another.

The other clustering techniques implemented for the high concentration spectra were

not suitable for these spectra, as they require a larger sample set to achieve accurate out-

puts. Deciphering what trends were present in the 3D Score’s plots was challenging, as

the low number of spectra led to possible misleading patterns. An argument could be

made for the appearance of grouping in the both the R6G plots and the 1x10−14MCVplot

(Figures 86a, 86c), as there was a distinct separation between multiple groups of data

points. Thisgroupingwasmostprevalent in theR6G1x10−15Mplot (Figure86d), although

the number of data points in this plot was much lower than the other plots, leading to

a higher uncertainty as to whether this grouping was truly representative of the spec-

tra. Both the CV plots showed the weakest evidence of grouping, with a wide spread of
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data points across the entire plot and minimal data point grouping. The spread in the

data points observed in all these plots appeared to be similar to the higher concentration

plots, indicating that the region-specific clustering ideamay be an incorrect assumption

to make when considering the generation of SERS spectra. Ideally the low concentra-

tion spectra would fit into three tight clusters, one per region, if they were following the

region-specific clustering theory, but given the evidence collected from both the low and

high concentration data, it appeared that this theory was incorrect.

(a) (b)

(c) (d)

Figure 86: 3D Scores plots for CV (a, b) and R6G (c, d) at 1x10−14M and 1x10−15Musing
nanocubes as the substrate
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7.3 Raman Tweezers

The Raman tweezer experiments were not completed due to the time constraints of the

project. The decoration of silica micron spheres with controlled uniform AgNS was suc-

cessfully completed before being trapped using the conventional optical tweezers setup.

Several attemptsweremade to implement theRamanspectrometer into theoptical tweezer

setup, but the taskwasmore complex thanoriginal expected andwasnot successfully im-

plemented.



CHAPTER 8
Comparison of Nanostructures

Comparing the three nanostructures when considering their SERS enhancement can be

difficult, as there are various components to enhancement and there may be nanostruc-

tures that are more suited to one component than others. This made it necessary to

establish several parameters to compare the nanostructures against to gain a complete

understanding of the differences between the nanostructure’s enhancement. These pa-

rameters included the ratio of SERS spectra to total spectra collected, the amount of en-

hancement observed in the SERS spectra collected and the amount of variation between

the SERS spectra collected. The ratio of SERS spectra to total spectra collected and the

amount of SERS enhancement observed were the most investigated parameters as they

offered the most information into the effectiveness of using a certain nanostructure as

a SERS substrate. The final parameter, the amount of variation between SERS spectra,

was investigated as it provided insight into whether a discrete number of SERS spectra

clusters were being recorded. The hypothesis was that dye molecules situated on dif-

ferent regions of the controlled structures would lead to different spectral signals being

recorded. The difference in SERS signal is believed to be caused by the change in which

vibrational modes were being expressed due to different LSPR energies being present at

faces, edges, and corners. All SERS data collected for each of the nanostructures were

tabulated and analysed to determine which of the nanostructures fits the parameters

best (Tables 7, 8, 9, 10). The ratio of SERS spectra to total spectra parameter was most

dominant in the nanowires, with a SERS occurrence rate of 7.5% and 6.6% (Tables 7 and

8). As the nanowires were larger in size compared to the nanocubes and nanoplates, it
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was expected that the nanowires would produce more SERS spectra. This was because

the nanowires were less effected by both random thermal fluctuations causing Brown-

ian motion andmotion caused by the gradient force of the laser, meaning they are more

likely to spend longer inside the focus of the laser. If a nanowire was present inside the

focus of the laser andmeets the requirements for SERS to occur, it will remain in the fo-

cus longer andmore SERS spectra would be collected. This was observed experimentally

as the SERS data for the nanowires consisted of long periods of sustained enhancement

rather than the typically sporadic, short termenhancement observedwith the nanocubes

and the nanoplates. It was difficult to assess the sustained enhancement and determine

whether it was a result of the laser gradient force trapping the nanowires in the focus or if

the nanowires were simply too large to be removed from the focus as quickly as the other

nanostructures. The SERS spectra occurrence was comparable between the nanocubes

and nanoplates, with a SERS ratio between 4.4-5.8% for both while nanowires had a ra-

tio of 6.6-7.5%. Despite the high rate of SERS spectra recorded using the nanowires the

amount of enhancement provided by them was worse compared to the smaller nanos-

tructures. This decrease in enhancement could be caused by the lack of sharp edges and

corners on the nanowires compared to the other nanostructures.

Table 7: Table of SERS spectra occurrence in R6G samples

Table of R6G SERS spectra occurrence
Nanocubes Nanowires Nanoplates

Total spectra collected 12000 12000 12000
Total SERS spectra 526 903 734
SERS spectra : Total spectra ratio 0.044 0.075 0.058
SERS spectra : Total spectra percentage 4.4% 7.5% 5.8%

Table 8: Table of SERS spectra occurrence in CV samples

Table of CV SERS spectra occurrence
Nanocubes Nanowires Nanoplates

Total spectra collected 12000 12000 12000
Total SERS spectra 706 790 572
SERS spectra : Total spectra ratio 0.059 0.066 0.043
SERS spectra : Total spectra percentage 5.9% 6.6% 4.3%

The amount of enhancement was determined by applying a cut-off threshold to the

processed spectral data and finding the number of SERS spectra that contained a peak
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above this threshold. The threshold cut off value was set 25% above the baseline noise of

each dataset, which was determined using the baselined and normalized spectral plots.

Thenanocubesprovided themostSERSspectra thatwereover the cut-off threshold, indi-

cating that they provided the largest enhancementmore often than the other nanostruc-

tures (Tables 9 and 10). Although the rate of SERS spectra occurrence may be lower than

nanowires, the SERS spectra produced by the nanocubes, on average, showedgreater en-

hancement over all the Raman bands associated with both dye molecules. The increased

amount of enhancement was expected due to the increased number of sharp edges and

corners observed in the nanocubes when compared to the nanoplates followed by the

nanowires. Given the sharp edges and corners of the nanocubes, this difference in en-

hancement is somewhat expected when comparing the nanocubes to nanowires. Con-

versely, this theory of sharp edges and corners was not supported by the spectra for the

nanoplates as they showed less spectraabove the threshold than thenanowires. Thenanowires

were expected to produce weaker SERS enhancement as they possess the least number

of sharp edges and corners. These results suggested that the factors influencing SERS

enhancement weremore nuanced than originally expected and other physical properties

of the nanostructures are impacting their ability to produce SERS enhancement.

Table 9: Table of high intensity SERS spectra occurrence in R6G data

Table of R6G high intensity SERS spectra occurrence
Nanocubes Nanowires Nanoplates

Total SERS spectra 526 903 734
Total high intensity Spectra 261 264 168
High intensity SERS spectra : Total SERS
spectra ratio

0.496 0.292 0.229

High intensity SERS spectra : Total SERS
spectra percentage

49.6% 29.2% 22.9%

Table 10: Table of high intensity SERS spectra occurrence in CV data

Table of CV high intensity SERS spectra occurrence
Nanocubes Nanowires Nanoplates

Total SERS spectra 706 790 572
Total high intensity spectra 298 344 215
High intensity SERS spectra : Total SERS
spectra ratio

0.422 0.435 0.376

High intensity SERS spectra : Total SERS
spectra percentage

42.2% 43.5% 37.6%
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The immediate property that could be impacting the quality of SERS enhancement for

the nanoplates was their size and thickness. The nanoplates were substantially thinner

than the other structures, which may lead to inferior stability while inside the focal vol-

ume of the laser. The kinetic calculations for determine the time a nanostructure spent

inside the focal volumewere assuming a cubic structure, so it was possible that given the

size difference between the nanoplates and nanocubes the nanoplates spend less time

inside the focal volume than the nanocubes. If the time spent inside the focal volume

was lower than the exposure time of the spectrometer than only a partial signal would be

collected as the nanoplates travel rapidly through the focal volume, rather than remain in

the volume longenough tohave their signal collectedby the spectrometer. Thenanoplates

may also suffer from thermal instability when inside the focus of the laser. As they have

already been shown to fold, it is possible that the energy exerted on the nanoplates via

the laser could disrupt their crystal structure, causing damage that may negatively im-

pact the SERS enhancement.

Lastly the variance parameter was investigated using the statistical analysis outputs.

Primarily, the array of Score’s plots and the self-organizingmapplots provided the great-

est insight into how the data points relate to one another and whether any clustering ex-

ists inside the data. The initial hypothesis of the existence of distinctly different SERS

spectra based on the location the dye molecule on the SERS substrate did not appear to

be supported by the experimental data, as no distinct consistent clusteringwas observed

for either of the dyemolecules over the different nanostructures. Instead of the theorised

discrete number of clusters of SERS spectra, which was expected given the three differ-

ent regions on the nanostructures, themost observed data distribution was a broad con-

tinuum of data points that contained SERS spectra at each of the extremes. These data

points were spectrally different from each other while the spectra inside the continuum

were an amalgamation of the spectra at the extremes. The spectra at the extremes may

have originated fromdyemolecules isolated to one of the three regions, while the spectra

in the body of the continuummay arise from dye molecules located at multiple regions.

A portion of the data used in all three nanostructure experiments was within the sin-

gle molecule concentration range (1x10−11 – 1x10−13 M), meaning that only a single dye
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molecule should be present on the nanostructure during SERS collection. Assuming the

theory of region-specific SERS signals was accurate then the singlemolecule data should

only contain 3 spectra, one representing each of the different regions on the nanostruc-

tures, faces, edges and corners. Given the appearance of PCA outputs for all nanostruc-

tures this was obviously not the case, as the single molecule data conforms with the con-

tinuumtheory expressedby thehigher concentrationdata. This theorywas tested further

by lower the concentration even further to 1x10−14 M and 1x10−15 M, but similar results

were observed, with the data conforming closer to the continuum theory than the cluster

theory.



CHAPTER 9
Conclusion

All but one of the research aims were achieved during the course of this research. Three

novel Ag nanostructures were successfully synthesised, each of which containing sharp

edges and corners, while maintaining a small size and shape distribution. These nanos-

tructureswere then successfully used as substrates in a variety of SERS experimentswith

the data collected from these experiments being analysed and used to draw conclusions

from. The only aim that was not achieved was the development of a Raman tweezer

setup that would have been used to investigate the collection of SERS data from a sin-

glemolecule on a single crystal. Unfortunately the development of this setup was amore

complex task than originally anticipated and the limited time frame of the projectmeant

that there was simply not enough time to fully investigate the Raman tweezers setup.

The original hypothesis of the project did not appear to be supported by the SERS data

collected, as none of the different nanostructure:dye molecule permutations displayed

any discrete clustering in their respective statistical analysis output. Given the difference

in surface area between the three regions on the substrates it was anticipated that three

clusterswould be present, one large cluster representing face adheredmolecules and two

smaller clusters representing edge and corner adhered molecules. An idea involving the

formation of a continuum of progressively different spectra forming at all regions of the

substrate was discussed to possibly account for the appearance of the statistical analysis

outputs. Although this idea does not completely account for all observations made from

the outputs, it could serve as a starting point for a more complete explanation for what
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is occurring during SERS signal generation. Even though the hypothesis for this project

was not supported by the experimental evidence, the results of this project provided in-

sight into both the synthesis of several different Ag nanostructures and SERS generation

at the singlemolecule scale. Both of these insights could be built upon by future students

to construct a more complete understanding for how the different substrate regions im-

pact SERS generation. Given the success of the nanostructure synthesis portion of the

project the results of this work could be used to complete the optical tweezers experi-

ment that was not completed during this project. As the decorated silica spheres were

successful trapped using optical tweezers it should be theoretically possible to continue

thiswork and collect SERSdata from trapped spheres. The synthesis of eachAgNS in this

project had been extensively researched and documented in literature, along with their

use in SERS experiments. Where this project built on the literature was in the extremely

low concentration SERS experiments and the decoration of silica sphereswith controlled

uniform AgNS. Current literature pertaining to this topic involved the deposition of ir-

regular Ag spherical particles onto the surface and did not take into consideration the

final structure of the AgNS once adhered to the silica surface. Raman tweezers have also

been extensively researched but the collection of SERS from controlled uniform AgNS

while trapped using optical tweezers has not been researched as extensively. As the Ra-

man tweezers experiment was not completed during this project, future researchers can

continue this work using the results discussed in this thesis.
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