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Abstract
We study whether firms that are led by chief executive officers (CEOs) with law
degrees (lawyer CEOs) have different credit ratings and costs of debt from other firms.
Our sample consists of Standard & Poor’s 1500 firms from 1992 to 2020, 9.2% of
which have lawyer CEOs. We find that these firms have better credit ratings, compared
to other firms. On average, their cost of debt is 10% lower than that of firms led by
CEOs without legal backgrounds. Our results are robust to different specifications,
sampling methods, and controls, such as firm and CEO characteristics. We identify two
ways that CEO expertise translates into higher credit ratings: lawyer CEOs are associ-
ated with a lower future volatility of stock returns and a reduction in information risk.
The decreased business risk and better financial reporting are associated with 5% lower
auditing fees for firms with lawyer CEOs.
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1 Introduction

A recent stream of literature finds that CEO characteristics, such as educational
background and other personal characteristics, have a significant impact on corporate
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policies. This literature started with the seminal paper of Bertrand and Schoar (2003),
who investigate whether managerial fixed effects matter for corporate decisions. They
find that executives from earlier birth cohorts act more conservatively and that man-
agers who hold MBA degrees follow more aggressive strategies. Bertrand and Schoar’s
work led to several studies on the effect of managerial characteristics on firm behavior.
For example, Malmendier et al. (2011) find that chief executive officers (CEOs) who
grew up during the Great Depression avoid debt and lean excessively on internal
finance and that CEOs with military experience pursue more aggressive policies,
including heightened leverage. Another example is the study of Cronqvist and Yu
(2017), who find that, when a firm’s CEO has a daughter, its corporate social
responsibility rating (CSR) is about 9.1% higher, compared to the median firm.1

We focus on the relation between CEOs’ legal expertise and their firms’ credit
ratings. The legal expertise of CEOs is important. Law school classroom experience has
a lifelong effect on graduates and is likely to shape their managerial style. Executives
with legal training also tend to follow more conservative corporate policies. According
to Standard and Poor’s (2002), a firm’s credit rating reflects a ratings agency’s opinion
of the entity’s overall creditworthiness in terms of its capacity to satisfy its financial
obligations. Credit ratings are considered by both academics and practitioners as one of
the primary indicators of a firm’s credit risk (Kisgen 2007; Kuang and Qin 2013). The
seminal paper of Graham and Harvey (2001, p. 211) argues that credit rating is the
second most important concern in the debt policy of firms: “firms are very concerned
about their credit ratings (rating of 2.46, the second most important debt policy factor),
which can be viewed as an indication of concern about distress.”2

A stream of literature focuses on the roles of firm characteristics and accounting
information in the credit rating process.3 However, this literature has not considered the
role of the CEO in this process. CEOs set the tone at the top and therefore matter for
credit risk. We hypothesize that CEOs with a legal background are associated with
better credit ratings and lower costs of debt. The reason behind this hypothesis is that
CEOs’ legal training will help them facilitate corporate transparency and risk manage-
ment when assessing their firms’ credit risk.

We find that around 9.2% of the firms in our sample of Standard & Poor’s (S&P)
1500 firms over the period from 1992 to 2020 were run by lawyer CEOs. Consistent
with our expectations, we document that these firms have more favorable credit ratings
than their peers. These results are robust to different specifications, sampling methods,
and controls, such as firm and CEO characteristics, the presence of a general counsel on
the senior investment team, and year and firm fixed effects.

The documented effect of CEO legal training on firms’ credit risk could suffer from
an omitted variable bias. For example, firms could appoint lawyer CEOs based on
certain firm characteristics, and these characteristics could simultaneously influence a
firm’s credit risk assessment. We use a number of identification strategies to rule out

1 Other studies on the relation between CEO characteristics and firm behavior include those of Malmendier
and Tate (2005), Bamber et al. (2010), and Bernile et al. (2017).
2 Bancel and Mittoo (2004) find a similar result for European chief financial officers (CFOs) and other
financial managers. A total of 39% of the investors surveyed by Brown et al. (2019) deemed the credit ratings
of the companies in which they invest or are contemplating investing in to be important.
3 See, for example, Kaplan and Urwitz (1979), Ziebart and Reiter (1992), Blume et al. (1998), Ashbaugh-
Skaife et al. (2006), Cheng and Subramanyam (2008), and Gopalan et al. (2014).
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potential endogeneity concerns. First, we control for firm fixed effects in all regressions
to account for time-invariant firm-specific omitted variables. Second, to mitigate
concerns that omitted firm or performance characteristics drive our results, we imple-
ment an identification strategy based on CEO turnover. Specifically, we examine
whether CEO turnover is associated with changes in firm credit ratings by tracing
cases of CEO turnover in which we can identify a change in legal education between
the new and old CEOs. We find that the appointment of a lawyer CEO enhances a
firm’s credit rating, whereas the firm’s credit rating declines when such a CEO is
replaced by one without legal training. The same picture emerges when we study CDS
spreads, which proxy for credit risk: a firm’s CDS spreads reduce following the
appointment of a lawyer CEO, whereas they increase when a lawyer CEO is replaced
by a nonlawyer CEO. Third, to ensure the robustness of our results, we employ
alternative measures of credit ratings and credit risk, consider alternative model
specifications, and conduct sensitivity analyses.

To show that the effect of lawyer CEOs on credit ratings is driven by a reduction in
credit risk and not by the CEOs’ undue influence on the rating agencies, we conduct
two tests. First, we study the direct impact of credit risk on the firm’s market-based
assessment by examining whether lawyer CEOs matter in the pricing of debt capital.
We consider all new nonconvertible issue fixed-rate corporate bonds issued and find
that firms led by lawyer CEOs, on average, have about 10%, about 19 basis points
(bps), lower costs than similar firms headed by nonlawyers. Second, we consider the
alternative economic bonding hypothesis that the negotiating power of lawyer CEOs
leads to more favorable credit ratings but find no confirmation for it.

An important question is to identify how the legal expertise of CEOs translates into
lower credit risk. We isolate and test two possible explanations: reduction in future firm
risk and improvement in reporting transparency and information asymmetry. We show
that lawyer CEOs are associated with a lower future volatility of both earnings and
returns. Using a market-based measure of information asymmetry, we find that CEO
legal expertise increases information transparency. We also find that firms led by
lawyer CEOs, on average, pay about 5% lower audit fees than those headed by
nonlawyers, which is in line with both decreased business risk and better financial
reporting in such firms.

Since the effects of corporate governance on credit risk are usually more pronounced
for riskier, more vulnerable firms, we test the hypothesis that CEO legal expertise has a
stronger effect on such firms. We test the impact of lawyer CEOs on corporate credit
ratings separately for a) firms facing relatively high and low levels of financial
constraints, b) firms facing relatively high and low levels of market competition, and
c) firms with higher and lower levels of past variability. We find that the CEO’s legal
background has a stronger effect on the credit ratings of firms that are riskier or operate
in more uncertain economic environments.

Our paper contributes to the literature in two ways. First, it contributes to a growing
literature that aims to understand the implications of managerial background, behavior,
and experiences on corporate policies and outcomes. We contribute to this line of
research by showing that executives’ legal expertise influences their firms’ default risk
and cost of debt. We also find that CEO legal training affects how auditors price of their
services. Second, this study contributes to the literature investigating the determinants
of credit rating assessments. To the best of our knowledge, we are the first to examine
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the effect of lawyer CEOs on credit risk assessments. We find that CEO legal expertise
is an important credit risk factor incremental to firm fundamentals. To that extent, our
paper aligns with those of Kuang and Qin (2013), Bonsall IV et al. (2017), Cornaggia
et al. (2017), and Bernile et al. (2017), who show that CEOs’ personal traits should be
considered when assessing their firms’ default risk. We also find that CEO legal
training matters to pricing in debt markets, with firms headed by lawyers associated
with narrower offering credit spreads.

The remainder of this paper proceeds as follows. Section 2 discusses our main
hypotheses. Section 3 describes the data collection and our sample. Section 4 discusses
our main regression findings. Sections 5 discusses the channels through which the
effect of lawyer CEOs on credit ratings is likely. Section 6 provides robustness checks.
Section 7 concludes.

2 Hypothesis development

Our focus is on the association between CEO legal education and a firm’s credit
ratings. We expect lawyer CEOs to contribute to better credit ratings for three reasons.
First, credit rating agencies are likely sensitive to any changes in a firm’s internal
monitoring and gatekeeping functions (Ham and Koharki 2016).4 A considerable
proportion of lawyers serve as executives of corporations (40% of executives), and
executive lawyers are often endowed with gatekeeping responsibilities (Morse et al.
2016).5 Second, firms headed by lawyers tend to pursue conservative investment
policies (Henderson et al. 2018) that can reduce the volatility of future cash flows
and the likelihood of their companies missing principal and interest payments. Corre-
spondingly, the reduction in firm risk should enhance the firm’s overall creditworthi-
ness. Third, executives with legal expertise are less likely to exploit private information
for personal gain (Jiang et al. 2021) and help enhance corporate disclosure transparency
(Pham 2020). Given that an enhanced information environment reduces default risks
(Francis et al. 2005; Cheng and Subramanyam 2008; Brogaard et al. 2017), firms led by
lawyer CEOs can be associated with lower default risk and hence exhibit more
favorable credit ratings.6 Our first hypothesis therefore is as follows.

H1: The debt securities of firms led by lawyer CEOs have higher credit ratings.

Since we expect the effect of lawyer CEOs on credit ratings to be driven by the overall
lowering of firm credit risk, we expect that the market-based assessment of credit risk
will be lower for such companies. This motivates our second hypothesis, as follows.

4 For example, S&P downgraded General Electric’s credit rating from A to BBB+ a day after the company
announced the firing of its CEO (https://www.cnbc.com/2018/10/02/ge-credit-rating-under-review-for-
possible-downgrade moodys.html).
5 Research shows significant effects of lawyers on the likelihood of compliance breaches of accounting and
insider regulations (e.g., Jagolinzer et al. 2011; Krishnan et al. 2011; Kwak et al. 2012; Hopkins et al. 2015).
6 Standard & Poor’s (2004, p. 120) corporate rating criteria also suggest the impact of information risk on
corporate default risk: “Qualms about data quality would translate into a lower rating and preclude a rating in
the upper part of the rating spectrum.”
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H2: The cost of debt is lower for firms led by lawyer CEOs.

Finally, the effects of corporate governance and other factors on credit risk tend to be
highly nonlinear, with the riskiest firms being the most sensitive to managerial actions
and incentives (e.g., Ashbaugh-Skaife et al. 2006; Cheng and Subramanyam 2008;
Kabir et al. 2013). If lawyer CEOs do affect credit risk, we expect this effect to be
particularly pronounced for those firms most affected by financial uncertainty. This
leads to our third hypothesis, as follows.

H3: The positive effects of lawyer CEOs on their firms’ credit ratings are more
pronounced for riskier firms.

3 Data and variables

3.1 Data and sample

We obtain information on stock prices, stock returns, and trading volumes from the
Center for Research in Security Prices (CRSP). Compustat is our source for firm-
specific accounting data and credit ratings. We obtain data for the number of analysts
following a firm from the Institutional Brokers’ Estimate System (I/B/E/S) database,
and institutional ownership data from the Thomson Reuters Institutional Holdings
(13F) Database. We collect additional data on managerial compensation from
ExecuComp, personal characteristics and educational background of the executives
from Marquis Who’s Who and BoardEx, and data on boards of directors from the
Institutional Shareholder Services database. We source corporate social rating data
from the Kinder, Lydenberg, Domini Research & Analytics (KLD) database. We
obtain corporate bond data from the Mergent Fixed Income Securities Database
(FISD). We obtain the credit default swap (CDS) spread data from the Markit database.
We source audit fee data and other standard control variables from the Audit Analytics
database. To mitigate the effects of outliers, we winsorize all continuous variables at the
first and 99th percentiles. Consistent with prior research (e.g., Cheng and
Subramanyam 2008), we exclude from our sample financial and utility firms. Our final
sample consists of 10,655 firm-year observations spanning 1992–2020. We provide a
detailed description of the variables in Appendix Table 11.

3.2 Credit rating measures

We obtain S&P’s Long-Term Domestic Issuer Credit Rating data from Compustat/
Capital IQ database. Following the literature on credit risk assessment (e.g., Ashbaugh-
Skaife et al. 2006; Kim et al. 2013; Kuang and Qin 2013; Bonsall IV et al. 2017;
Cornaggia et al. 2017), we construct numeric variables reflecting the ratings of the
issuers in our sample. Specifically, we translate ratings numerically, increasing in credit
quality as follows: D (or SD) = 1, …, AAA = 22. Appendix Table 12 provides the
details for the credit rating classification. As the credit ratings are provided monthly by
Compustat/Capital IQ database, we follow Ham and Koharki (2016) and use the
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average of a firm’s monthly credit rating in a given fiscal year (denoted RATING) as
our main measure of credit risk.

We also employ two alternative measures of credit risk as suggested by the
literature. First, we use credit ratings from Egan-Jones Ratings Company, an
investor-pays rating agency (e.g., Bonsall IV et al. 2017). Second, we obtain the
CDS spread from the Markit database as an alternative credit market risk measure
(e.g., Zhang et al. 2009; Ham and Koharki 2016).

3.3 Lawyer CEO measure

We hand-collect from Marquis Who’s Who and BoardEx, two of the most compre-
hensive databases for CEOs’ personal biographical details, information on the personal
characteristics and educational background of the executives in our sample. Specifi-
cally, we identify CEOs by name using ExecuComp’s classification (data item
CEOANN = CEO). We classify a manager as a lawyer CEO, where LAWYER_CEO
= 1, if the CEO has a law degree (LLB, BCL, LLM, LLD, or JD) or a doctorate in
jurisprudence.

To control for other known CEO characteristics, we hand-collect information on the
CEOs’ country of birth, education, and other personal biographical details from
Marquis Who’s Who, BoardEx, and several other databases, including the Notable
Names Database (nndb.com), Reference for Business, Bloomberg.com, Wikipedia,
and, in the last instance, Google searches, to cross-check the information obtained
from Marquis Who’s Who. This allows us to compile a comprehensive dataset of
several CEO attributes. Finally, we compute CEO risk incentives from compensation
contract data following the methodology of Core and Guay (2002).

3.4 Descriptive statistics

We present the descriptive statistics for our variables in Panel A of Table 1.
For each variable, we provide information about the total number of observa-
tions, the mean and median values, the standard deviation, and the values at the
25th and 75th percentiles.

We find that firms headed by CEOs with legal degrees account for 9.2% of
the total number of companies in our sample. The average firm has a logarithm
of firm size (LNSIZE) of 8.32 and finances 29.9% of its book debt. The
average firm earns a 4.30% return on assets (ROA) and covers its interest
14.67 times; 16.2% of firm-year observations have negative earnings, and the
average natural logarithm of the number of analysts issuing an annual forecast
(LNANALYST) is 2.45. Regarding credit rating measures, the average rating
(RATING) is 13.066, with a median of 13, corresponding to a medium rating
(BBB-). The average rating from Egan-Jones Ratings Company is 14.74, and
the average CDS spread is 157.58 bps. Overall our credit rating and firm
characteristics are in line with prior studies (e.g., Ashbaugh-Skaife et al.
2006; Cheng and Subramanyam 2008; Zhang et al. 2009; Kim et al. 2013;
Kuang and Qin 2013; Bonsall IV et al. 2017; Cornaggia et al. 2017; Pham
2020).
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4 Main results

4.1 Lawyer CEOs and credit ratings

In this section, we examine whether and to what extent the legal expertise of CEOs
affects the assessment of credit risk. We use the following regression.

Table 1 Summary statistics

Variable Observations Mean SD P25 P50 P75

LAWYER_CEO 10,655 0.092 0.289 0.000 0.000 0.000

RATING 10,655 13.066 3.369 11.000 13.000 15.000

EJ RATING 5,232 14.743 3.514 12.667 15.000 17.000

CDS SPREAD (bps) 3,338 157.576 224.521 43.524 80.854 176.249

Firm level characteristics

LNSIZE 10,655 8.317 1.268 7.415 8.201 9.139

LEVERAGE 10,655 0.299 0.159 0.189 0.281 0.385

ROA 10,655 0.043 0.075 0.019 0.049 0.082

LOSS 10,655 0.162 0.368 0.000 0.000 0.000

INT_COV 10,655 14.665 23.212 4.567 8.302 14.604

CAP_INTEN 10,655 0.592 0.401 0.284 0.505 0.828

SUBORD 10,655 0.137 0.344 0.000 0.000 0.000

LNANALYST 10,655 2.451 0.681 2.079 2.565 2.944

LNMTB 10,655 −0.103 0.821 −0.573 −0.066 0.416

ACCRUAL 10,655 0.442 0.455 0.147 0.310 0.592

RETVOL 10,655 0.391 0.205 0.252 0.337 0.468

STDCFO 10,655 0.036 0.029 0.017 0.028 0.046

Other variables

DTD 9,989 8.855 6.533 4.328 7.520 11.872

LNVEGA 10,655 4.241 1.952 3.401 4.423 5.367

LNDELTA 10,655 5.473 1.546 4.564 5.508 6.431

HIGHPAID_GC 10,655 0.227 0.419 0.000 0.000 0.000

HIGH_ABILITY 10,230 0.498 0.500 0.000 0.000 1.000

MBA 10,655 0.128 0.334 0.000 0.000 0.000

PHD 10,655 0.013 0.112 0.000 0.000 0.000

IVY_EDUC 10,655 0.085 0.279 0.000 0.000 0.000

FIN_EDUC 10,655 0.144 0.351 0.000 0.000 0.000

SPREAD (%) 3,223 1.870 1.592 0.830 1.350 2.350

LN(AUDIT_FEE) 6,120 8.084 0.957 7.458 8.108 8.697

The table reports the descriptive statistics for the sample of 10,655 firm-year observations spanning 1992 to
2020. We hand-collect the executive education information from Marquis Who’s Who and BoardEx data-
bases, construct credit rating measures from Compustat/Capital IQ’s S&P ratings, and obtain accounting
information from Compustat. We source stock returns from the CRSP, corporate bond data from the Mergent
FISD, and audit fee data from the Audit Analytics database. Appendix Table 11 provides a detailed description
of the variables, and Appendix Table 12 provides credit rating classifications
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RATINGi;t ¼ f LAWYER CEOi;t−1;FIRMCTRLi;t−1;CEOCTRLi;t−1;FE
� �

; ð1Þ

where, for firm i and time t, RATING is the S&P issuer credit rating; LAWYER_CEO is
an indicator variable that takes the value of one if the CEO has a law degree and zero
otherwise; FIRMCTRL refers to firm-level control variables; CEOCTRL refers to CEO
characteristic variables; and FE refers to firm and year fixed effects. We lag all
independent variables by one year, relative to the credit rating measures, to avoid
potential reverse causality issues (Pham 2020; Kempf and Tsoutsoura 2021). The
timing of the variables is described in Fig. 1.

Regarding control variables, we control for various firm characteristics that can be
associated with firm credit risk assessment, as suggested by the literature. Specifically,
we include firm size (LNSIZE), since larger firms tend to face lower risk and thus have
higher credit ratings (e.g., Ashbaugh-Skaife et al. 2006; Bonsall IV et al. 2017).
Following prior studies (e.g., Kaplan and Urwitz 1979; Ziebart and Reiter 1992;
Ashbaugh-Skaife et al. 2006; Bonsall IV et al. 2017; Cornaggia et al. 2017), to proxy
for a firm’s default risk, we use the debt-to-asset ratio (LEVERAGE), the return on
assets (ROA), interest coverage (INT_COV), and an indicator of whether the firm
reported negative earnings in the prior fiscal year (LOSS). Following Hutton et al.
(2009) and Kim and Zhang (2016), we measure accrual quality (ACCRUAL) by
estimating the three-year moving sum of absolute discretionary accruals, where discre-
tionary accruals are estimated with the modified Jones (1991) model, following
Dechow et al. (1995). We control for differences in firms’ asset structure
(CAP_INTEN), since firms with greater capital intensity tend to be less risky for
creditors and are thus expected to have better credit ratings. We account for differences
in firms’ debt structure by including an indicator variable, SUBORD, that equals one if
the firm has subordinated debt and zero otherwise (e.g., Kaplan and Urwitz 1979;

2008 2009 2010 2011

Year

t+1
Year

t
Year

t-1

January – December 2010: 

Measure monthly credit 

rating and calculate average 

over the year t

December 31, 

2009:

Measure control 

variables

Measure Lawyer 

CEO dummy

Fig. 1 Timeline of the variables. This figure presents an example of the timeline of the estimation of the
variables. The credit rating for Year t (in this example, 2010) is measured as the average monthly credit rating
over that year (from the end of January to the end of December). The Lawyer CEO dummy is estimated on
December 31 of Year t-1 (2009 in this example). The control variables are also measured on December 31 of
Year t-1

2368 M. H. Pham et al.



Ashbaugh-Skaife et al. 2006). We further control for the market-to-book ratio
(LNMTB), the volatility of a firm’s operating cash flow (STDCFO), and the volatility
of a firm’s stock return (RETVOL) to capture expected growth prospects and risk
factors reflected in equity returns (e.g., Sloan 1996; Bhojraj and Sengupta 2003;
Francis et al. 2005; Cheng and Subramanyam 2008; Cornaggia et al. 2017; Correia
et al. 2018). We also include the number of analysts following a firm (LNANALYST),
since Cheng and Subramanyam (2008) find that this is negatively associated with its
default risk and thus positively related to credit ratings.

We account for other CEO characteristics and management attributes that can be
associated with credit risk assessments. Specifically, we control for the risk-taking
incentives of CEOs, since Kuang and Qin (2013) find they matter in credit risk
assessments. Following the literature (e.g., Core and Guay 2002; Coles et al. 2006),
we employ the sensitivity of managerial wealth to stock prices (LNDELTA) and to the
volatility of a firm’s stock returns (LNVEGA), where LNDELTA and LNDELTA are
measured as the natural logarithm of one plus the dollar change in wealth associated
with a 1% change in the firm’s stock price (the standard deviation of the firm’s returns).
We control for high-ability management, since Bonsall IV et al. (2017) and Cornaggia
et al. (2017) find it relates to a firm’s risk profile. We adopt the managerial ability score
proposed by Demerjian et al. (2012) and use an indicator indicating capable managers
if the score is above the sample median.

We control for high-ability CEOs using four indicators that capture their educational
background:MBA, PHD, IVY_EDUC, and FINTECH_EDUC. We also account for the
top five highest-paid general counsels, since Ham and Koharki (2016) find that credit
risk increases following a general counsel’s promotion to senior management. We
control for corporate general counsel to ensure that CEO legal expertise directly
influences credit ratings, independent of the effect of general counsel. Following Kwak
et al. (2012), Hopkins et al. (2015), and Ham and Koharki (2016), we use the annual
title from the ExecuComp database to construct our general counsel measure. Specif-
ically, to identify executives who are general counsels, we search the annual titles of
executive-firm-years for terms containing counsel, law, legal, and similar variants.7 We
manually search the executives’ titles and exclude titles that do not refer to legal
expertise, such as tax counsel and investment counsel. Our measure of corporate
counsel, HIGHPAID_GC, is a dummy variable that takes the value of one if a firm
has corporate counsel among the top five highest-paid executives and zero otherwise.

Finally, we control for year and firm fixed effects to control for time- and firm-
invariant factors, respectively, that could be associated with credit ratings. We employ
robust standard errors clustered by both firm and year dimensions to account for
dependence both across firm and time (Cameron et al. 2011; Petersen 2009;
Thompson 2011). We present the baseline regression results in Table 2.

We present five regression specifications: a model without any firm-specific control
variables, two models with firm-specific control variables that relate to credit risk
assessment, and two models with additional controls for other CEO characteristics and

7 We follow Kwak et al. (2012) and consider the following titles on ExecuComp as general counsel: general
counsel, chief legal officer, chief legal executive, chief legal counsel, chief counsel, VP counsel, vice president
for law and public affairs, vice president for law and government affairs, vice president for law and corporate
affairs, vice president for legal affairs, and vice president of corporate affairs.
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Table 2 Lawyer CEOs and credit risk assessment

Dependent Variable: Credit Rating

(1) (2) (3) (4) (5)

LAWYER_CEO 0.4100*** 0.3762*** 0.3169*** 0.2969*** 0.2862***

(4.88) (5.28) (5.06) (4.68) (4.43)

LNSIZE 0.9475*** 0.9826*** 1.0085*** 1.0263***

(22.58) (25.71) (25.44) (25.00)

LEVERAGE −3.2135*** −2.2426*** −2.2179*** −2.1687***
(−17.65) (−14.24) (−14.14) (−13.46)

ROA 4.8806*** 1.4589*** 1.4905*** 1.5919***

(14.10) (4.78) (4.89) (5.06)

LOSS −0.3089*** −0.1399*** −0.1409*** −0.1218**
(−5.39) (−2.80) (−2.82) (−2.37)

SUBORD −0.2969*** −0.2477*** −0.2347*** −0.2296***
(−5.18) (−4.75) (−4.50) (−4.34)

CAP_INTEN 0.9636*** 1.0177*** 0.9799*** 0.9518***

(8.43) (10.25) (9.89) (9.30)

INT_COV 0.0038*** 0.0015** 0.0015** 0.0013*

(4.76) (2.14) (2.05) (1.75)

LNANALYST 0.3058*** 0.3028*** 0.3281***

(7.81) (7.75) (8.27)

LNMTB 0.8292*** 0.8825*** 0.8897***

(21.38) (21.27) (21.14)

ACCRUAL −0.0273 −0.0354 −0.0298
(−0.82) (−1.06) (−0.86)

RETVOL −1.6877*** −1.6749*** −1.7115***
(−13.50) (−13.55) (−13.46)

STDCFO −1.8659*** −1.8248*** −1.8386***
(−3.19) (−3.13) (−3.05)

HIGHPAID_GC −0.0569* −0.0607*
(−1.68) (−1.74)

LNVEGA 0.0036 0.0041

(0.47) (0.55)

LNDELTA −0.0582*** −0.0680***
(−3.67) (−4.14)

MBA −0.1899*** −0.1760**
(−2.77) (−2.53)

PHD −0.1009 −0.0415
(−0.88) (−0.34)

IVY_EDUC 0.1621** 0.1901**

(2.28) (2.53)

FIN_EDUC −0.1320** −0.1192**
(−2.36) (−2.10)
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management attributes.8 We find that the LAWYER_CEO variable is positively and
significantly related to the measure of credit rating. The results hold for different model
specifications. These findings suggest that firms headed by lawyer CEOs have better
credit ratings.

Regarding control variables, we observe that credit risk assessments aremore favorable for
firms with the following attributes: larger size, a higher return-to-assets ratio, greater capital
intensity, higher expected growth prospects as measured by the market-to-book ratio, and
higher analyst following. Credit ratings are lower for firms with greater leverage, a loss in the
prior fiscal year, subordinated debt, and greater stock return volatility. ConsistentwithBonsall
IV et al. (2017) and Cornaggia et al. (2017), we find that firms led bymore capablemanagers
are associated with higher credit ratings. We also find that firms with high-paid general
counsel are associated with higher credit risks, in alignment with Ham and Koharki (2016).9

Overall, the results for the control variables are consistent with studies on the determinants of
credit risk assessment (e.g., Kaplan and Urwitz 1979; Bhojraj and Sengupta 2003; Francis
et al. 2005; Ashbaugh-Skaife et al. 2006; Cheng and Subramanyam 2008; Bonsall IV et al.
2017; Cornaggia et al. 2017).

4.2 CEO turnover test

We acknowledge that the documented relation between CEO legal training and firms’ credit
risk could suffer from an omitted correlated variable bias. For example, firms could endog-
enously appoint lawyer CEOs based on certain firm characteristics and, at the same time,
these characteristics could influence a firm’s credit risk assessment. Tomitigate concerns that
omitted firm or performance characteristics drive our results, we implement an identification

8 The sample for model (5) ends in 2018 because of the availability of the managerial ability data. We thank
Peter Demerjian, Sarah McVay, and Baruch Lev for generously sharing their managerial ability data.
9 Our findings also align with those of Hopkins et al. (2015), who find that firms with highly compensated
general counsels have lower financial reporting quality and more aggressive accounting practices.

Table 2 (continued)

Dependent Variable: Credit Rating

(1) (2) (3) (4) (5)

HIGH_ABILITY 0.0626**

(2.16)

Firm fixed effects Yes Yes Yes Yes Yes

Year fixed effects Yes Yes Yes Yes Yes

S.E. clustered by Firm × Year Firm × Year Firm × Year Firm × Year Firm × Year

Adjusted R-squared 0.849 0.886 0.906 0.906 0.907

Observations 10,655 10,655 10,655 10,655 10,230

This table presents the results of the regressions that measure the impact of lawyer CEOs on credit risk
assessment. The independent variable of interest, LAWYER_CEO, is a dummy that equals one if the CEO has
a legal education, and zero otherwise. The dependent variables of interest are S&P credit rating measures from
Compustat. Robust t-statistics based on standard errors clustered by both firm and year dimensions are
reported in parentheses. *, **, and *** denote significance at the 10%, 5%, and 1% levels, respectively.
The variable definitions and data sources are presented in Appendix Table 11
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strategy based on CEO turnover. We examine whether CEO turnover is associated with
changes in firm credit ratings by tracing cases of CEO turnover in which we can identify a
change in legal education between the new and old CEOs. Specifically, we study a sample of
CEO changes with necessary credit rating and control variables during our sample period.
Our sample for this test consists of 742 CEO changes, including 119 cases from nonlawyer
CEOs to lawyer CEOs and from lawyer CEOs to nonlawyer CEOs. We follow Bonsall IV
et al. (2017) and Kuang and Qin (2013) to analyze these changes. Specifically, we first
transform our baseline model (Eq. (1)) into the first difference. This approach should remove
time-invariant firm effects. We then replace LAWYER_CEO withΔLAWYER_CEO, which
equals one for a change from a nonlawyer to a lawyer CEO, minus one for a change from a
lawyer to a nonlawyer CEO, and zero if the CEO legal background did not change.

The variable ΔCreditRating is the change in the S&P credit rating measures from
Compustat in the following way. We manually collect the CEO announcement date
from Factiva (an online database of business news produced by Dow Jones and
Reuters) and the SEC’s EDGAR database. The dependent variable of interest is the
change in the S&P credit ratings six months before to six months after the CEO
announcement date. Figure 2 describes the timeline of the measurement of credit rating
changes and other variables surrounding the CEO announcement dates.

We report the results for the CEO change test in Table 3.
Despite the small sample size, we find that changes in CEO legal background caused

by a CEO turnover are positively and significantly associated with changes in firms’
credit ratings.10 The results in Table 3 therefore provide additional support for our
prediction that lawyer CEOs contribute to improvements in credit risk assessments.

10 We also perform an unreported test for the annual credit rating changes around the CEO turnover. The
results are robust to the change of the event window.

2008 2009 2010 2011

December 31, 

2009:

Measure control 

variables before 

the CEO change

October 1, 2010:

Announcement of CEO change

Measure Lawyer CEO dummy 

before and after the change

April 2010: 

Measure credit 

rating pre-

announcement

December 31, 2010:

Measure control variables 

after the CEO change

March 2011: 

Measure credit 

rating post-

announcement 

Fig. 2 Timeline of the credit rating changes surrounding the CEO announcement dates. This figure
presents an example of the timeline of the credit rating changes surrounding the CEO change announcement
date. In our example, the announcement of the CEO change occurs on October 1, 2010. The Lawyer CEO
dummy is measured before and after the announcement. The control variables are measured at the end of the
fiscal year prior to the CEO change on December 31, 2009, and after the CEO change on December 31, 2010.
The credit rating before the change is measured in April 2010 (six months before the CEO change
announcement). The post-change credit rating is measured in March 2011 (six months after the CEO change
announcement). The change in credit ratings is measured as the difference between post- and pre-
announcement credit ratings
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Table 3 CEO turnover analysis

Dependent Variable: ΔCredit Rating

(1) (2)

ΔLAWYER_CEO 0.1836** 0.1698**

(2.17) (2.10)

ΔLNSIZE 2.7179*** 2.6956***

(5.50) (5.33)

ΔLEVERAGE −4.8379*** −4.7407***
(−5.18) (−5.32)

ΔSUBORD −0.0697 −0.0589
(−0.31) (−0.27)

ΔROA 1.8421* 1.7905*

(1.81) (1.78)

ΔLOSS 0.2973* 0.2582

(1.87) (1.57)

ΔLNMTB 0.9106*** 0.9906***

(5.48) (6.02)

ΔACCRUAL 0.4596** 0.4395**

(2.07) (2.08)

ΔRETVOL −0.8735 −0.8576
(−1.27) (−1.22)

ΔSTDCFO −2.2303 −1.4098
(−0.71) (−0.43)

ΔCAP_INTEN 0.2782 0.2939

(0.40) (0.44)

ΔINT_COV 0.0000 0.0002

(0.00) (0.03)

ΔLNANALYST 0.0832 0.0493

(0.44) (0.25)

ΔHIGHPAID_GC −0.0472
(−0.46)

ΔLNDELTA −0.1010***
(−2.97)

ΔLNVEGA 0.0585

(1.00)

ΔMBA −0.1954
(−1.17)

ΔPHD −0.1748
(−0.54)

ΔIVY_EDUC 0.0723

(0.43)

ΔFIN_EDUC 0.0863

(0.59)
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Figure 3 presents the evolution of credit ratings surrounding CEO changes.11 The
orange line presents the average of credit ratings when there is a change from
nonlawyer CEO to lawyer CEO. The blue line presents the average of credit ratings
when there is a change from a lawyer CEO to a nonlawyer CEO. The gray line presents
the average of credit ratings surround other CEO changes. Credit ratings are detrended
and month t – 6, compared to the CEO change month, is normalized to zero. Overall
Fig. 3 suggests that the appointment of a CEO with legal training enhances a firm’s
credit rating, whereas there is no clear pattern in credit ratings when a lawyer CEO is
replaced by a nonlawyer CEO or when other CEO changes occur.

4.3 Credit risk versus economic bonding

Our analysis so far suggests that sophisticated market participants, such as credit rating
agencies, incorporate CEO legal expertise into their credit rating assessments. It is
important to distinguish two possible reasons for this result: does the market believe
that the credit risk of such firms is lower, or do lawyer CEOs influence firms’ ratings
without affecting their credit risk? In this section, we test these alternative explanations
of our results.

4.3.1 Lawyer CEOs and the cost of debt capital

Arguably, one of the best market-based measures of a company’s credit risk is the cost
of its debt. In this section, we study whether and to what extent lawyer CEOs impact
bond investors’ required rates of return. Our analysis of the effect of CEO legal
expertise on the cost of debt capital serves two purposes. First, we examine whether
managers with legal expertise can reduce their firms’ cost of debt capital. Second, we

11 We thank the editor for suggesting this figure.

Table 3 (continued)

Dependent Variable: ΔCredit Rating

(1) (2)

ΔHIGH_ABILITY −0.1221
(−1.24)

Adjusted R-squared 0.280 0.280

Observations 742 742

This table reports the results for the CEO change test. We modify our baseline model as in Table 2 by taking
the first difference and replacing LAWYER_CEO with ΔLAWYER_CEO, which equals 1 if there is a change
from a nonlawyer to a lawyer CEO, −1 if there is a change from a lawyer to a nonlawyer CEO, and 0 if
there is a change from a nonlawyer CEO to a nonlawyer CEO or a lawyer CEO to a lawyer CEOs. The
dependent variable of interest, ΔCredit Rating, is the change in the S&P credit ratings six months before and
after the CEO announcement date. We manually collect the CEO announcement date from Factiva (an
online database of business news produced by Dow Jones and Reuters) and the SEC’s EDGAR database.
Robust t-statistics based on standard errors clustered by both firm and year dimensions are reported in
parentheses. *, **, and *** denote significance at the 10%, 5%, and 1% levels, respectively. The variable
definitions and data sources are presented in Appendix Table 11
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study whether CEO legal expertise explains variations in credit spreads incremental to
issuance-specific characteristics, such as credit ratings. This evidence provides more
insight into how bond prices capture executives’ legal expertise.

We consider all new issue nonconvertible fixed-rate corporate bonds issued between
1992 and 2020 reported by the Mergent FISD. We then match the FISD data with the
Compustat, CRSP, ExecuComp, BoardEx, and Thomson Reuters data, obtaining a
final sample of 3223 bond issuances during our sample period. We measure offering
credit spreads as the offering yields to maturity in excess of similar duration treasuries
and use the following regression.

SPREAD ¼ f LAWYER CEO; ISSUECRTL;FIRMCTRL;CEOCTRL;FIRM FEs; YEAR FEsð Þ; ð2Þ

where SPREAD is the offering credit spread; LAWYER_CEO is an indicator variable
that takes the value of one if the CEO has a law degree and zero otherwise;
ISSUECRTL refers to issuance-specific characteristics; FIRMCTRL refers to firm-
level control variables; CEOCTRL refers to CEO characteristic variables; and FIRM
FEs (YEAR FEs) refer to firm (year) fixed effects.

We control for issuance characteristics, including bond-specific S&P ratings
(BOND_RATING), the offering amount of the new bond (ISSUE), the number of
months until the maturity of the new bond (MATURITY), an indicator of whether the
new bond-related debt is senior for issuance (SENIOR), and an indicator of whether the
new bond has credit enhancements (ENHANCE). We further control for various firm
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Other changes NL to L L to NL

Credit ra�ngs around CEO changes

Fig. 3 Credit ratings around CEO changes. This figure presents the credit rating surrounding CEO
changes. The orange line presents the average of credit ratings when there is a change from nonlawyer
CEO to lawyer CEO. The blue line presents the average of credit ratings when there is a change from lawyer
CEO to nonlawyer CEO. The gray line presents the average of credit ratings surround other CEO changes.
Credit ratings are detrended using the time trend from the “Other changes” category, and month t – 6,
compared to the CEO change month, is normalized to zero
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characteristics associated with credit quality, as in the baseline regression (column (4)
of Table 2). Finally, we control for year and firm fixed effects to control for time- and
firm-invariant factors, respectively, that could be associated with credit spreads. We
present the results for this test in Table 4.

We present three regression specifications: 1) a model without issuance and firm
control variables, 2) a model with all issuance and firm control variables, and 3) a
model with all issuance attributes, firm control variables, and other management
attributes, as in the baseline model in Table 2. In Models (1) and (2), the
LAWYER_CEO variable relates negatively and significantly to the measure of credit
spread, suggesting that CEO legal expertise is associated with a lower credit spread.
The results reported in Models (2) and (3) suggest that there could be ways that CEO
legal training affects bond costs. Specifically, the estimated coefficients on
LAWYER_CEO are negative and statistically significant between the different model
specifications, which is consistent with CEO legal training affecting credit spreads
directly. Moreover, the coefficients on BOND_RATING are also negative and statisti-
cally significant, suggesting that CEO legal expertise affects credit spreads indirectly
through its impact on credit ratings. The magnitude of the effect of CEO legal expertise
on credit spreads is also economically significant, with firms led by lawyer CEOs
having, on average, about 10% (about 19 bps) lower costs than firms headed by
nonlawyer CEOs.12 Taken together, the results of Table 4 suggest that CEO legal
expertise impacts bond pricing through direct and indirect channels, confirming H2.13

4.3.2 Testing for economic bonding

In this section, we attempt to address the concern that lawyer CEOs can influence
issuer-pay rating agencies, which could lead to an increase in the ratings (i.e., the
economic bonding hypothesis). Although these potential bonding relationships are
unobservable and hence cannot be ruled out, we provide several tests to mitigate this
concern.

First, we examine the possibility that the credit rating agencies themselves could
have incentives to bond with the CEOs, since the bond issuers pay the rating agencies
directly for their services. We address this concern by conducting a test using ratings
from Egan-Jones Ratings Company, an investor-pays rating agency whose fees are not
paid by insurers.14 We report the results for this test in columns (1) to (3) in Table 5.

We present three regression specifications: a model without any control variables, a
model with firm-specific control variables, and a model with all the firm-specific variables
and other management attributes, as in the baseline model in Table 2. Across different
model specifications, we consistently find that the relation between lawyer CEOs and

12 We estimate this difference as the coefficient on LAWYER_CEO divided by the mean of the sample bond
spread (e.g., −0.19/ 1.87 = 10%).
13 We also attempt to conduct the CEO turnover test for the bond spread sample. Specifically, we follow
Bonsall IV et al. (2017) and examine a sample of CEO turnovers with the necessary bond spread data and
control variables during our sample period. However, we could only identify five CEO turnovers with the
necessary data, which does not allow us to repeat our CEO turnover analysis in the bond spread regressions.
14 We thank the referee for suggesting this analysis.
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Table 4 Lawyer CEOs and bond costs

Dependent Variable: SPREAD

(1) (2) (3)

LAWYER_CEO −0.3129** −0.1989* −0.1879*
(−2.28) (−1.89) (−1.80)

ISSUE −0.0078*** −0.0081***
(−2.98) (−2.69)

MATURITY 0.2250*** 0.2243***

(12.77) (12.77)

BOND_RATING −0.0103** −0.0103**
(−2.31) (−2.30)

SENIOR 0.1910 0.2049

(0.27) (0.28)

ENHANCE −0.2198* −0.2224*
(−1.81) (−1.83)

LNSIZE −0.3550*** −0.3318***
(−5.73) (−5.14)

LEVERAGE 1.2314*** 1.2978***

(4.23) (4.43)

ROA 0.6174 0.6249

(1.00) (1.01)

LOSS 0.2463** 0.2601**

(2.13) (2.25)

SUBORD 0.2333** 0.2169**

(2.39) (2.22)

CAP_INTEN 0.3437** 0.4112**

(1.99) (2.38)

INT_COV −0.0029** −0.0024
(−1.99) (−1.64)

LNANALYST −0.1006 −0.0904
(−1.47) (−1.34)

LNMTB −0.5347*** −0.5656***
(−7.39) (−7.27)

ACCM −0.0619 −0.0488
(−0.93) (−0.73)

RETVOL 2.3937*** 2.3193***

(8.26) (7.95)

STDCFO 2.4189** 2.5272**

(2.02) (2.11)

Control for CEO characteristics No No Yes

Firm fixed effects Yes Yes Yes

Year fixed effects Yes Yes Yes

S.E. clustered by Firm × Year Firm × Year Firm × Year
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credit ratings is positive and statistically significant for non-issuer-paid ratings. This result
confirms that our main findings are not driven by issuer-pay incentives.

Second, firmmanagers could have incentives for economic bondingwhen their firms have
rating-based performance pricing provisions in their private lending contracts. To address this
concern, we examine whether the relation between lawyer CEOs and credit ratings is only
found among firms with rating-based performance pricing provisions in their private lending
contracts, as obtained from the DealScan database. Specifically, we re-estimate our baseline
model (Table 2, Model (4)) for two subsamples of firms, with and without the performance
pricing information. We report the results for these tests in columns (4) and (5), respectively,
in Table 5.We find that the effect of lawyer CEOs on credit ratings is not limited to firmswith
rating-based performance pricing provisions. Using SUR and theWald test for the coefficient
differences between the two subsamples, we find no significant difference in the magnitudes
of the association between CEO legal expertise and credit rating in these two subsamples.

Overall the results in Table 5 suggest that i) the relation between lawyer CEOs and
credit ratings is positive and statistically significant for the non-issuer-paid ratings, and
ii) the results are not concentrated among firms with rating-based performance pricing
provisions in their loan contracts. The findings in the table therefore consistently
suggest that economic bonding is not likely to be an omitted variable in our model
of lawyer CEOs and credit ratings.

5 Path analyses

In this section, we discuss two possible mechanisms through which lawyer CEOs affect
their firms’ credit risk assessment: reduction in future risk and improvement in infor-
mation asymmetry. We follow the literature (e.g., DeFond et al. 2016; Landsman et al.
2012; Lang et al. 2012) and conduct path analyses to investigate whether there is a
direct link in which the reduction in future risk and improvement in information
asymmetry can serve as mediator variables influenced by lawyer CEOs that, in turn,
influence their firms’ credit risk assessment.15

15 We thank the referee for suggesting this test.

Table 4 (continued)

Dependent Variable: SPREAD

(1) (2) (3)

Observations 3,223 3,223 3,223

Adjusted R-squared 0.656 0.730 0.731

This table presents the results of the regressions of new bond offering credit spreads on lawyer CEO. The
independent variable of interest, LAWYER_CEO, is a dummy that equals one if the CEO has a legal education
and zero otherwise. The dependent variables of interest are the offering credit spreads, measured as the
offering yields to maturity in excess of similar duration treasuries. Robust t-statistics based on standard errors
clustered by both firm and year dimensions are reported in parentheses. *, **, and *** denote significance at
the 10%, 5%, and 1% levels, respectively. The variable definitions and data sources are presented in Appendix
Table 11
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Table 5 Testing for economic bonding

Egan-Jones Ratings Performance Pricing

Yes No

(1) (2) (3) (4) (5)

LAWYER_CEO 0.8033*** 0.5857*** 0.5865*** 0.4686*** 0.3158***

(4.84) (5.14) (5.12) (2.67) (4.48)

LNSIZE 1.2181*** 1.3718*** 0.6393*** 1.0477***

(13.76) (14.23) (5.30) (23.34)

LEVERAGE −3.7244*** −3.7910*** −2.3590*** −2.1809***
(−10.59) (−10.17) (−4.99) (−12.93)

ROA 3.9650*** 3.7281*** 2.3301* 1.4541***

(4.97) (4.54) (1.95) (4.43)

LOSS −0.2550** −0.2619** −0.2499 −0.1238**
(−2.16) (−2.11) (−1.40) (−2.29)

SUBORD −0.3146** −0.3229** −0.2581 −0.2142***
(−2.33) (−2.33) (−1.60) (−3.76)

CAP_INTEN 0.0224 −0.0068 0.1965 0.9708***

(0.10) (−0.03) (0.65) (8.65)

INT_COV 0.0019 0.0007 −0.0018 0.0011

(0.47) (0.17) (−0.67) (1.48)

LNANALYST 0.4435*** 0.4620*** 0.1601 0.3436***

(5.09) (5.00) (1.40) (8.00)

LNMTB 0.8442*** 0.9133*** 1.0618*** 0.8738***

(10.70) (10.13) (8.35) (19.75)

ACCRUAL −0.0332 −0.0062 −0.2876** −0.0278
(−0.43) (−0.08) (−2.34) (−0.76)

RETVOL −3.1067*** −3.1836*** −0.9572** −1.7237***
(−8.18) (−7.95) (−2.24) (−12.93)

STDCFO −1.3240 −1.4709 −3.6568*** −2.0631***
(−0.98) (−1.04) (−2.68) (−3.27)

Control for CEO characteristics
as in baseline

No No Yes Yes Yes

Firm fixed effects Yes Yes Yes Yes Yes

Year fixed effects Yes Yes Yes Yes Yes

S.E. clustered by Firm × Year Firm × Year Firm × Year Firm × Year Firm ×Year

Adjusted R-squared 0.731 0.811 0.811 0.823 0.892

Observations 5,232 5,232 4,933 987 8,105

SUR & Wald test for differences in coefficients:

χ2 test 0.85

p Value (0.36)

This table reports the results from regressions of S&P credit ratings on lawyer CEOs, where Egan-Jones credit
ratings are the dependent variables (columns (1) to (3)) and for subsamples of firms (columns (4) and (5)). The
dependent variables in columns (1) to (3) are the average of a firm’s daily rating from Egan-Jones Ratings
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Figure 4 and Table 6 present a path analysis that examines the effect of lawyer CEOs
on credit ratings through ex ante future volatility and information risk. We estimate the
following models in the path analyses.

Ratingt ¼ β0 þ β1
*Lawyer CEOt−1 þ β2

*Volatilityt þ β3
*Information Riskt

þ Controlsþ εt: ðaÞ

Volatilityt ¼ α0 þ α1
* Lawyer CEOt−1 þ Volatilityt−1 þ Controlsþ εt: ðbÞ

Information Riskt ¼ μ0 þ μ1
* Lawyer CEOt−1 þ Information Riskt−1 þ Controls

þ εt: ðcÞ

The independent variable of interest is an indicator equal to one if a firm is led by
a lawyer CEO. Rating refers to the credit rating measure as discussed in Model (1).
Return Volatility, measured by the annualized stock return volatility, is based on the
standard deviation of the daily stock returns over a fiscal year (Bonsall IV et al.
2017; Brogaard et al. 2017; Correia et al. 2018). To capture Information Risk, we
use bid-ask spread as a measure of information asymmetry (Diamond and
Verrecchia 1991; Bartov and Bodnar 1996; Leuz and Verrecchia 2000; Frankel
and Li 2004). Specifically, we follow Corwin and Schultz (2012) and estimate a
bid-ask spread estimator from daily high and low prices. We compute the annual
spread for each stock based on the average daily spread over a year. As information
asymmetry can vary across industries (Pham 2020), we construct an industry-
adjusted spread measure, defined as the difference between each firm’s bid-ask
spread and the industry average value, scaled by industry standard deviation. The
higher the spread, the greater the information asymmetry. The controls are the
relevant control variables from the baseline regression in Model (1). We also
include the lagged values of return volatility and information risk measures in
equations (b) and (c), respectively. The path coefficient β1 is the magnitude of the
direct path from lawyer CEOs to credit ratings. The path coefficient β2 (β3) is the
magnitude of the path from future volatility (information risk) to credit ratings. The

Company in a given year. Columns (4) and (5) respectively report the results for firms with and without rating-
based performance pricing provisions in their private lending contracts, as obtained from the DealScan
database. Firm-level characteristics variables similar to those in the baseline regression in Table 2 are included
in all the models. Robust t-statistics based on standard errors clustered by both firm and year dimensions are
reported in parentheses. Tests for coefficient differences between the subsamples are conducted using
seemingly unrelated regression (SUR) and the Wald test *, **, and *** denote significance at the 10%,
5%, and 1% levels, respectively. The variable definitions and data sources are presented in Appendix Table 11
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path coefficient bα1 � bβ2 ðbμ1 � bβ3) is the magnitude of the indirect path from lawyer
CEOs to credit ratings mediated through future volatility (information risk). The
significance of the indirect effect is estimated using Sobel (1982) test statistics.

The results of Table 6 suggest that return volatility reduction is a significant channel
that helps explain 10.23% of the positive relation between lawyer CEOs and credit
ratings.

Similarly, information risk is another significant channel that helps explain 2.77% of the
positive relation between lawyer CEOs and credit ratings. These findings are consistent with
the literature suggesting that rating agencies account for the variability of a firm’s future
performance in their credit risk assessment (e.g., Kaplan andUrwitz 1979; Blume et al. 1998)
and that a transparent information environment implies a reduction in default risk and

Lawyer CEO Credit ra�ng

Future vola�lity

Informa�on risk

Direct path
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path

Indirect path

β1(+)
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Fig. 4 Path analysis. This figure depicts the direct and indirect paths through which lawyer CEOs can affect
credit ratings. We estimate the following models in the path analysis. Ratingt = β0 + β1∗Lawyer CEOt − 1 +
β2∗ Volatilityt + β3∗Information Riskt + Controls + t. (a), Volatilityt = α0 + α1

∗ Lawyer CEOt − 1 +
Volatilityt − 1 + Controls + t. (b), Information Riskt = μ0 + μ1

∗ Lawyer CEOt − 1 + Information Riskt − 1
+ Controls + t. (c). The independent variable of interest is an indicator denoting if a firm is led by a lawyer
CEO. Rating refers to credit rating measure, as discussed in Model (1). Return Volatility is measured by the
annualized stock return volatility based on the standard deviation of the daily stock returns over a fiscal year.
To capture Information Risk, we use the logarithm of Corwin and Schultz’s (2012) bid-ask spread measure.
The term Controls represents the relevant control variables from the baseline regression in Model (1). Firm
and year fixed effects are included in all the models. The path coefficient β1 is the magnitude of the direct path
from lawyer CEOs to credit ratings. The path coefficient β2 (β3) is the magnitude of the path from future
volatility (information risk) to credit ratings. The path coefficient bα1 �cβ2 ðbμ1 �cβ3) is the magnitude of the
indirect path from lawyer CEOs to credit ratings mediated through future volatility (information risk). The
significance of the indirect effect is estimated using Sobel (1982) test statistics. The table reports the path
coefficients of interest. *, **, and *** denote significance at the 10%, 5%, and 1% levels, respectively.
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correspondingly more favorable credit ratings (Francis et al. 2005; Cheng and Subramanyam
2008; Brogaard et al. 2017). Overall, the path analysis in Table 6 suggests that the effects of
lawyer CEOs and credit ratings aremediated through at least two channels: i) information risk
and ii) future volatility.16

16 The results from the path analyses in Table 6 suggest that lawyer CEOs have a significant direct effect on
their firms’ credit ratings. We attempt to explore how lawyer CEOs can directly influence their firms’ credit
risk assessments. A recent study by Pham (2020) suggests that the legal expertise of CEOs can enhance
investors’ trust, such that their investment decisions favor firms led by lawyer CEOs. Consistent with this line
of argument, we conjecture that the trust-building credibility of lawyer CEOs plays significant roles in shaping
the risk profile of the firms they manage. Since trust underlies almost all economic transactions (Arrow 1972,
1974; Williamson 1993) and can influence risk assessment (Guiso et al. 2008; Georgarakos and Pasini 2011),
credit rating agencies are likely to consider such soft information in their credit risk assessments. We thank the
referee for suggesting this possibility.

Table 6 Path analysis

Path=Return Volatility Path=Information Risk

(1) (2) (3) (4)

Coeff. p Value Coeff. p Value

Direct Path

P (Lawyer CEO, Credit Rating) 0.0208*** (0.01) 0.0208*** (0.01)

Indirect Path

P (Lawyer CEO, Path) −0.0182** (0.02) −0.0135** (0.05)

P (Path, Credit Rating) −0.1305*** (0.00) −0.0439*** (0.00)

P (Lawyer CEO, Path)×P (Path, Credit Rating) 0.0024*** (0.00) 0.0006*** (0.00)

Total effect 0.0232*** (0.00) 0.0214*** (0.00)

Mediated % in Total 10.23% 2.77%

Observations 10,327 10,327

The table reports the results from a path analysis that examines the effect of lawyer CEOs on credit ratings
through ex ante future volatility and information risk. We estimate the following models in the path analysis

Ratingt ¼ β0 þ β1
*Lawyer CEOt−1 þ β2*Volatilityt þ β3*Information Risk t þ Controlsþ εt

Volatilityt ¼ α0 þ α1
* Lawyer CEOt−1 þ Volatilityt−1 þ Controlsþ εt

Information Risk t ¼ μ0 þ μ1
* Lawyer CEOt−1 þ Information Risk t−1 þ Controlsþ εt

The independent variable of interest is an indicator that denotes if a firm is led by a lawyer CEO. Rating refers
to credit rating measure, as discussed in Model (1). Return Volatility is measured by the annualized stock
return volatility based on the standard deviation of the daily stock returns over a fiscal year. To capture
Information Risk, we use the logarithm of Corwin and Schultz’s (2012) bid-ask spread measure. The term
Controls represents the relevant control variables from the baseline regression in Model (1). The path
coefficient β1 is the magnitude of the direct path from lawyer CEOs to credit ratings. The path coefficient
β2 (β3) is the magnitude of the path from future volatility (information risk) to credit ratings. The path
coefficient bα1 �cβ2 ðbμ1 �cβ3) is the magnitude of the indirect path from lawyer CEOs to credit ratings
mediated through future volatility (information risk). The significance of the indirect effect is estimated using
Sobel (1982) test statistics. The table reports the path coefficients of interest. *, **, and *** denote significance
at the 10%, 5%, and 1% levels, respectively
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6 Other tests

6.1 Cross-sectional analysis

Hypothesis 3 states that the positive impact of CEO legal expertise is particularly
pronounced for riskier firms. To test this hypothesis, we estimate the effect of lawyer
CEOs on corporate credit ratings separately for 1) firms facing relatively high and low
levels of financial constraints, 2) firms facing relatively high and low levels of market
competition, and 3) firms with higher and lower levels of past variability and test for
differences between these groups.

First, we use the Kaplan and Zingales (1997) index, as reported by Lamont et al.
(2001) as a proxy for financial constraints and estimate our baseline regression (Eq. (1))
separately for groups with high and low levels of financial constraints. For each year,
we sort firms into terciles based on the value of each measure and define high (low)
levels of the measure based on the top (bottom) tercile of the measure. Consistent with
previous sections, in all regressions, we control for year and firm fixed effects to control
for time- and firm-invariant factors, respectively, that could be associated with credit
risk assessment. We report the results for this test in columns (1) and (2), respectively,
of Table 7.

Comparing the two subsamples, we observe that the coefficient on LAWYER_CEO
is significantly positive in the group with high financial constraints and statistically
insignificant in the low-constraints group. A test for coefficient differences across the
high- and low-constraints subsamples indicates that the coefficient on LAWYER_CEO
is statistically larger for the high-constraints subsample. These results suggest that CEO
legal expertise is a significant credit rating factor, independent of its impact on prior
firm performance and other observable characteristics (e.g., size, capital intensity, and
capital structure) but only for firms with a high probability of financial constraints.

Second, we test the relevance of lawyer CEOs for corporate credit ratings separately
for firms facing high and low product market threats, where we employ the firm-level
product market threats developed by Hoberg et al. (2014). As levels of competition can
vary across industries (Hoberg and Phillips 2010), we construct an industry-adjusted
competition measure, defined as the difference between each firm’s product market
threats and the industry average value, scaled by industry standard deviation. We then
rerun the baseline regression (Eq. (1)) for the two groups of firms based on their
measure of market threats and observe that the coefficient on LAWYER_CEO is
significant in the high-competition subsample. A test for differences in the coefficients
between the high- and low-market competition subsamples suggests that the coefficient
on LAWYER_CEO is statistically larger for the high-competition subsample compared
with the low-competition subsample. The results of columns (3) and (4) suggest that
CEO legal training is a more important credit rating factor (independent of its impact on
firm characteristics) for firms facing higher levels of market competition.

Finally, we examine whether the impact of CEO legal expertise on credit risk
assessment is more pronounced among firms that operate in a highly uncertain envi-
ronment. We conjecture that legal training that helps CEOs with risk management is
likely to have a stronger impact on credit quality under riskier circumstances. To test
this possibility, we run the baseline regression (Eq. (1)) separately for two subsamples
of firms based on the standard deviation of monthly stock returns during the previous
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Table 7 Cross-sectional analysis

Financial Constraints Competition Past Variability

High Low High Low High Low

(1) (2) (3) (4) (5) (6)

LAWYER_CEO 0.4306*** 0.0323 0.3794*** 0.2271* 0.4508*** 0.3511***

(3.01) (0.31) (2.96) (1.85) (2.90) (3.88)

LNSIZE 0.7411*** 1.2494*** 1.0035*** 1.2063*** 0.8958*** 0.8693***

(8.08) (14.13) (11.84) (14.74) (11.06) (10.64)

LEVERAGE −2.0801*** −1.5774*** −2.0703*** −2.0573*** −2.0258*** −2.0675***
(−7.67) (−4.20) (−7.49) (−6.65) (−7.02) (−6.30)

ROA 0.7462 1.2181* 0.7116 1.8321*** 1.0660** 3.2866***

(1.49) (1.70) (1.48) (2.92) (2.52) (3.95)

LOSS −0.1236* 0.0276 −0.1585* −0.1863* −0.2327*** 0.1668

(−1.67) (0.21) (−1.93) (−1.83) (−3.20) (1.11)

SUBORD −0.0353 −0.3923*** −0.2237* −0.3640*** −0.1191 −0.3756***
(−0.43) (−2.68) (−1.93) (−3.65) (−1.38) (−3.07)

CAP_INTEN 0.2660 1.0604*** 0.8205*** 0.9873*** 0.2211 1.2210***

(1.22) (5.41) (3.64) (5.12) (1.19) (5.79)

INT_COV −0.0003 0.0014 −0.0003 0.0055*** 0.0021* 0.0011

(−0.10) (1.49) (−0.24) (3.27) (1.65) (0.92)

LNANALYST 0.4052*** 0.2110*** 0.2571*** 0.3466*** 0.2592*** 0.4530***

(5.00) (3.11) (3.37) (4.49) (3.58) (6.95)

LNMTB 0.7755*** 1.1475*** 0.8230*** 0.9974*** 0.7788*** 0.9671***

(10.71) (9.70) (11.83) (11.30) (11.32) (9.52)

ACCRUAL −0.0297 −0.0022 −0.0191 −0.0881 −0.1501* 0.0831

(−0.59) (−0.03) (−0.24) (−1.13) (−1.79) (1.48)

RETVOL −1.0772*** −1.6230*** −1.5909*** −1.3819*** −1.3430*** −2.1010***
(−5.85) (−4.74) (−8.33) (−5.47) (−7.54) (−4.71)

STDCFO −0.6457 −1.7589 −2.7797*** 0.2396 −0.9392 −2.6271**
(−0.79) (−1.50) (−2.76) (0.24) (−0.94) (−2.41)

Control for CEO
characteristics as in
baseline

Yes Yes Yes Yes Yes Yes

Firm fixed effects Yes Yes Yes Yes Yes Yes

Year fixed effects Yes Yes Yes Yes Yes Yes

S.E. clustered by Firm ×
Year

Firm ×
Year

Firm ×
Year

Firm ×
Year

Firm ×
Year

Firm ×
Year

Adjusted R-squared 0.875 0.917 0.919 0.914 0.857 0.894

Observations 2,910 3,059 3,110 3,161 3,182 3,219

SUR & Wald test for differences in coefficients:

χ2 Test 6.22** 3.80** 4.60**

p Value (0.01) (0.05) (0.03)
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fiscal year. For each year, we sort firms into terciles based on the value of each measure
and define high (low) levels of the measure based on the top (bottom) tercile of the
measure. We report the results for this test in columns (5) and (6). We observe that the
coefficient on LAWYER_CEO is significant in both subsamples of firms. We test the
coefficient differences between the high- and low-variability subsamples and find that
the coefficient for the high-variability subsample is statistically larger than that in the
low-variability subsample. Collectively, the results of columns (5) and (6) support our
prediction that CEO legal expertise impacts credit risk assessment to a greater extent
when firms operate in a highly uncertain environment, confirming H3.

6.2 Sensitivity and additional analyses

We supplement the baseline regression results in Table 2 with a number of robustness
tests to ensure that our results are insensitive to specific model specifications, sample
selection, or alternative measures of corporate default risk.

6.2.1 Lawyer CEOs and CDS spreads

In this subsection, we consider CDS spread an alternative measure of credit market risk.
We obtain the CDS spread data from the Markit database and follow Micu et al. (2006)
and Zhang et al. (2009) and use five-year CDS spreads, because these contracts are the
most liquid and provide the most reasonable pricing estimate of the underlying asset’s
default risk (Ham and Koharki 2016). We present the results for this analysis in
Table 8.

Consistent with prior analysis, we present four regression specifications: a model
without firm-specific control variables, a model with firm-specific control variables,
and two models with all the firm-specific control variables and other management
attributes, as in the baseline model in Table 2. In the full model, after controlling for all
available firm and CEO characteristics as well as fixed effects, we find that having a
lawyer CEO is associated with a 17-bp lower CDS spread.17 The results in Table 8
suggest that firms led by lawyer CEOs are associated with lower credit default spreads,
consistently suggesting the role of lawyer CEOs in reducing firms’ credit risks.

17 Compared to firms led by nonlawyer CEOs, firms with lawyer CEOs have on average 10.80% or 17-bps (=
10.80% × 157 bps) lower CDS spread.

This table reports the results from regressions of S&P credit ratings on lawyer CEOs for subsamples of firms.
Columns (1) and (2) report the results for high and low levels of financial constraints, respectively, measured
using the Kaplan and Zingales (1997) index, as reported by Lamont et al. (2001). Columns (3) and (4) report
the results for high and low levels of market competition, respectively, measured by firm-level product market
threats, as developed by Hoberg et al. (2014). Columns (5) and (6) report the results for high and low levels of
the standard deviation of monthly stock returns, respectively. For each year, we sort firms into terciles based
on the value of each measure and define high (low) levels of the measure based on the top (bottom) tercile of
the measure. Firm-level characteristic variables similar to those in the baseline regression in Table 2 are
included in all the models. Robust t-statistics based on standard errors clustered by both firm and year
dimensions are reported in parentheses. Tests for coefficient differences between the subsamples are conduct-
ed using SUR and the Wald test. *, **, and *** denote significance at the 10%, 5%, and 1% levels,
respectively. The variable definitions and data sources are presented in Appendix Table 11
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Table 8 Lawyer CEOs and CDS spreads

Dependent Variable: CDS Spreads

(1) (2) (3) (4)

LAWYER_CEO −0.1989*** −0.1151*** −0.1193*** −0.1080***
(−3.72) (−2.79) (−2.90) (−2.63)

LNSIZE −0.2551*** −0.2656*** −0.2673***
(−8.10) (−8.23) (−7.93)

LEVERAGE 0.7250*** 0.6993*** 0.6892***

(6.51) (6.35) (6.02)

ROA −0.4727** −0.4360** −0.3627*
(−2.25) (−2.11) (−1.75)

LOSS 0.0999*** 0.1062*** 0.1229***

(2.85) (3.04) (3.51)

SUBORD 0.1711*** 0.1776*** 0.1725***

(3.84) (4.01) (3.85)

CAP_INTEN −0.2172*** −0.2128*** −0.1769**
(−2.98) (−2.94) (−2.38)

INT_COV −0.0029*** −0.0029*** −0.0028***
(−4.96) (−4.90) (−4.53)

LNANALYST −0.0322 −0.0305 −0.0664**
(−1.02) (−0.96) (−2.44)

LNMTB −0.2594*** −0.2729*** −0.2743***
(−9.65) (−9.25) (−8.94)

ACCRUAL −0.0005 −0.0036 0.0026

(−0.02) (−0.15) (0.11)

RETVOL 0.7874*** 0.8026*** 0.7376***

(7.49) (7.92) (7.32)

STDCFO 1.4383*** 1.4186*** 1.3408***

(4.03) (4.01) (3.78)

HIGHPAID_GC 0.0430** 0.0456**

(2.20) (2.27)

LNDELTA 0.0163*** 0.0165***

(2.79) (2.73)

LNVEGA 0.0085 0.0117

(0.78) (1.03)

MBA 0.2224*** 0.2149***

(4.69) (4.36)

PHD −0.0506 −0.0208
(−0.47) (−0.18)

IVY_EDUC −0.0154 −0.0071
(−0.34) (−0.14)

FIN_EDUC −0.1347*** −0.1430***
(−3.58) (−3.64)
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Figure 5 presents the CDS spreads surrounding CEO changes.18 The orange line
presents the average of CDS spreads when there is a change from lawyer CEO to
nonlawyer CEO. The blue line presents the average of CDS spreads when there is a
change from nonlawyer CEO to lawyer CEO. The gray line presents the average of
CDS spreads surrounding other CEO changes. Overall Fig. 5 suggests that the firm’s
credit risk declines, as evidenced by a reduction in CDS spread, following the appoint-
ment of a lawyer CEO, whereas the firm’s CDS spread increases when a lawyer CEO is
replaced by a nonlawyer CEO.

6.2.2 Sensitivity analysis

So far, we have focused on credit ratings to measure corporate default risk, since they
reflect a firm’s overall creditworthiness (S&P 2002). In Model (1) of Table 9, we
consider an alternative measure of corporate default risk. Specifically, we use Merton’s
(1974) distance-to-default measure (DTD), as applied by Bharath and Shumway
(2008). We follow Bharath and Shumway (2008) and Brogaard et al. (2017) and
compute the DTD as follows.

DTDi;t ¼
log

Equityi;t þ Debti;t
Debti;t

� �
þ ri;t−1

σ2
Vi;t

2

 !
� Ti;t

σVi;t �
ffiffiffiffiffiffiffi
Ti;t

p ;

σVi;t ¼
Equityi;t þ Debti;t

Debti;t
� σEi;t þ Debti;t

Equityi;t þ Debti;t
� 0:05þ 0:25� σEi;t
� �

;

18 We thank the editor for suggesting this figure.

Table 8 (continued)

Dependent Variable: CDS Spreads

(1) (2) (3) (4)

HIGH_ABILITY 0.0025

(0.13)

Firm fixed effects Yes Yes Yes Yes

Year fixed effects Yes Yes Yes Yes

S.E. clustered by Firm × Year Firm × Year Firm ×Year Firm ×Year

Adjusted R-squared 0.818 0.864 0.866 0.870

Observations 3,338 3,338 3,338 3,203

This table presents the results of the regression of lawyer CEOs on CDS spreads. The independent variable of
interest, LAWYER_CEO, is a dummy variable that equals one if the CEO has a legal education and zero
otherwise. The dependent variables of interest are the CDS spreads, measured as the natural logarithm of the
average of a firm’s daily CDS spreads in a given year. We follow Zhang et al. (2009) and use the five-year
CDS spread to capture default risk. Robust t-statistics based on standard errors clustered by both firm and year
dimensions are reported in parentheses. *, **, and *** denote significance at the 10%, 5%, and 1% levels,
respectively. The variable definitions and data sources are presented in Appendix Table 11
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where Equityi, t is the market value of equity, measured as the product of the number of
shares outstanding and the stock price at the end of the year; Debti, t is the face value of
debt, measured as the sum of debt in current liabilities and one-half the long-term debt
at the end of the year; ri, t − 1 is firm i’s past annual return; σEi, t is the stock return
volatility for firm i during year t, estimated using the monthly stock return from the
previous year; σVi, t is an approximation of the volatility of firm assets; and Ti, tis set to
one year. A high (low) DTD value indicates relatively low (high) default risk.

In Model (2) of Table 9, we examine the relation between CEO legal expertise and
credit risk assessment using ordered probit models (Ashbaugh-Skaife et al. 2006;
Cheng and Subramanyam 2008). As Bernile et al. (2017) note, the ordinary least
squares estimation is less sensitive to a large number of fixed effects in the model but
requires that the distance between two adjacent rating categories be constant across the
full range of ratings. The ordered probit estimation, on the other hand, can accommo-
date the varying distances between adjacent rating categories but is more sensitive to a
large number of fixed effects. We therefore report the results from the ordered probit
model in Model (2) to complement the ordinary least squares results.

In Model (3) of Table 9, we test the robustness of our baseline results to alternative
standard errors two-way clustered by year and CEO, following Kuang and Qin (2013)
and Cornaggia et al. (2017).19 All of the tests in Models (1) to (3) support our main

19 We also consider alternative standard errors clustered by CEO, by CEO and industry, by year and industry,
and by firm, following Petersen (2009) and Gow et al. (2010), and find our results (untabulated, for brevity) to
be robust.

50

90

130

170

210

250

t - 6 t - 5 t - 4 t - 3 t - 2 t - 1 t = 0 t + 1 t + 2 t + 3 t + 4 t + 5 t + 6

NL to L Other changes L to NL

CDS Spreads around CEO changes
CD

S 
Sp

re
ad

Fig. 5 CDS spread around CEO changes. This figure presents the CDS spread surrounding CEO changes.
The orange line presents the average of CDS spreads when there is a change from lawyer CEO to nonlawyer
CEO. The blue line presents the average of CDS spreads when there is a change from nonlawyer CEO to
lawyer CEO. The gray line presents the average of CDS spreads surrounding other CEO changes
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results and indicate a significant negative association between lawyer CEOs and their
firms’ credit risk.

Next we run the baseline model (Eq. (1)) after including additional control variables.
We control for earnings quality, since it can be associated with a firm’s cost of capital
and credit rating (e.g., Francis et al. 2005; Francis et al. 2008; Armstrong et al. 2010;
Alissa et al. 2013). We follow Barth et al. (2013) and construct earnings transparency
measures. We measure earnings transparency using a two-step estimation procedure to
allow for intertemporal and cross-sectional variations in our measure.20

In addition, we control for rollover risk, since Gopalan et al. (2014) suggest that
firms with greater exposure to rollover risk exhibit lower credit quality. We follow
these authors and measure a firm’s exposure to rollover risk using the variable LTt-1,
which is defined as the amount of the firm’s long-term debt outstanding at the end of

20 For each firm-year, earnings transparency is the sum of two R2 values, with the first R2 value constructed
from annual returns-earnings relations estimated by industry and the second R2 value constructed from the
annual return-earnings relation estimated by portfolio. We then create an indicator, HIGH_TRANS, that equals
one if the firm’s transparency measure is above the sample median and zero otherwise

Table 9 Lawyer CEOs and credit risk assessment: sensitivity analysis

LAWYER_CEO R2/
Pseudo-
R2

Observations

Coeff. t-Stat./
z-Stat.

(1) Use Merton’s distance to default to measure default risk 0.5828*** (2.79) 0.672 9,989

(2) Use ordered probit regression 0.3222*** (5.56) 0.458 10,349

(3) Standard errors are two-way clustered by CEO and year 0.2862*** (2.62) 0.907 10,230

(4) Additional control variables (earnings transparency,
rollover risk, CSR ratings, corporate governance, and board
quality measures)

0.4511** (2.52) 0.930 2,304

(5) Control for lawyer CFOs 0.3404*** (3.56) 0.930 4,276

(6) Exclude Financial Crisis period (2007–2009) 0.2953*** (4.32) 0.906 8,842

(7) Exclude post-Dodd-Frank Act period 0.2979*** (3.96) 0.908 8,166

This table reports the results of several robustness tests performed on the regressions of credit rating measures.
In Model (1), we use Merton’s (1974) distance-to-default measure (DTD) as proposed by Bharath and
Shumway (2008), as an alternative measure of corporate default risk. In Model (2), we examine the relation
between CEO legal expertise and credit risk assessment using the ordered probit models of Ashbaugh-Skaife
et al. (2006) and Cheng et al. (2008). In Model (3), we use alternative standard errors two-way clustered by
year and CEO, following Kuang and Qin (2013) and Cornaggia et al. (2017). In Model (4), we re-estimate the
baseline model after controlling for nine additional control variables. These include Barth et al. (2013)‘s
earnings transparency, rollover risk following Gopalan et al. (2014), CSR ratings measured following
Cronqvist and Yu (2017), and six proxies for corporate governance and board quality (i.e., the corporate
governance index of Gompers et al. (2003), institutional ownership, a takeover index constructed from laws,
board size, the share of independent directors on the board, and co-opted boards). In Model (5), we control for
lawyer CFOs. In Models (6) and (7), we consider alternative sampling methods. Robust t-statistics based on
standard errors clustered by both firm and year are reported in parentheses, except for Model (2), where
ordered probit model is employed and z-statistics are reported, and Model (3), where standard errors are two-
way clustered by CEO and year. *, **, and *** denote significance at the 10%, 5%, and 1% levels,
respectively. The variable definitions and data sources are presented in Appendix Table 11
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year t - 1 due for repayment in year t, scaled by its book value of total assets at the end
of year t - 1. We focus on ΔLTt-1, which equals LTt-1 - LTt-2, since a larger value of
ΔLTt-1 denotes a greater increase in the firm’s exposure to rollover risk.

We further control for CSR, since a firm’s CSR performance impacts the pricing of
corporate debt and the assessment of credit quality (Oikonomou et al. 2014; Ge and Liu
2015). We therefore control for CSR to ensure that the effect of CEO legal training on
credit risk assessment is not driven by CSR performance. We source corporate social
rating data from the KLD database and follow Cronqvist and Yu (2017) to construct a
CSR score. Specifically, KLD rates companies by using six CSR categories (i.e.,
community, diversity, employee relations, the environment, human rights, and product)
and provides a number of strengths and concerns for each category. For each firm-year,
each strength adds +1 to the score, and each concern adds −1. We aggregate the scores
for each category and then aggregate them across all six categories. The CSR score
equals the number of strengths minus the number of concerns. We follow Cronqvist
and Yu (2017) and normalize these scores so that the minimum is zero, for straight-
forward interpretation. A higher score indicates a more socially responsible rating.

Furthermore, we consider whether corporate governance can explain the effect of
CEO legal expertise on a firm’s credit risk. The importance of corporate governance for
the corporate information environment and risk taking has been extensively document-
ed.21 In the context of credit risk assessment, Klock et al. (2005) find firms with strong
antitakeover provisions are associated with a lower cost of debt financing, while
Ashbaugh-Skaife et al. (2006) show that firms with better governance have more
favorable credit ratings. A potential concern is that the documented effect of lawyer
CEOs on credit ratings could be driven by the strength of the firm’s governance. We
examine this possibility by controlling for a comprehensive set of governance proxies,
including a) the corporate governance index constructed by Gompers et al. (2003),
based on 24 governance provisions; b) institutional ownership (Bhojraj and Sengupta
2003); c) a takeover index constructed from laws (Cain et al. 2017), and d) three
measures of board quality, that is, board size, the share of independent directors on the
board (Dahya et al. 2008; Hazarika et al. 2012), and co-opted boards (Coles et al.
2014).22 We construct these governance measures using the RiskMetrics database.

In Model (4) of Table 9, we re-estimate our baseline model after including the nine
additional control variables mentioned. Although the sample shrinks significantly (from
10,655 to 2304 firm-year observations), the coefficient of LAWYER_CEO remains
positive and statistically significant, consistently indicating that the effect of CEO legal
expertise on credit risk is not confounded by any (or all) of the above firm character-
istics and alternative explanations.

In Model (5) of Table 9, we examine whether the legal training of CFOs affects the
effect of CEO legal expertise on a firm’s credit risk. It could be argued that CEOs make
strategic decisions while CFOs make the financing decisions and that the CFO’s legal
training should matter more than that of the CEO. On the other hand, Malmendier et al.
(2011) posit that, although CFOs design the financing decisions, the CEO has the final
say. Nevertheless, we manually collect CFOs’ educations and conduct further tests to

21 See, for example, Diamond and Verrecchia (1991), John et al. (2008), and Armstrong et al. (2012).
22 We thank Lalitha Naveen for making the co-opted board data available at https://sites.temple.edu/lnaveen/
data.
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ensure our results are not explained by CFOs’ legal education. The results of Model (5)
suggest that lawyer CEOs still significantly influence credit ratings, even after we
control for CFO legal training.

In Models (6) and (7) of Table 9, we consider alternative sampling methods.
Specifically, to rule out the possibility of the documented effect of CEO legal expertise
on credit risk being driven by the global financial crisis (2007–2009), we rerun our
baseline models after excluding this crisis and report the results in Model (6). Dimitrov
et al. (2015) investigate the impact of the Dodd-Frank Wall Street Reform and
Consumer Protection Act (Dodd-Frank) on corporate bond ratings by credit rating
agencies and document that, following the passage of the Dodd-Frank Act, the agencies
issued lower ratings and issued downgrades with less information. We therefore rerun
our baseline models after excluding the period after the implementation of the Dodd-
Frank Act to ensure the act cannot explain our documented effect. We report the results
for this test in Model (7).

Overall the results from the robustness tests in Table 9 suggest that the effect of CEO
legal expertise on corporate credit ratings is robust across various model specifications,
sampling methods, and alternative measures of default risk or alternative explanations.

6.3 Lawyer CEOs and audit pricing

Our analysis so far suggests that, when assessing a firm’s credit risk, debt market
participants consider CEO legal expertise, which helps CEOs facilitate corporate
transparency and risk management. In this section, we further examine whether other
firm stakeholders value CEO legal expertise. We focus on auditors for two reasons.
First, auditors are important participants in financial markets and are particularly
sensitive to the credibility of corporate financial misreporting. If CEO legal expertise
plays a role in enhancing corporate financial reporting quality and reducing information
asymmetry, it will likely affect audit risks and audit fees, in line with the findings of
Danielsen et al. (2007) and Engel et al. (2010). Second, the auditing literature suggests
that client business risk is among the primary risks assessed by auditors (Morgan and
Stocken 1998; Bell et al. 2001). Given that lawyer CEOs reduce corporate risk, auditors
could consider this in the pricing of their services.

We source audit fee data and other standard control variables from the Audit Analytics
database.Wemeasure audit fees, LN(AUDIT_FEE), as the logarithm of the audit fees (in US
dollars) the firm pays its auditors over the fiscal year. Follow the auditing literature (e.g.,
Simunic 1980; Gul and Goodwin 2010; Bentley et al. 2013; Chen et al. 2015), we include
control variables for firm characteristics and auditor characteristics, including firm size
(LNSIZE), leverage (LEVERAGE), firm profitability (ROA), the market-to-book ratio
(MTB), operating losses (LOSS), capital intensity (CAP_INTEN), interest coverage
(INT_COV), the logarithm of non-audit fees (LN_NONFEE), a dummy variable (YE) that
is equal to one if the firm’s fiscal year-end isDecember and zero otherwise, a dummyvariable
(BIG4) that takes the value of one if the firm is audited by one of the Big Four auditors and
zero otherwise, audit opinion (OPINION), auditor tenure (AUDITOR_TENURE), and
special items (SI). We account for differences in firms’ debt structure by including an
indicator variable, SUBORD, which equals one if the firm has subordinated debt and
zero otherwise (e.g., Kaplan andUrwitz 1979; Ashbaugh-Skaife et al. 2006).We also include
the number of analysts following a firm (LNANALYST) (Gotti et al. 2012). We further
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Table 10 Lawyer CEOs and audit fees

Dependent Variable: LN(AUDIT_FEE)

(1) (2)

LAWYER_CEO −0.0452** −0.0509**
(−2.04) (−2.25)

LNSIZE 0.5069*** 0.5073***

(61.32) (55.68)

LEVERAGE −0.0730 −0.0657
(−1.43) (−1.29)

ROA 0.4326*** 0.4509***

(2.91) (3.01)

LNMTB −0.0292** −0.0197
(−2.16) (−1.37)

LOSS 0.0643** 0.0613**

(2.50) (2.38)

SUBORD −0.0859*** −0.0788***
(−4.23) (−3.87)

CAP_INTEN −0.0691*** −0.0700***
(−2.83) (−2.85)

INT_COV −0.0016*** −0.0017***
(−6.17) (−6.29)

LN_NONFEE 0.1290*** 0.1286***

(22.04) (21.83)

YE 0.0886*** 0.0877***

(6.07) (5.97)

BIG4 0.1389*** 0.1465***

(3.21) (3.45)

OPINION 0.0519*** 0.0513***

(3.46) (3.42)

AUDITOR_TENURE −0.0094 −0.0109
(−1.14) (−1.31)

SI −0.0293* −0.0287*
(−1.85) (−1.81)

LNANALYST −0.1259*** −0.1252***
(−8.84) (−8.72)

ACCRUAL −0.0021 −0.0047
(−0.12) (−0.27)

EVOL 1.4607*** 1.4813***

(3.91) (3.96)

RETVOL −0.1463** −0.1155**
(−2.54) (−1.98)

STDCFO −0.6733** −0.6985***
(−2.50) (−2.58)
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include the standard deviation of earnings (EVOL), cash flows (STDCFO), and stock returns
(RETVOL) to control for profitability and operating risks (Billings et al. 2014; Chen et al.
2015; Correia et al. 2018).

Finally, we further control for other CEO characteristics and other management attributes
as in the baseline model (Table 2, Model (4)). We control for year fixed effects to control for
time-invariant factors that could be associated with audit pricing. To avoid industry-specific
effects from affecting variations in audit fees, we follow the audit pricing literature and control
for industry fixed effects (e.g., Simunic 1980; Chen et al. 2015). We also lag all independent
variables by one year, relative to the audit fee measures, to avoid potential reverse causality
issues. Table 10 presents the results for the association between lawyer CEOs and audit fees.

We find the coefficient estimates for the LAWYER_CEO variable are negative and
significant in both models in Table 10, suggesting that CEOs’ legal expertise reduces
audit prices. The magnitude of the effect of CEO legal expertise on audit pricing is
economically significant, with firms led by lawyer CEOs, on average, paying about 5%
lower fees than firms headed by nonlawyer CEOs. Taken together, the results in
Table 10 support our findings from Table 6 that the legal expertise of CEOs can
influence their firms’ credit rating assessments by reducing future outcome risk and
nurturing corporate information transparency.

7 Conclusion

We find that debt market participants incorporate reductions in future outcome risk and
enhancements in corporate information environment associated with executives’ legal
expertise into their assessments of a firm’s credit risk. Firms led by lawyer CEOs enjoy
higher credit ratings than peers. We further document that executives’ legal expertise
has implications for debt market investors and auditors. Firms led by lawyer CEOs, on
average, have about 10% (about 19 bps) lower costs of debt than firms headed by
nonlawyer CEOs. Auditors also value CEO legal expertise in the pricing of their
services.

Table 10 (continued)

Dependent Variable: LN(AUDIT_FEE)

(1) (2)

Control for CEO characteristics as in baseline No Yes

Industry and year effects Yes Yes

S.E. clustered by Firm × Year Firm × Year

Adjusted R-squared 0.776 0.777

Observations 6,120 6,120

This table presents the results of the regression of lawyer CEOs on audit pricing. The independent variable of
interest, LAWYER_CEO, is a dummy that equals one if the CEO has a legal education and zero otherwise. The
dependent variables of interest are audit fees, LN(AUDIT_FEE), measured as the logarithm of audit fees (in
US dollars) the firm pays its auditors over the fiscal year. Robust t-statistics based on standard errors clustered
by both firm and year dimensions are reported in parentheses. *, **, and *** denote significance at the 10%,
5%, and 1% levels, respectively. The variable definitions and data sources are presented in Appendix Table 11
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Appendix

Table 11 Variable definitions

Variables Descriptions Sources

Credit rating measures

RATING S&P’s Long-Term Domestic Issuer Credit Rating from
Compustat.

Compustat/ Capital IQ

EJ RATING Egan-Jones credit rating. Egan-Jones Ratings
Company

CDS SPREAD CDS spreads, measured based on the five-year CDS
spread, following Zhang et al. (2009).

Markit

CEO characteristics

LAWYER_CEO A dummy that equals one if the CEO has a law degree
(LLB, BCL, LLM, LLD, or JD) or a PhD in
jurisprudence and zero otherwise.

Marquis Who’s Who,
BoardEx

HIGH_ABILITY A dummy that equals one if the managerial ability score
proposed by Demerjian et al. (2012) is above the sam-
ple median and zero otherwise.

Demerjian et al. (2012)

LNDELTA Natural logarithm of one plus the dollar change in wealth
associated with a 1% change in the firm’s stock price.

Core and Guay (2002),
ExecuComp

LNVEGA Natural logarithm of one plus the dollar change in wealth
associated with a change of 0.01 in the standard
deviation of the firm’s returns.

Core and Guay (2002),
ExecuComp

MBA A dummy that equals one if the CEO has an MBA and
zero otherwise.

Marquis Who’s Who

PHD A dummy that equals one if the CEO has a PhD and zero
otherwise.

Marquis Who’s Who

IVY_EDUC A dummy that equals one if the CEO attended an Ivy
League institution and zero otherwise.

Marquis Who’s Who

FIN_EDUC A dummy that equals one if the CEO obtained an MBA or
a degree in accounting, finance, or economics and zero
otherwise.

Marquis Who’s Who

Firm characteristics

LNSIZE The logarithm of firm size measured by total assets. Compustat

LEVERAGE Leverage, measured as the ratio of total debt to book
assets.

Compustat

ROA Net income before extraordinary items, divided by total
assets.

Compustat

LOSS An indicator that takes the value of one if the net income
before extraordinary items is negative in the current and
prior fiscal year and zero otherwise.

Compustat

SUBORD An indicator that is equal to one if a firm has subordinated
debt and zero otherwise.

Compustat

CAP_INTEN Gross property, plant, and equipment, divided by total
assets.

Compustat

INT_COV Operating income before depreciation, divided by interest
expenses.

Compustat
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Table 11 (continued)

Variables Descriptions Sources

LNANALYST Natural logarithm of the number of analysts issuing an
annual forecast for a firm during the year.

I/B/E/S

ACCRUAL Accrual quality, measured as a three-year moving sum of
absolute discretionary accruals, where discretionary
accruals are estimated with the modified Jones (1991)
model, following Dechow et al. (1995).

Compustat, Hutton et al.
(2009)

LNMTB The natural logarithm of the ratio of the market
capitalization value over the book value of asset.

Compustat

STDCFO Standard deviation of operating cash flows scaled by total
assets from year t - 4 to year t.

Compustat

RETVOL Return volatility, measured by the annualized stock return
volatility based on the standard deviation of the daily
stock returns over a fiscal year.

CRSP, Compustat

Other variables

HIGHPAID_GC A dummy variable that takes the value of one if a firm has
corporate counsel among the top five highest-paid ex-
ecutives and zero otherwise.

ExecuComp

DTD Merton’s (1974) distance-to-default measure, as proposed
by Bharath and Shumway (2008).

Compustat, CRSP

BID-ASK SPREAD Corwin and Schultz’s (2012) bid-ask spread measure. Corwin and Schultz
(2012), CRSP

R&D An indicator equal to one if the firm’s R&D spending is
positive in a given year and zero otherwise.

Compustat

G-INDEX Corporate governance index of Gompers et al. (2003). Gompers et al. (2003)

HIGH_TRANS Dummy variable that equals one if a firm’s earnings
transparency measure of Barth et al. (2013) is above the
sample median and zero otherwise.

Barth et al. (2013)
CRSP, Compustat

ΔLT Measure of rollover risk, following Gopalan et al. (2014). Gopalan et al. (2014),
Compustat

CSR CSR rating, measured using six CSR categories, following
Cronqvist and Yu (2017).

MSCI/ KLD

Bond data

SPREAD (bps) Offering credit spread, measured as the offering yield to
maturity in excess of Treasuries of similar duration.

FISD

BOND_RATING Bond issuance-specific S&P rating. FISD

ISSUE The offering amount of the new bond, in millions. FISD

MATURITY The natural logarithm of the number of months until
maturity on the new bond.

FISD

SENIOR Indicator of whether the new bond-related debt is senior
for issuance.

FISD

ENHANCE Indicator of whether the new bond issuance has credit
enhancements.

FISD

Audit data

LN(AUDIT_FEE) Logarithm of audit fees (in US dollars) the firm pays its
auditors over the fiscal year.

Audit Analytics

LN_NONFEE Logarithm of non-audit fees. Audit Analytics

BIG4 Audit Analytics
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No investment grade BB+, BB, BB- 12, 11, 10

Speculative lower grade B+, B, B- 9, 8, 7
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